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A       
Understandinghowraceshapesthelivesofindividualsandtransformsinstitutionsis
centraltosocialscience. Yet,formanyscholars,raceiswidelyunderstoodasa xedand
monolithiccategorythatisresistanttomanipulation. Asaresult,makingcausalclaims
about“immutablecharacteristics”suchasraceorethnicityhasbeenstronglydiscouraged
bystatisticiansandexpertsofcausalinference. Incontrasttopreviousliterature,I
proposeadiﬀerentframeworkthat,insomecases,reconcilesraceandcausation. Usinga
labexperimentandobservationaldataabouttheurbanuprisingsofthe    s,Itest
whetherracializedandpoliticizedcuesfromasubordinategroup(inthiscase,blacks)can
changepsychological,behavioralanda itudinalmeasuresamongadominantgroup(in
thiscase,whites).
Lookingatmorethan   violentproteststhat aredupinblackneighborhoodsacross
theUnitedStates,Iexaminewhetherincreasedexposuretosignalsofblackunrestis
associatedwithdecreasedsupportfortheDemocraticparty. Inthe    ,    and    
presidentialelections,I ndastrongnegativerelationshipbetweenexposuretocivil
unrestandthecounty-levelDemocraticvoteshare. I ndasimilarnegativerelationship
betweenexposuretoviolentprotestsandDemocraticvoteshareincongressional
electionsbetween    and    . Finally,I ndthatincounterfactualscenariosoffewer
violentproteststheDemocraticpresidentialnominee,HubertHumphrey,wouldhave
beatentheRepublicannominee,RichardNixon,inthe    election.
Inthelabexperiment,Itesthowexposuretoimagesofpoliticizedandarmedwhite
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andblackmenchangespsychological,behavioralanda itudinalmeasuresamong
subjectsinthedominant(white)group. Methodologically,thisstudyinvestigatesthe
degreetowhichatleastsomeaspectsofracearebe eroperationalizedasvariable,
divisible,continuousandresponsivetomanipulation. Substantively,thisexperimentalso
a emptstoassessthedegreetowhichmediarepresentationsofviolenceandpolitics
mightincreasethesalienceofethnic/racialidentities,particularlyinadominantgroup.
Inthecontextofthe    surbanuprisings,sucharesultmighthelpexplainwhya
signi cantsubsetofwhitevotersswitchedawayfromtheDemocraticparty,thathad
becomeidenti edwithblackinterests,andtowardscandidatespromising“lawandorder.”
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xivNo causation without manipulation.
Holland(    )
1
ReconcilingRaceandCausation
 .  I           
Formanysocialscientists,makingcausalinquiriesabouttheroleofraceandethnicitylies
atthecoreofkeyresearchquestions. Domajority-minoritydistrictsmaximize
substantiverepresentation? Howdoesracialpriminginpoliticaladvertisingchange
votingbehavior? DidBarackObama’sracecausehimtolosevotesinthe    presidential
 election? Researchersfrom eldsasdisparateaslaboreconomics,raceandethnicpolitics,
andpublicpolicyhaveforyearsfocusedtheirexclusivea entiononthecausalroleofrace
orethnicity.  ishasbeenthecaseevenifthe“causal”claim(orlanguage)isnotexplicit.
Ontheotherhand,scholarsofcausalityhavelongwarnedagainstmakinganykindof
causalinferenceonthebasisofraceorethnicity(Holland,    ,    ;Winshipand
Morgan,    ). Why? Raceiscommonlyunderstoodasanimmutableorunchanging
characteristic. Forcenturies,societieshavecategorizedpeopleintodiﬀerentracialand
ethnicgroups,andaperson’sraceisgenerallythoughttoberesistanttomanipulation.
Withinthis xedconception,raceisde nedatbirth(ifnotearlier),largelydeterminedby
biologyandimpossibletoassignrandomly–thekeytoolforexperimentalcausal
inference. Furthermore,becausefactorslikeeducationandclassareintimatelylinkedto
thedistincthistoricalexperiencesofeachracialandethnicgroup,anya empttoisolatea
singlecausaleﬀectassociatedwithraceislikelytobedeeplyconfounded. Expertson
causalityhavethuswarnedthatmakingcausalinferencesaboutraceorrace-based
variablesisusuallyamisguidedenterprise.
Despitetheproscriptionagainstcausalinferencewithimmutablecharacteristics,over
thelasttwodecadesagrowingbodyofscholarship,acrossawiderangeofdisciplines,has
successfullymadecausalclaimsabouteﬀectsofrace. Howisthispossible? Weshowthat,
underspeci cconditions,itispossibletomakecausalclaimsabouteﬀectsofrace,
ethnicity,orotherseemingly xeda ributes. Inparticular,wearguethatthe“immutable
characteristics”frameworkistoonarrowinhowitde nesraceandinhowitde nesthe
relevantunitsofanalysis. First,wearguethatraceshouldbede nednotasan“immutable
characteristic”butratherasacompositevariablethatisbothdivisibleandhasmutable
 elements.¹  isconceptualshi opensupimportantmethodologicalpossibilities. When
understoodasacompositevariable,likesocio-economicstatus,mutableelementsofrace
canbedisaggregated,manipulatedandstudiedforcausaleﬀects.
Second,theprohibitiononcausalinferencewithregardto“immutablecharacteristics”
presupposesthattheeﬀectsofraceorethnicityonlyhappentotherelevantracialor
ethnicsubgroup. Bycontrast,inmanyscholarlystudiesofrace,particularlyracial
discrimination,therelevantunitofinterestiso enapersonorinstitution,suchasan
employer,thatneednotbepartofaspeci cracialsubgroup. Inshort,the“immutable
characteristics”frameworkignoresacriticalclassofsubjectsorunitsthatareessentialfor
estimatingeﬀectsofraceorethnicity. Incorporatingthisbroaderrangeofeﬀectsand
unitsfurtherexpandstheallowablescopeofcausalinferencewhenmeasuringeﬀectsof
raceandethnicity.
 inkingmore exiblyabouttheseconsiderationsopensupthepossibilityofmaking
causalclaimsaboutseeminglyimmutablecharacteristicslikeraceorgender. Tobeclear,
thisisitnottosaythatmakingthesekindsofcausalclaimsispossibleinallinstances;
whatwedemonstrateinthispaperthattherearesomelimitedareasinwhichmaking
causalclaimsaboutraceorethnicityispossible(andhasbeensuccessfulinthepast).
 eseinclude( )studiesthatmeasuretheeﬀectofexposinganindividualorinstitution
tosomeracialorethniccueand( )studiesthatdisaggregateraceintoconstituentpieces
anda empttomeasuretheeﬀectofsomemutableelementofracewithinasingleracial
group.  elatersectionsofthepaperdeveloptheseideasthroughtwoempirical
examples.  roughout,wedrawa entionthosesocialsciencestudiesthathavebeen
¹Althoughourfocusisonraceandethnicity,muchoftheframeworkwepresentalsoappliestogender,
sex,sexualorientationandotherseeminglyimmutablecharacteristics.
 successfulinmeetingtheserequirements. Insum,weprovideaframeworkformaking
causalclaimsaboutraceandethnicitythatuni esadiversebodyofpastresearchintotwo
coherentapproaches.
 isarticleproceedsasfollows. InSection . webrie yreviewhowracehasbeen
operationalizedinpriorscholarship. InSections . and . ,weexplainbrie ythe
potentialoutcomesframeworkandlayoutthekeyproblemsinvolvedwithmakingcausal
inferencesaboutraceorgender. Second,wedevelopthefactthatracebringswithit
diﬀerentwaysofthinkingaboutexperimentalunits,treatmentregimes,andthe
compositionofappropriatetreatedandcontrolpopulations. Tyingthesethreads
together,wethendevelopaframeworkthatuni esworkfromawiderangeofdisciplines
intotwotypesofstudies: ( )exposurestudiesand( )within-groupcomparisonstudies.
 roughout,weanalogizetoeﬀectiveexperimentaldesignsandpointtosuccessfulsocial
scienceresearch,intheprocessclarifyinghowrace-basedvariablescan andcannot 
beusedbyappliedresearchersinextractingcausalinferencesfromobservationalstudies.
 .  D       R   
Broadly,twotheoriesofracehavedominatedpriorscholarship.²  e rsttendstoview
raceinlargelybiologicaltermsandtocategorizepopulationsbyregionsofancestryand
² oughraceiso ende nedasabiologicalinheritanceandethnicityasaculturalinheritance,inthis
article we use the terms “race” and “race and ethnicity” interchangeably. We do this for several reasons.
First,manygroups,suchasU.S.Hispanics,insomecontextsarecategorizedasaracialgroupandinothers
as an ethnic group. Second, within political science, the term of choice o en varies by region and sub-
discipline. For example, the term “ethnic minorities” is used by many European social scientists to refer
to groups that would be considered racial minorities within the United States.  ird, as the  eld of epi-
genetics demonstrates, biological, environmental and cultural in uences interact in ways that can make
drawingcleanlinesbetweenraceandethnicitychallenging.
 phenotype.  oughthebiologicalconceptofracehasitsrootsintheworkofeighteenth
centurynaturalistsclassifyingisolatedpopulations,somecontemporarygeneticresearch
supportstheideathatpeoplewithsimilargeographicbackgroundsalsoshareclustersof
commongenesthatcorrespondroughlytomodernracialcategories(Blank,Dabadyand
Citro,    ;James,    ).  esecondapproachemphasizestheweakscienti cbasisfor
racialcategoriesandarguesthatraceisbestunderstoodasasocialconstruction(Appiah,
    ;OmiandWinant,    ;Zuckerman,    ). Incontrasttothebiologicalapproach,
thesocialconstructionapproachemphasizesthatdistinctionsbetweensocalledraces
andtheimportanceascribedtovariousgeneticorphenotypictraitsaretheproductsof
socialforces.  esesocialforcesincludeacomplicatedamalgamofcultural,historical,
geographicalandlegalin uences(Appiah,    ;López,    ;Loury,    ;Holland,
    ).
Howraceisde neddetermines,inlargepart,howitcanbeoperationalizedin
scholarlyresearch.  e“immutablecharacteristics”frameworkofraceandcausal
inferencebuildsonthebiologicalconceptionofraceandlogicallyarguesthatgeneticand
phenotypictraitsaregenerallynotamenabletomanipulation.  oughleadingscholarsof
causalinferencelikeHolland(    )recognizeraceasa“sociallydetermined
constructionwithcomplexbiologicalassociations,”themethodologicalimplicationsof
thisconceptionarenotdeveloped. Webuildourapproachonthesocialconstruction
frameworkandshowthatthisapproachcanbeexploitedtoallowmeaningfulcausal
inferenceaboutrace. Unlikegeneticandphenotypictraits,thesocialamalgamofracecan
bedisaggregatedintoconstituentelements,someofwhichcanbereasonably
manipulatedtoestimatecausaleﬀects.
  .  C     I           P        O       
AbriefoverviewoftheRubinpotentialoutcomesframeworkhelpscontextualizethe
followingdiscussion. ( eliteratureonthistopicisvoluminous e.g.,Rubin(    ),
Holland(    ),Angrist,ImbensandRubin(    ),Rubin(    ) andwea emptin
thisdiscussiononlyabare-bonesintroduction.) Atitscore,acausalinquiryinvolves
unpackingtheeﬀectofsometreatmentonsomeoutcome.³ Doesavaccinecausepeople
tolivelonger? Isaworkertrainingprogrameﬀectiveinhelpingpeoplegobacktowork?
Inallofthesecaseswesee( )aunitofanalysis,( )amanipulabletreatment,and( )a
speci coutcome.
 e“fundamental”problemofcausalinferenceis,however,thatwecanneverobserve
thediﬀerencebetweenthesetwopotentialoutcomesforanyindividualunit(Holland,
    ;Rubin,    ).  atis,onceweassumenoconvolutedtheoriesinvolvingtime
travel,asingleunitsimplycannotreceiveboththetreatmentandthecontrolatthesame
time.  isproblemextendstoallkindsofinquiries–forexample,whentestingdiﬀerent
medicines,orseeingtheeﬀectsofaworktrainingprogram–butitbecomesparticularly
vexingwhenitcomestoimmutablecharacteristics. A erall,apersoncannotexperience
theworldasbeingonlyblackandalsoasbeingonlywhite,orasbeingonlyNative
AmericanandasbeingonlyMaori,andtothinkotherwiseraisesstrangehypotheticals.
 isisanimportantpointtowhichwereturnthroughout.
Inlieuoftryingtoestimateanunobservabletruetreatmenteﬀect,thoseinterested
³We note that many interesting questions can be asked and answered with non-causal questions, and
muchofwhatwesayhere(particularlywithregardtodisaggregatingcomponentsofrace)appliesequally
tonon-causalresearchdesigns.
 makingcausalinferencesusuallyestimatesomeversionoftheaveragetreatmenteﬀect,
thatis,thediﬀerencebetweentheoutcomemeansintreatedandcontrolpopulations. An
obviousproblemis,however,thatdiﬀerencesintheoutcomevariablecouldbedueto
inherentdiﬀerencesbetweenthetreatedandcontrolpopulations,aproblemthatsome
refertoasselectionbias(AngristandPischke,    ). Forexample,weshouldnotbe
surprisedtoseethatworkerswhohavesignedupforaworkertrainingprogramaremore
successfulinge ingjobs–butwealsoshouldnotbesurprisedthattheyarealsomore
ambitiousandbe ereducatedthannon-trainedworkers,twoa ributesthatwouldalso
resultinmorefavorableemploymentdecisions.
 eproblemissolvedinsomecircumstancesbycomparingonlysimilarlysituated
treatedandcontrolunits. Togetatasatisfactoryestimateoftheaveragetreatmenteﬀect,
wewouldlikeourtreatmentandcontrolgroupstobesimilaracrossallbackground
variablesthatcouldaﬀectboththeprobabilityofreceivingtreatmentortheeventual
outcome. suchthatthattheonlydiﬀerencebetweenthetwogroupsisthatonereceived
thetreatmentandtheotherdidnot.  isisknownastheignorabilityassumption. Put
anotherway,thetreatmentassignmentmustbeindependentofthepotentialoutcomesin
orderforustoassumethatthetwogroupsaresimilarenoughtoextractcausalinferences.
Manyempiricaleﬀortsaregearedtowardsatisfyingtheignorabilityrequirement–that
is,tomakethetreatedandcontrolpopulationsassimilaraspossiblesothatthetreatment
regimecouldbeassumedtoberandom. Byfartheeasiestwaytosatisfytheignorability
requirementissimplytoassignthetreatmentrandomly–forexample,byconductinga
randomizedexperiment. (Wediscusssomesuccessfulexperimentaldesignsbelow;more
generaldiscussionsarefoundinHolland(    )andImai,KingandStuart(    ).)
 However,becauserandomizationisrarelyanoptionforpoliticalscientists(especially,as
wenote,forthosestudyingraceorethnicity),researchershaveturnedtomatchingor
controllingforobservedvariablestosatisfytheignorabilityassumptionthatthetreated
andcontrolgroupsareidenticalonbackgroundcovariates(DehejiaandWahba,    ;
Sekhon,    ). Wediscussthesetheutilityofthesetechniquesforraceandpolitics
scholars,below.
 .  H  P        O       B    D   W   R   
Giventhesekeybasicsofthepotentialoutcomesframework,wenowturntoexploring
whyraceandethnicitypresentsuchcausalbugaboos.  eexistingliteraturehas
identi edtwokeyproblems(GreinerandRubin,    ): ( )biologicalelementsofrace
areresistanttomanipulation(yieldingexperimentalanalogiesunidenti ed),and( )
becauseraceisgenerallyunderstoodtobe“assigned”atbirth(orconception),thehostof
characteristicsforwhichmostsocialscientistscontrol(e.g.,education,income,etc.)
occura erthetreatmentisassignedandthereforehavethepotentialtointroduce
post-treatmentbias. Inaddition,weintroduceathirdproblem: ( )buildingontheidea
thatraceshouldbeviewedasanamalgamofcharacteristicsora“bundleofsticks,”
researcherso enmisclassifywhattheracevariableactuallyrepresents,thusconfusingthe
natureofthe“treatment.”Weaddressthesethreeproblemsandtheirimplicationsfor
potentialoutcomesinturn.
P       : R   C       M          . Makingcausalinferencesusually
demandsaneatlyde ned,manipulabletreatmentvariable,onethatcanbeeasily
 documentedandmanipulatedbyresearchers.⁴ Holland(    ),forexample,famously
admonishes“Nocausationwithoutmanipulation”tobringa entiontotheideathatall
pertinentpotentialoutcomesmustbede nedinprincipleinordertomakecausal
estimatespossibleinpractice. Further,tode neallpotentialoutcomes,onemustbeable
toconceptualizeanexperimentalanalogythatwouldleadtothepossibleoutcomes. In
otherwords,asHollandputsit,“causesareonlythosethingsthatcould,inprinciple,be
treatmentsinexperiments.”
 isideaofamanipulativetreatmentisechoedbyotherslikeCook,Campbelland
Day(    ),whoarguethat“[c]ausationimpliesthatbyvaryingonefactorIcanmake
anothervary”;Pearl(    ),whodiscussesatlengththeimportanceofaninterventionin
estimatingcausaltreatments;andGelmanandHill(    ),whowarnthat“acausaleﬀect
needstobede nedwithrespecttoacause,oranintervention,onaparticularsetof
experimentalunits.”⁵
 ebiologicaldimensionsofraceandgenderare,however,resistanttomanipulation.
(ImbensandRubin(    )refertothemas“currentlyimmutablecharacteristics,”as
⁴ eliteratureonthispointisrootedasmuchinstatisticsasitisinphilosophyandpoliticalthought–
e.g.,Locke(    ),Hume(    ),andMill(    ). Morerecently,philosopherslookingatthetopichave
advancedtheideathatmanipulationisatthecoreofacausalinquiry,andtreatmentssuchasMenziesand
Price (    ) and Von Wright (    ) focus speci cally on human intervention or action. Others, such as
Hausman (    ), have critiqued this literature as pu ing too much emphasis on human agency, which
has the eﬀect of overlooking the natural or non-human manipulations and interventions that can occur.
Holland(    )providesaninformativeoverviewofthisliterature.
⁵Wemaythinkthattheexperiencesofmixed-racepeoplemaysolvethisproblem. A erall,peoplewho
aremixedraceroutinely“pass”asmembersofonegroupandthenalsoasmembersofanothergroup,anda
richandvariedliterature(scholarlyaswellaspopular)hasdevelopedaroundhowmultiracialpeopleself-
identify (Faulkner,     ; Schuyler,     ; Halsell,     ; Griﬃn,     ; Gates,     ; Kim and Lee,     ;
Hochschild and Weaver,     ). From a causal perspective, however, mixed race people represent those
forwhomathirdkindof“treatment”hasbeenadministered–amixedracetreatment.  us,althoughthe
experiencesofthesesortsofindividualsmaybeinformative–andillustratesthattheneatdisaggregationof
racesintocategoriesisnevereasy,apointwedevelopbelow–muchofthisdiscussionappliestomultiracial
individualsjustasitdoespeoplewhoself-identifyexclusivelyasblack,white,AsianAmerican,etc.
 futurescienti cinnovationsmaydramaticallyeasetheeﬀortrequiredtochangetocertain
biologicalaspectsofraceorgender.)Treatmentbyraceandgenderalsosuﬀerfromthe
problemthatitisdiﬃculttothinkaboutappropriatecounterfactuals. Wecanimagine
howsomeonelivestheirlifeasanAfricanAmerican;muchmorediﬃcultisimagining
whatexperimentonewoulddesigntomanipulatetheperson’srace(andonlytheperson’s
race)tocheckitseﬀectonsomeoutcome.  us,notonlyisrandomization,themost
elegantsolutiontothefundamentalproblemofcausalinference,beyondthereachof
manyscholarsfocusingontheeﬀectsofraceorethnicity,butitisdiﬃcultinmany
instancestoevenconceptualizewhatanidealexperimentwouldlooklike. (Wediscuss
exceptionsbelow.) Ultimately,asAngristandPischke(    )pointout,research
questionsforwhichtherearenoexperimentalanalogies(evenhypotheticalones,ina
worldwithunlimitedtime,researchbudgets,andmildlyomniscientpowers)are
fundamentallyunidenti edquestions.
Withinthecausalliterature,theimmutable(i.e.,resistanttomanipulation)natureof
raceandgenderhasledmanytociteraceandgenderasa ributesforwhichcausal
inferencesareimpermissible(e.g.,Holland(    );Rubin(    );GelmanandHill
(    )). AsnotedbyHolland(    ): “Forcausalinference,itiscriticalthateachunitbe
potentiallyexposabletoanyofthecauses. Asanexample,theschoolingastudent
receivescanbeacause,inoursense,ofthestudent’sperformanceonatest,whereasthe
student’sraceorgendercannot.”Amorespeci cadmonishmentonthetopicof
gender-basedcausalityisgivenbyRubin(    ):
[C]onsiderthecausaleﬀectofsex(male-female)onintelligence. Whatare
theactionstobeappliedtoeachexperimentalunitthatde nethe
treatments? Arewetogivehormoneshotsbeginningatbirthandsurgically
  performa“sex-change”operation,oratconception“change”
Y-chromosomesandX-chromosomes? Evenifan“at-conceptionX-for-Y
chromosomechange”becomespossible,presumablytherewillbeseveral
techniquesdevelopedforeﬀectingthechangewithpotentiallydiﬀerent
causaleﬀects. Withouttreatmentde nitionsthatspecifyactionstobe
performedonexperimentalunits,wecannotunambiguouslydiscusscausal
eﬀectsoftreatments.
P       : W   R   ,E           P   -T        . Asecondproblemwith
conceptualizingwell-de nedpotentialoutcomesisthataperson’sraceis“assigned”bya
combinationofsocialandbiologicalprocessesatconceptionorbirth.  us,thehostof
backgroundcovariatesthatsocialscientistsusuallycontrolforormatchon(e.g.,
education,income,age)aredetermineda er aperson’sraceisassigned.
Takingintoaccountthingsthathappena erthetreatmenthappensorisadministered
hasthepotentialofintroducingpost-treatmentbias,apervasiveproblemwithin
observationalsocialscienceresearch(King,KeohaneandVerba,    ;Rosenbaum,
    ). Touseacommonexample,supposethatweareinterestedinthecausaleﬀectof
smokingondeath,andhaveapopulationofrandomlyassignedsmokersandrandomly
assignednon-smokers. Shouldwecontrolforlungcancerinthe nalanalysis? Probably
not: lungcancerisnotonlyhighlypredictiveofdeath,butitisalsoadirectconsequence
ofsmoking–probablythekeyconsequence. Ifwecontrolledforlungcancer,theeﬀectof
smokingondeathwouldessentiallybenill,biaseddownwardbythefactthatwehave
controlledforitsprimaryconsequence. Raceisobviouslydiﬀerentfromsmoking,butthe
post-treatmentissueapplieswithequalorgreaterforce: raceaﬀectsdeeplyhowaperson
israisedandeducated,whatkindsofemploymentopportunities(andhenceemployment
experiences)heorshewillhave,andwhatkindofculturalandsociala itudesheorshe
  willbringtothetable. Includinganyofthesea ributeswouldthereforeaﬀectour
estimatesofthecausaleﬀectof“race.”
Althoughperhapsunsatisfactorytomanyappliedresearchers,themostappropriate
initialapproachistodropanypost-treatmentvariablesfromananalysis(King,    ;
King,KeohaneandVerba,    ;KingandZeng,    ;GelmanandHill,    ). Inthis
context,anyfactor,a ribute,personalitytrait,orpersonalorprofessionalexperiencethat
couldpotentiallybeaconsequenceofraceshouldbedropped–apracticethatwould
eliminatemostofthevariablesincludedasstandardcontrolsbysocialscientists. For
example,ifwewerestudyingtheeﬀectofraceonemployment,wewouldnotcontrolfor
anythingdirectlyimpactedbythesubject’srace,e.g.,age,educationlevel,income,felon
status,zipcode,healthstatus,etc.  eright-handsideofaregressionwouldsimply
includeraceand,possibly,sex.⁶ Wenotethatthisstrategyimpliesthattheresearcheris
interestedinthetotaleﬀectofrace(VanderWeeleandHernán,    )–whichmightnot
besatisfyingtobothresearchers(andreviewersunfamiliarwiththecausalliterature).
However,theremaybeinstanceswherethisisnotthecase,andtheresearcheris
interestedintheeﬀectsofconstituentcomponentsofrace;wediscussthisbelow.  is
kindofresearchdesignstillalsofailstoaddressthecritiqueabovethatexperimental
analogiesareunde ned.
Evenasidefromthepost-treatmentissue,wenotetwofurtherproblemswith
controllingforrace-relatedcovariates: ( )commonsupportproblemsand( )problems
⁶Sex, which is also assigned at birth, is one of the few standard control variables that could be con-
strued as being pre-treatment or, at the very least, assigned concurrently with the treatment. Evidence
suggests, however, that sex ratios can vary by latitude, religion, ethnicity and other factors collinear with
race (Gu entag and Secord,     ; Navara,     ). Other possibly pre-treatment factors (e.g., genotype)
arediscussedinVanderWeeleandHernán(    ).
  withmulticollinearity.  ecommonsupportproblemariseswhenresearchersinclude
a ributesthatvaryaccordingtorace(e.g.,welfarestatus,participationinprogramslike
HeadStart,diseasessuchassicklecellanemiaorTaySachs). Becausethesetraitsvary
almostexactlyaccordingtorace,itbecomesdiﬃcultto ndnon-minority(orminority)
counterpartswithwhichtocomparethepopulationofinterest. (Forexample,itwouldbe
hardto ndasizablegroupofwhiteswhohavesicklecellanemia( omasandZarda,
    ).) Collinearitybecomesaproblemwhenvariablesoreﬀectsvarysocloselywith
racesoastoresultin(themostextremecase)unconvergedcalculationsofpoint
estimates.  elackofvarianceinthebackgroundvariablesmayalsoresultinsmall
changeshavingalargeimpactonthecoeﬃcientestimates–thus,standarderrorsmaybe
largeandleadresearcherstoassumenotreatmenteﬀectswhentreatmenteﬀectsdoin
factexist.
P       : R     A        M    -F      T        .  epriortwo
methodologicalproblemsassociatedwithracearewell-knownandwell-citedinthe
causalinferenceliterature. Wenowintroduceathirdproblem,whichisthefactthatrace
israrelyasingle,easilyde nedmeasure(ortreatment). Tothecontrary,theworkofrace
andethnicpolitics,sociologists,anthropologists,andcriticaltheorists(e.g.,Appiah
(    );López(    ))hasemphasizedrepeatedlythatraceisacomplicatedamalgamof
thingslikeskincolor,culturaltraits,physicala ributes,regionofancestry,andeducation
–manyofwhichvaryacrossmembersofasinglegroup. Inotherwords,raceisa
compositeofmanycomponentpieces;metaphorically,itisa“bundleofsticks”
(Figure . . ). Researcherscouldneverassignthefullbundleoffactorsthatconstitutea
racialidentitytosomesubjectswhileassigningotherstoacontrol;neithercouldthey
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Figure 1.4.1: Some Characteristics Associated with Race or Ethnicity
safelyassumethatsomeoneidentifyingwithoneracialgroupuniformlysharesall
componentsofthatracialcategorization. Itwould,forexample,bestrangetoassumethat
aMexicanAmericanfromLosAngelessharesallcomponenta ributesofbeing“Latino,”
orsharesthemtoanequalextent,asaPuertoRicanAmericanfromtheBronx.
Despitethevariable,multi-facetedaspectofrace,mostquantitativesocialscience
nonethelessrepresentsraceviaasingleindicatordummyvariables(“ ”ifwhite,“ ”if
black),categoricalvariables(“ ”ifwhite,“ ”ifblack,“ ”ifLatino,etc.) orpercentages
(e.g. percentofamajority-minoritydistrictthatisblack).  eproblemofusingsuch
monolithicmeasuresofraceistwofold. First,anystatisticalassociationwilltypicallyoﬀer
li leornoinsightastowhichelementofraceisthekeymechanismofaction–beitskin
color,education,ethnicslang,discrepanciesinhealthmeasures,class,etc. Second,a
  simpledummyinnowaycapturesthefactthatthetreatment(“race”)canvaryinits
componentsquiteradicallyfromobservationtoobservation–forexample,our
comparisonbetweenMexicanAmericansversusPuertoRicanAmericans.  is
representspossibleongoingviolationsofthestableunittreatmentassumption(SUTVA),
andcallsintoquestionwhetheranaccurateestimateofarace-basedtreatmenteﬀectis
actuallypossible. Quitesimply,forcingsomethingascomplicatedasraceintosimpli ed
categoricalvariablespotentiallyintroducesseriousmeasurementerror.
 .  R       D      : T          E         R   
Althoughtheproblemscitedbythecausalinferenceliteraturecanneverbefullysolved,
theymightinsomeinstancesbecircumventedwiththecorrectresearchdesign. We rst
consideratypeofresearchdesignthatwecall“exposuretorace”orexposurestudies.
 esestudiesexaminehowsubjectsrespondwhenexposedtosomesortofracialsignal
orcueand,assuch,mightbemorepreciselycalled“exposuretoaracialsignal”or
“exposuretoaracialcue”studies. ( esesortsofresearchdesignshavebeendescribedby
GreinerandRubin(    )asthosethatlookattheeﬀectsof“perceivedrace”andby
VanderWeeleandHernán(    )asthosethatlookatdiscrimination.) Amongthe
studiesincludedinthisgroupwouldbethosethatlookathowvotersrespondwhen
presentedwithadvertisementsshowingblackversuswhitecandidates,orthosethat
examinewhetheremployersaremoreorlesslikelytointerviewjobapplicantswith
traditionallyAfricanAmericannames.
Inthesesortsofresearchdesigns,( )thetreatmentofinterestistheexposuretoa
racialcueand( )theunitofanalysisistheindividualorinstitutionbeingexposed;both
  alleviatetheproblemsofraceandcausality. Usingasimpleemploymentexample,
supposeweareinterestedinracialdiscriminationagainstblackjobcandidatesintoday’s
jobmarket. Wecaneasilythinkofanidealexperiment,whichwouldtaketwoapplicants,
onewhiteandoneblack,andconstructajobpro lethatisexactlythesameforeach
applicant–exceptforsomesignalorcue(suchasanameorpicture)thatoneapplicantis
blackandoneiswhite. (BertrandandMullainathan(    ),forexample,reliedon
distinctivelyAfrican-Americannamestosendasignalabouttheapplicant’srace.)  e
researcherwouldthensendthesejobapplicationstoemployersandchecktheeventual
hiringdecisions. Adiﬀerencewouldsuggestthatsimilarlysituatedblacksandwhitesare
beingtreateddiﬀerently,whilenodiﬀerencewouldsuggestnodiscrimination. Again,key
tothiskindofstudyisthattheunitofanalysisisactuallytheprospectiveemployer(not
theprospectiveemployee),andthetreatmentisthekindofnamea achedtothejob
application.  us,theresearchdesignbeginswithwell-de nedpotentialoutcomes,is
operationalizedviaacleanexperiment(oracleanexperimentalanalogy),andhasa
precisemomentoftreatment.  ecausalimpactofraceandethnicityisidenti ed,
alleviatingtheproblemscitedabove.
E           E       S      .  esekindsofauditorcorrespondencestudies
havebeenusedexperimentallytomeasureraceandgenderdiscriminationinawide
varietyof elds,⁷includinglaboreconomics,(BertrandandMullainathan,    ),
⁷Pager (    ) provides a good overview of the literature, critiques, and methods. Although the exact
methodology may vary, audit studies usually involve confederates or actors hired by researchers who are
then randomly sent out to the  eld – for example, to diﬀerent employers or to diﬀerent lending agents.
Partly in responseto critiquesaboutpotential biasintroducedby the confederates(Heckmanand Siegel-
man,     ; Heckman,     ), correspondence studies were developed in which matched human appli-
cantswerereplacedwithmatchedpairsof“paper”applicants. BertrandandMullainathan(    ),asnoted
above,randomlyassignedtraditionallywhiteandblacknamestootherwisesimilarresumestoassesshow
  sociology(BoboandJohnson,    ),psychology(Cosmides,ToobyandKuzban,    ;
Bokeretal.,N.d.;Steele,    ;Greenwald,McGheeandSchwartz,    ). Within
politicalscience,arobustpublicopinionliterature(MillerandKrosnick,    ;Huber
andLapinski,    ;Valentino,HutchingsandWhite,    ;Mendelberg,    ;
SnidermanandPiazza,    ;White,    )hasexploitedsomevariantoftheexposure
researchdesigntoestimaterace-basedcausaleﬀects. SnidermanandPiazza(    ),for
example,leveragequestionorderto ndthatthe“meremention”ofaﬃrmativeactionto
whitesurveyrespondentsprovokesmorenegativefeelingstowardsblacks. Mendelberg
(    )createssimulatedtelevisionnewsexperimentstoassesshowracialcuesmight
primeraciala itudesamongwhitevoters. Withintheparticipationliterature,Butlerand
Broockman(    )usedistinctivelyblackandwhitenamestocra putative“constituent”
emailstostatelegislators;emailsfromwhite“constituents”weremorelikelytobe
answeredbywhiterepresentatives. Withinpsychology,Kurzban,ToobyandCosmides
(    )exposesubjectstophotosandtexttosimulateacross-raceconversationand
Steele(    )identi eshowinternalizedracialstereotypesaﬀectwomenandracial
minoritiesbyexposingthemtoracialandgendercuesimmediatelypriortoa
mathematicsexam. Kurzban,ToobyandCosmidesandSteelealsodemonstratehowthe
exposuremodelcanaddressquestionsotherthanconcernsaboutadiscriminatory
“decisionmaker”(tousetheterminologyofGreinerandRubin(    )).
Tostepbackamoment,althoughallofthesestudiesexploitdiﬀerenttechniques–
suchsignalsabouttheraceoftheapplicantaﬀectedhiringdecisions. Morerecently,Adida,LaitinandVal-
fort (    ) used a similar technique to measure employment discrimination against Muslims in France.
 ough scholars have viewed audit and correspondence studies as related, we note that all studies em-
ploying exposure to a racial cue should be viewed as related and part of a common literature on race and
causation.
  fromsimulatedavatarstoscenariosinsurveys–thegeneralapproachisthesame:
randomlypresentasubjectwithinformationthatdiﬀersonlywithrespecttosignalsor
cuesaboutrace.  oughexposuretoraceisausefulshorthand,itisimportanttonote
thatthetreatmentisneverraceinfull(i.e.,thewhole“bundleofsticks”)butratheronly
anelementofracesuchasnameorphysicalappearance.⁸ Researchdesignsofthe
exposuretypethushave( )arandomlyassignedtreatment,whichistheracialsignalor
cue,and( )aunitofanalysis,whichisthesubjectbeingexposedtotheracialcue. And,
asaresult,wehave( )wellde nedpotentialoutcomesand( )aprecise,wellde ned
momentofthetreatmentisassigned. Accordingly,thecausalroleofraceisappropriately
identi ed,providedthoughthasbeengiventothespeci cexperimentaldesign.
O            E       S      . Itispossibletoimportthisresearchdesigntoa
widevarietyofobservationalcontextsinvolvinghowthirdpartiesreacttooncetheyare
exposedtoracialsignalsandcues. Inthissense,wecoulduseobservationaldatato
understandhowmortgagelendersreacttoAsianAmericanversuswhiteborrowers(Sen,
    ),howjuriesreacttoHispanicversusnon-Hispanicdeathpenaltydefendants
(GreinerandRubin,    ),howvotersrespondtopoliticaladsfeaturingblackversus
whiteactors,howuniversitiesrespondtominorityversusnon-minorityapplicants,and
howtheU.S.governmentreactstoproposalssubmi edbyminority-ownedbusinessin
decidingtoawardcontracts. Inalloftheseinstances,theinterestliesinunderstanding
howexposuretoracechangesorinformsothers’opinions,behaviors,ora itudes–afact
thatmakesthiskindofresearchdesignidealfortestingimplicitbiasorracial
⁸ eexposurestudyapproachcouldalsobeusedtomanipulatecuesaboutcharacteristicsbeyondrace
andethnicity.
  discrimination(GreinerandRubin,    ;VanderWeeleandHernán,    ).⁹
Withobservationaldata,researchersmustbeawareoftwoa endantissues. First,using
observationaldatameansthatresearcherslacktheabilitytomanipulatetheracialcues
andsignalsreceivedbythesubject. Itisthereforenecessarytoincludethosebackground
variablesintheanalysissuchthattheonlyfunctionaldiﬀerencebetweenthetreatedand
controlgroupsisthatonegroupisexposedtominority,orotherracialcuesandthatthe
otherisexposedtonon-minorityracialcues. Second,andperhapsmorehelpfully,the
exposureresearchdesigngreatlylessensproblemsofpost-treatmentbias(Greinerand
Rubin,    ). Toillustrate,supposeweareinterestedinwhetherauniversityaccepts
minorityversusnon-minorityapplicantsatdiﬀerentrates–perhapsduetoaﬃrmative
actionbut,perhapsalso,duetoinvidiousdiscrimination.  eidealexperimenthere
wouldbetomimicanauditstudyandcreateidenticalapplicantswhosepro lesdiﬀer
onlywithregardtotheirrace.  e“treatment”wouldbeadministeredtotheadmissions
oﬃceratthetimeheorshereviewstheapplicationpacket. Anythingthathappensbefore
issolidlypre-treatmentandmustbeconditionedon;anythingthathappensa er(e.g.,
decisionsabout nancialaid,workstudyopportunities)wouldbepost-treatmentand
shouldbedroppedfromthestatisticalmodel(GreinerandRubin,    ).
 isdiscussioncanbeboileddowntoonekeyidea: whenpossible,conceptualizingan
⁹Greiner and Rubin (    ) refer to this type of observational research as teasing apart the eﬀects of
“perceived” race (as opposed to actual race). We use diﬀerent terminology and draw diﬀerent analogies,
but the research design we suggest here is comparable. Nonetheless, we move away from the “perceived
race” language for two reasons. First, we think the best way to think about the “treatment” in these kinds
of studies is not as perception but, instead as a signal about race. A er all, in an experimental context,
theresearchercanmanipulatethesignaltowhichthesubjectisexposedbutnotwhatthesubjectactually
perceives. Second, perceived race is rarely observed: what a subject perceives occurs within the con nes
of a mind and is opaque to researchers. As such, focusing on exposure to race rather than perception of
raceispreferable.
  experimentorobservationalstudyasanexposurestudygreatlyreducesboththe
theoreticalandpracticalproblemsassociatedwithmakingrace-basedcausalinferences.
 us,appliedresearchersshouldthinkcarefullyaboutwhetheranexposurestudycould
provideawell-suitedanalogyfortheirresearchquestionsandhypotheses. Wealsonote
thatthisisaresearchdesignthatisparticularlyapropostoquestionsinvolvingracial
discrimination,disparatetreatment,andpriming.
 .  R       D      : E        R   D      
Exposurestudiesoﬀerausefulframeworkwhenindividualsorinstitutionshavebeen
presentedwithsomesignalaboutrace–i.e.,weareinterestedindiscrimination,bias,or
disparatetreatment. However,manyresearchquestionsdonotinvolveanexternalactor
exposedtoaracialcue: WhydoAfricanAmericanssuﬀerfromincreasedratesofheart
disease? Whyarecertainethnicgroupsoverrepresentedinrebelmilitias? Whatexplains
theeducational“achievementgap”betweenblacksandwhites? Inthesestudies,thereis
generallynotreatmentbyexposureandno“decisionmaker.”(VanderWeeleandHernán
(    )refertothesestudiesasthosefocusingon“discrepancies.”)Forscholarsworking
onthesesortsoftopics,theprimaryresearchinterest–andtheappropriateunitsof
analysis–liesinaparticularracialorethnicpopulationitself. Andthesestudiesare
particularlyproblematicintermsofhavingill-de nedpotentialoutcomesandalsohaving
post-treatmentbiasproblems.
Forthesesortsofquestions,wesuggestadiﬀerentresearchdesign,onethatexploits
variationwithinaracialgrouptoextractcausalinferences. Wecallthese“elementofrace”
or“within-group”designs.  iskindofresearchdesigndisaggregatesthe“bundleof
  sticks”discussedaboveandsinglesoutaspeci celementofracethatcanbemanipulated
inanexperiment(orobservedtovary)withinaracialgroup. Byidentifyingamutable
elementofrace,itispossibletoidentifywell-de nedpotentialoutcomesandtoassuage
potentialpost-treatmentbiasproblems.  ebundleofsticksthusbecomesablessing
insteadofacurse.
Forexample,supposeweareinterestedinunderstandingdisparateeducational
outcomesforblackversuswhiteinner-cityyoungsters. Anaiveanalysiswouldbeto
regresseducationaloutcomesonrace(possiblyothercontrolvariables),takingthegroup
ofAfricanAmericansasthe“treated”groupandwhitesasthe“control.”Forallthereasons
citedabove,however,acausalestimatebasedonthisresearchdesignwouldbe( )
fundamentallyunidenti edand( )biasedbyanyinclusionofpost-treatmentvariables.
Abe erresearchdesignwouldbeonethattakesasitsstartingpointthefactthattherace
variablecapturesavarietyoffactors,and,ratherthanconceiveofblackyoungstersasa
treatedgroupandwhiteyoungstersasthecontrol,identi esatraithighlycollinearwith
racethatisintheorymanipulable. Oneexampleofsuchatraitmightbeneighborhood.
Withthisinmind,wecanre-castthestudyasawithin-groupanalysiswherewecompare
blackyoungsterswithmothersinoneneighborhoodtothoseblackyoungstersina
diﬀerentneighborhood(foranexampleofthisveryapproach,seetheMovingto
OpportunityexperimentsbyKatz,KlingandLiebman(    )). Wecouldincludewhite
children,butthecross-racecomparisonswouldonlybeusefulfordescriptivepurposes,
notformeaningfulcausalinference.  eendresultwouldbeanidenti edcausaleﬀect
thatnotonlygivesusvaluableinsightintotheotherdescriptive ndingsbutalsonarrows
downthecausalmechanismthatexplainsdisparate,race-basededucationaloutcomes.
  Wenoteseveraldistinctadvantagestothisresearchdesignovermorenaivecross-race
regressionapproaches. First,limitingtheunitofanalysistoasingleracialgroupand
reconceptualizingthetreatmentasbeingsomethingthatvariesclosely,butperhapsnot
exclusively,withraceallowsforexperimentalmanipulation(intheoryorpractice),thus
avoidingthecritiquethatnowell-de nedpotentialoutcomesexist. Second,becausethe
alternatetreatmentmaybe“assigned”post-birth,italsoallowsfortheinclusionofall
pre-treatmentvariables(confounders),includingtraitslikemother’seducation,health,
nutrition,andearlyeducationalopportunities. Tosomeextent,weareadvocating
treatingsimplebiologicalrace(asthisiswhattheracevariablenowbecomes)asa
confoundingvariablethatmustbecontrolledfororconditionedon.¹⁰  ird,withenough
data,conditioningonracebeforemovingtoacausalanalysisresolvesthecommon
supportproblem;itmightbediﬃcultto ndwhitematcheslivinginsimilarareasasblack
children,butfocusingonwithin-racevariationwillo enresolvethisproblem.
Lastly,whileitwouldbeimpossibletomeaningfullyassignallofthecomponentsof
raceasatreatment,disaggregatingraceallowsfortheinvestigationofaneﬀectofasingle
“stick”orelementofrace–amuchmoretractableenterprise. Forexample,arandomized
medicaltrialthatincorporatedmorethanonetreatment,suchasmultiplechangesina
diet,wouldbeunabletodistinguishwhichelementsofthedietaryinterventionwere
therapeutic. Onlybyisolatingasinglechange,forexampleswappingregularsodafordiet
soda,canameaningfuleﬀectbeisolated. Similarly,approachingraceandethnicity
¹⁰Here,theapproachwearesuggestingmayinsomeinstancesbesimilartoaneﬀectsmodi cationap-
proach. Eﬀectsmodi cationwouldbeappropriateininstanceswherethetreatmenteﬀectvariesaccording
tosomediﬀerentstrataorsubgroup(i.e.,thereareheterogenoustreatmenteﬀectsthatvarysystematically
by subgroup). Because the impact of the alternate, non-race treatment may vary according to subgroup,
comparingtheresultsbetweengroupsmayalsobeuseful.
  throughthelensofthe“bundleofsticks”solvesoneofthemostpersistentproblems
associatedwithstudyingraceorethnicity: thediﬃcultyofknowingwhatexactlyisbeing
estimated. Becausecausal(orevenmostdescriptive)estimandsaren’tactuallyracebut
variousconceptslinkedtorace,ourapproachallowsresearcherstoclarifywithmore
precisionwhatisbeingestimatedandhowthatquantityislinkedtorace.
L            R    K      E         R   . Whichcomponentsofrace
wouldmakeforsuitabletreatments?  islargelydependsonboththeresearchquestion
andtheresearcher’spreliminaryhypotheses;ouradviceisthatmoremanipulable
componentsofracearethemosttractable,theoreticallyandpractically. Consider
Figure . . ,whichpresentsahypotheticalcontinuumoffeaturesthatarestrongly
associatedwithracebutthatexhibitvaryingdegreesofmutability. Facialfeatures–such
astheshapeofone’seyesorthecontoursofone’snose–arefairlyimmutable,possibly
changedthroughplasticsurgerybutcertainlynotsomethingresearcherscould
manipulateeasily. ( eboominethnic-orientedplasticsurgerymightpresentsome
interesting,iffar- ung,experimentalpossibilities–Dolnick(    );Survey(    ).)
 esesortsoftraitsarelessusefulforresearchers,astheypresentthesameconundrums
asimmutablecharacteristicsdo.
Abe erapproachwouldbetopursueatreatmentthatisatoncemoremutableand
morelikelytobesocialconstructs–e.g.,nameorneighborhood. Alargeliteraturein
genderstudiesdistinguishesbetween“sex”and“gender”where“sex”isde nedas
biologicalandanatomicalwhile“gender”isde nedastheproductofpsychological,
socialandculturalforces(see,forexample,WestandZimmerman(    );Deaux
(    )). Similarly,wesuggestscholarsa empttodistinguishbetweenwhatmightbe
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Figure 1.6.1: Mutability of Characteristics Associated with Race and Ethnicity
called“biologicalrace”and“socialrace”(withtheunderstandingthatsuchcategoriescan
neverbecleanlydelineated)andfocusonresearchdesignsthattargetsocialand
environmentalaspectsofrace. Names,forexample,arenotonlyquitemutablebut
provideastrongsignalaboutracialorethnicbackground(Changetal.,    ;
Washington,    ). Onecouldimagineanexperimentinwhichnewparentsofthesame
raceandsocioeconomicbackgroundwererandomlyassignedtopickababynamefrom
oneoftwolists. Onelistwouldincludenamesthatarenotstronglyidenti edwiththe
relevantracialorethnicgroupandtheotherlistwouldincludenamesthatdoexhibitsuch
anassociation.  iskindofstudycouldthenassesstheshort-andlong-runeﬀectsofa
raciallyorethnicallyspeci cnameonoutcomeslikeeducationoremployment.  ekey
pointisthatnotallofthe“sticks”areinherentlyimmutable;neitheristhewhole“bundle”
automaticallyassignedatbirth. Forappliedresearchers,perhapsthebeststrategyisto
conductavarietyofwithin-groupanalysesmanipulatingvariousoftheseelementsto
morepreciselyisolateacausalmechanism.
S      M             E        R   . Asmallnumberofexperimental
studieshavebegunusingthiskindofelementsofraceapproach. Forexample,one
elementofrace(i.e.,oneofthesticksinthebundle)isself-worthandself-assessment,
whichinturnareamenabletoexperimentalmanipulation. WaltonandCohen(    ),for
example,randomlyassignedcollegefreshmanamessagethatallcollegestudentsstruggle
  to tininitiallybutcanultimatelysucceed. Comparedtotheblackcontrolstudents,the
blacktreatedstudentsexhibitedsustainedacademicimprovementsovertheircollege
careersandlaterreportedbeinghappierandhealthierthantheblackcontrols. Treated
whites,ontheotherhand,exhibitednosigni cantdiﬀerencefromcontrolwhites.
Intheobservationalcontext,somestudieshavesuccessfullyleveragedadditional
componentsofraceinordertoextractsurprisinginferences. Cutler,FryerandGlaeser
(    ),forexample,explorewhyAfricanAmericanssuﬀerfromhigherratesof
hypertensioncomparedtowhites. Bymorecloselyexaminingblacksubpopulations,they
demonstratethatblackswhoseenslavedancestorssurvivedthe“MiddlePassage”across
theAtlanticexhibithigherratesofsaltsensitivitycomparedwithblackswhoseancestors
werenotenslaved(i.e.,morerecentAfricanimmigrantstotheUnitedStatesorthe
UnitedKingdom). Apossiblemechanismisthatsaltretention–aprecursorto
hypertension–enabledenslavedAfricantosurvivethedeadlythree-monthseavoyage
thatconstitutedtheMiddlePassage.  us,theappropriatetreatmentinthisstudywas
notraceperse;itwastreatmentbytheMiddlePassage,a ndingonlymadeclearwith
within-groupcomparisons.
AnotherexampleisprovidedbyNisbe andCohen(    ),whichexploreswhywhite
AmericanmenintheSouthexhibithigherratesofviolencethanwhitemenintheNorth.
Nisbe andCohenidentifyandexperimentallytestculturaldiﬀerencestheyhypothesize
areborneofvaryingimmigrationpa erns. Whereamoreconventionalresearchdesign
mighthavecomparedratesofviolencebetweenwhiteandblackmen,Nisbe andCohen
a empttodisentangletheeﬀectsofraceandnormsbyexploitingculturalvariation
betweenNorthernandSouthernwhitemen.  estandardcross-raceapproachtakesthe
  appropriateunitsofanalysistobethepersonorperson(s)ofcolorandhisorherwhite
(ornon-minority)counterpart.¹¹  oughcross-racecomparisonsarewidelyusedin
 eldssuchashealthandeducation,duetopost-treatmentbiasandimmutability,such
comparisonsareproblematicwhena emptingtoprovideanythingmorethana
descriptiveanalysis. Incontrasttoexposurestudiesthata empttomeasurea
contemporaryeﬀectofraceasasignal,studiesexploitingwithin-groupvariationareo en
a emptingtoidentifysometraitorqualityassignedtomembersofapopulationatan
earlierhistoricalperiod.
 .  E        E      : E            A          G  
WeillustratesomeoftheseconceptsviaanempiricalexampletakenfromFryerJrand
Levi (    ),whichexploresthedeterminantsofeducationaloutcomesforwhiteversus
blackchildren. Mostliteratureinthis eldhasfoundthatblackchildrenconsistentlyand
stronglyunderperformoneducationaltests,despiteresearcherscontrollingforavariety
ofsocioeconomicfactorsthatcouldpotentiallyaﬀecteducationaloutcomes.  ishasle 
policymakersandscholarspuzzledastohowandwhythegapbetweenwhiteandblack
childrendevelopsaswellashowitcouldbelessened. Insharpcontrasttotheprevious
literature,however,FryerJrandLevi foundthatthetestscoredisparitybetweenwhite
andblackkindergartenersalmostentirelydisappearsa eraccountingforthreefactors:
( )participationbystudents’familiesinWomen,Infants,andChildrenwelfareprograms
¹¹Of course, this is not the approach taken by all applied researchers. Some researchers, particularly
in race and ethnic politics or in urban politics look at diﬀerent measures – for example, the percent of a
censustractthatisminority. However,lookingatminorityversusnon-minoritypopulationsdoesseemto
bethegeneraldefaultapproach.
  (WIC),( )whetherthemotherwasateenagerattimeofthechild’sbirth(ormore
generally,mother’sage),and( )anamalgammeasureofsocioeconomicfactors.  us,
FryerJrandLevi concludethatsocioeconomicforcesareatplay,andthattheyplausibly
exacerbateovertime,therebycontinuingtodisadvantageblackstudents.
Table . . demonstratesourreplicationofFryerJrandLevi ’scoreanalysis,which
useddatafromtheEarlyChildhoodLongitudinalStudy(ECLS-K). ekeyoutcome
here,andinsubsequentanalyses,isthestudents’performanceonkindergarden-level
testing. (Intheinterestoffulldisclosure,wewereabletoreplicatetheirresultsto
approximatelyatenthofadecimalforeachcoeﬃcient,althoughwehaddiﬀerentsample
sizesduetodiﬀerentapproachestohandlingmissingdata;substantively,theresultsareall
identical,andmultipleimputationofmissingvariablesdoesnotchangetheresults.) Like
FryerandLevi ,webreakuptheanalysisintotestscoresofmathandtestscoreson
reading. Inallinstances,whitescomprisethebaselinegrouptowhich( )blacks,( )
Hispanics(anexclusivecategory),( )AsianAmericans,and( )“others”arecompared.
 us,whenasimpleanalysisofraceoneducationaloutcomesshowsthatblackand
Hispanicstudentsfareworsethanwhites,whileAsiansperformbe er(Model and
Model ). Focusingonblack-whitediﬀerencesspeci cally,themostinterestingresults
comeinthewayofthescoresonthereadingtests(Models - ). Here,blackstudents
beginwiththetraditionaldisadvantageagainstwhites–controllingfornothingexcept
studentrace,blackstudentsonaverageachievescoresthatare .  lowerthanthatof
whitestudents(Model ). However,includingthethreekeycovariates–( )aproxyfor
theageofthemother,( )acomponentmeasuringsocioeconomicstatus,and( )
participationinWIC–notonlyerasestheeﬀect,actuallyhastheeﬀectofreversingit,
  Table 1.7.1: Replication of Fryer and Levitt (2004).
Mathematics Reading
Model  Model  Model  Model  Model  Model  Model  Model 
(Intercept)  :    :     :     :    :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Black   :     :     :     :     :     :     :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Hispanic   :     :     :     :     :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
AsianAmerican  :    :    :    :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Other   :     :     :     :     :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
SESComposite  :    :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
No.ofBooks  :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  )
No.ofBooks    :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  )
Female   :    :  
( :  ) ( :  )
AgeintheFall  :    :  
( :  ) ( :  )
BirthWeight  :    :  
( :  ) ( :  )
TeenageMother   :     :  
( :  ) ( :  )
Mother  orOver  :    :  
( :  ) ( :  )
WIC   :     :  
( :  ) ( :  )
N                                                
R   :    :    :    :    :    :    :    :  
adj. R   :    :    :    :    :    :    :    :  
Resid. sd   :     :     :     :     :     :     :     :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
resultinginapositive,statisticallysigni canteﬀectontheblackstatus(Model ),a
surprisingresult.
Makingacausal(orevenquasi-causal)claimonthebasisofonlytheseresultswould
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Figure 1.7.1: Distribution of Mothers’ Ages (Left) and SES Composite Measure (Right), Disaggregated
by Race
bemisguided,andthemethodologydiscussedherecounselsagainstthissortof
kitchen-sinkeconometricanalysis. First,allofthekeyvariablesthaterasetheeﬀectofthe
blackvariablearerealizedpost-treatment,meaningthattheyarefundamentallydriven
andaﬀectedbyastudents’race. Second,andrelatedly,allthreeofthekeyvariables
 uctuatesubstantiallyaccordingtothestudents’race. Forexample,amongthese
students,   ofblackkindergardenerscomefromfamiliesenrolledinWIC,butonly
   ofwhitekindergardenersdo. Similarly,blackstudentsaremorelikelytohavehad
youngermothersandaremorelikelytohavelowSESmeasures(Figure . . ).  us,
whenunderstandingwhetherthereisacausaleﬀectofraceontheeducational
achievementgap,controllingforthesefactorsthatvarysubstantially(andareaﬀected)by
raceintroducebiasintoanestimateofthetotaleﬀectofrace. (Inotherwords,ifwe
controlforsomecomponentsaﬀectedbyraceandnotothers,whatdoestheremaining
coeﬃcientontheracevariableactuallymean?) Abe erinterpretationofModel would
betotakethese(asFryerandLevi do)asprovidingintuitionforacausalmechanism–
i.e.,thepathwayviawhichraceplaysaroleinthisoutcome.
Tothisextent,amoreappropriateanalysis(andwhatFryerJrandLevi dolater)isto
  moveforwardwithwithin-racecomparisons. Forexample,considerWICstatus. We
couldeasilyimagineanexperimentwhereblackchildrenareborntofamilies,andthen
thesefamiliesarerandomlysortedintoWICandnotWIC-receivingfamilies. Wecan
similarlyimagineotherexperimentsforothercomponentsoftheSESmeasure,orforthe
numberofbooksafamilyown(anotherofthevariablesthatFryerandLevi controlfor).
UnliketheresultspresentedinModel (orModel ),thesekindsofresearchdesigns
allowforidenti cation(atleastintheory)ofaplausible,manipulabletreatment(s).  us,
knowingthatWIC,teenagemothers,andSESstatussubstantiallya enuatethenaive
“eﬀectofrace”givesusavaluablestartingpoint;thesearepossiblealternatetreatments
thatweshouldexploreviamorerigorousanalysis.
Weillustratesomeofthesenotionsbypresentingwithin-raceanalyses,focusingonthe
threeleadingsuspectsofWIC,teenmoms,andlowSES.Forexample,supposethatour
workinghypothesesisthatblackstudentsaremorelikelytocomefromfamilieswithlow
SESmeasures,andthattheseSESmeasuresaredeterminativeoftheirrelativelypoorer
performance. Wethushaveatreatment(lowSESstatus),amomentoftreatment(which
isrealizedpost-birth),andanidenti edhypotheticalexperiment. Wealsohavewell
de nedpotentialoutcomes–ablackstudentwithlowSESversusthesameblackstudent
withhighSES.TodeterminetherelativeroleofSES(i.e.,theaveragetreatmenteﬀectof
lowSES),weusematching. Althoughsimpleregressionwouldbeadequatetoteaseout
preliminaryrelationships,matchingispreferablebecauseitisolatesthiseﬀectregardless
ofthepossiblewaysthatothervariablesmaybeaﬀectingoneanother. Toimplementthe
matching,weusecoarsenedexactmatching(Iacus,KingandPorro,    ). Wematchon
thosecharacteristicsthatwouldbeconsideredpre-treatment,includingthemother’sage
  Table 1.7.2: Change in test scores, after matching, associated with (1) going from high to low SES
scores, (2) having a teenage mother, and (3) coming from a family enrolled in WIC.
ChangeinOutcome    CI Matchedn
Blacks
HavingLowSES - .   (- .  ,- .  )    
HavingTeenMom - .   (- .  ,- .  )     
EnrolledinWIC - .   (- .  ,- .  )     
andthestudent’sweightatbirth. Wedonotmatchonthosecharacteristicsthatwouldbe
aﬀectedbylowSESstatus,suchasthenumberofbooksownedinthehome.
 eresultsarepresentedinTable . . ,andshowaclearandconvincingevidencethat
lowSESadverselyaﬀectseducationaloutcomes. Combinedwiththefactthatblack
studentsaremorelikelytocomefromlowSESbackgrounds,thisprovidescluesintothe
causalmechanismbehindblackstudents’performance. Similarresultsarefoundfor
havingateenagemotherandforbeingenrolledinWIC. us,ourconclusionsdovetails
withFryerJrandLevi ’s:  ereisnothinginherentaboutracethatdrivesthe
achievementgap. Rather,wecandisaggregatefactorscommonlyassociatedwithone
racialgroupanda empttomakecausalinferencesaboutthesesortofcharacteristics.
 .  E        E      : W  F       A      M       ?
AnotherexampleistakenfromHumphreysandWeinstein(    ),whousesurveydata
toexplorewhichpersonalcharacteristicswillcauseanindividualtojoincivilwarmilitia
groups. Previousscholarshiphassuggestedthatindividualsfrommarginalizedgroups
haveahigherincidenceofjoiningmilitias. LookingatSierraLeone’s( )opposition
RevolutionaryUnitedFront(RUF)and( )government-backedCivilDefenseForces
  (CDF),HumphreysandWeinsteinconsider,amongotherhypotheses,whethermembers
ofthepoliticallyexcludedMendeethnicgrouparemorelikelytojoinmilitias.
Tothesethishypothesis,HumphreysandWeinsteinincludeaMendedummyvariable
( ifMende, otherwise)inalogitregressionthathasmembershipinaeithermilitia
groupastheoutcomevariableandahostofadditionalvariablesascontrols. Table . . 
presentsourreplicationoftheHumphreysandWeinsteinresults,whichisidenticalto
theirstothetenthdecimalplaceandhasthesamenumberofobservations. Inanalyzing
morecloselytheroleMendesplay,however,weshouldrecognizethatbeingMendeis
consideredinSierraLeoneanimmutablecharacteristic,anditisthereforea“treatment”
administeredatbirth. Accordingly–andacknowledgedbyHumphreysandWeinstein–
anindividual’sMendestatusiscausallypriortoahostofothervariablesincludedinthe
model;theinclusionoftheseothervariables(e.g.,whetherrespondentlivesinamud
hut)thereforeintroducespost-treatmentbiasintotheestimateofthetotaleﬀectofbeing
Mende. Resultsa erremovingpost-treatmentvariablesarepresentedinTable . . .
FortheRUFmembership(theoppositionmilitia),thesigni canceoftheMende
variabledoesnotchange–self-identifyingasMendeisrelatedpositivelywith
membershipintheRUF,althoughthesizeoftheeﬀectisreduced(amovethatmakes
sensegiventheRUF’sstatusasaTemne-backedorganization).  eresultsare,however,
diﬀerentforthegovernment-backed,Mende-supportedCDF. eoriginalmodel(Table
 . . )showsthattheMendestatuscoeﬃcient,althoughpositive,isnotstatistically
signi cant. OnceweremovethevariablesdirectlyaﬀectedbyMendestatus,weseethat
beingMendeispositivelylinkedwithbelongingtotheCDF,andthattheeﬀectis
signi cantwhenwecontrolforage. Interestingly,theeﬀectassociatedwithMende
  self-identi cationisaboutasstrongformembershipintheRUFandtheCDF,a nding
makesmoresubstantivesense.  eCDF,a erall,isthoughttorepresentMendeinterests.
ToexplorethediﬀerencebetweenMendesandnon-Mendesfurther,wefocus
speci callyonmembershipinthegovernment-backedCDF.Table . . showstheresults
ofseparatelogitregressionsonMendeandnon-Mendepopulations,withmembershipin
theMende-backedCDFastheoutcomevariable. Whilewedon’tadvocatethisstrategy
inallinstances,itdoeshelptoisolatetheimportanceofdiﬀerenttraitsinthediﬀerent
groups–andtoshowtheeﬀectmodi cationassociatedwiththeethnicityvariable.
Indeed,whatthisregressionshowsisthatdiﬀerentvariablesareimportantforthe
diﬀerentgroups(Table . . ). FortheMende,livinginmudhousing(aproxyfor
poverty)isnotapredictorofCDFmembership,whereasforthenon-Mende,itis.
Likewise,havingafriendintheCDFisnotpredictive,butitisfornon-Mende. Forthe
Mendegroup,itisbeingaboyoraman(asopposedtogirlorwoman)thatispredictive
ofmembershipintheCDF.
Speci cally,bothMendeandnon-Mendeindividualsarereceptiveviafactors
associatedwitheconomicgrievances–poverty(mudhousing)andlesseducationare
morelikelytoleadtomembershipintheCDF.Ontheotherhand,theMendepeopleare
lesssusceptibletoselectiveincentives–e.g.,friendship,and,toalesserextent,moneyand
safety.  eseresultssuggestthatmanyMendesalreadyhaveanaturalaﬃnityforthe
Mende-backedCDF–notnecessarythroughfriendships,butthroughsharedethnicity.
Bycontrast,fornon-Mendes,forwhomnopre-existingaﬃnityexistsfortheCDF,
monetaryandsocialincentivesaremoresalient.  isinclinationisborneoutbyasimple
interactedmodel,representedinTable . . ,althoughwenotethattheinteractiontermis
  notsigni cant.¹²
 .  AU      F           R      C        
Inthispaper,wehavehighlightedboththepitfallsandthepossibilitiesassociatedwith
tryingtoextractmeaningfulcausalinferencesaboutraceinaquantitativeframework.
Mostquantitativesocialscientiststrytogainleverageonthecausalimpactofraceby
includingsimpledummyvariables,alongastandardba eryofcontrolcovariates. Aswe
noteinthisarticle,however,racepresentsuniquechallengesforquantitativescholars.
First,raceisresistanttomanipulationand,hence,potentialoutcomesareill-de nedand
researchquestionsfundamentallyunidenti ed. Second,becauseraceis“assigned”at
birth,thehostofcharacteristicsthatmostsocialscientistscontrolfor(age,education,
income,etc.) occura erthetreatmentisassignedandthereforepotentiallyintroduce
biasintotheestimateofinterest.  ird,anequallymeaningfulproblemisthatraceistoo
complextobesynthesizedintooneneatvariable. Tothecontrary,howapersonis
categorizedbysocietyorself-identi esisinextricablyintertwinedwithtangiblemeasures
suchaseducation,income,health,diet,economicstatusaswellasintangiblefactorsas
culture,traditions,andpoliticalandsociala itudes.  us,theintroductionofarace
“dummy”variable–alongwitha endantbackgroundcovariates–o entimesdoesa
disservicetoqueriesthatlooktomakecausalinferencesaboutrace-basedcharacteristics.
 eframeworkdescribedinthisarticlemayhelpresearchersinterestedinraceor
ethnicityextractthosekindsofinferencesthatcaptureacausaleﬀect. First,wesuggest
thatresearchersinterestedinracebeginbythinkingwhethertheirresearchdesignmaybe
¹²Mediationanalysesusingthe mediationpackagewerelessconclusive.
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Figure 1.9.1: Appropriate Research Designs Assessing Race and Causality
appropriatelycapturedbyanexposurestudy.  iskindofresearchdesignmaybe
particularlyappropriateforthosestudyingpublicopinion,politicalbehavior,law,and
publicpolicy– eldsinwhichquestionsofinterestfrequentlyinvolvehowinstitutionsor
individualsviewandinteractwithracialsignalsandcues. Becausetheexposureresearch
designavoidsthepitfallsoutlinedabove,itisservesasanextraordinarilyuseful(yet
underused)researchdesign.
Second,whenitcomestoresearchdesignsfocusingonminoritypopulations
themselves,researchersmayactuallybeabletofocusonsomealternatemanipulable
treatmentregimethatvariesclosely(perhapsexclusively)withrace. Here,we ndthe
analogytothe“bundleofsticks”ausefulone;andeventhough“biologicalrace”itself
maynotbesubjecttomanipulation,thingslikename,culture,neighborhood,dialect,and
diet–i.e.,thosevariablesthatde nethecontoursofracialidenti cation–maybe
experimentallymanipulatedandobservationallyassessed. Wedonota empttosaythat
  suchanalternatetreatmentmaybefoundinallinstances;rather,thetakeawayisthat(a)
suchanalternatetreatmentmayvarycloselywithrace,(b)maynotalreadybeincludedin
theanalysis,and(c)mayexplainawaymuchoftheeﬀectpreviouslya ributedtorace.
Focusingontreatmentsotherthantheimmutableaspectsoftheraceofasubjectnotonly
solvesproblemswithfundamentallyunidenti edresearchquestionsandill-de ned
potentialoutcomes,butitalsoforcesresearcherstoconsiderexactlywhatisbeing
capturedbytheracialidenti cationvariable. Bothofthesearewelcomeconsiderations–
bothintermsofincreasingstatisticalrigorandalsointermsofincreasingsubstantive
engagementwithdevelopmentsintheracialandethnicpoliticsliterature.
 reefurtherissuesareworth agging. First,wesuggestthroughoutthatresearchers
thinkcarefullyaboutpost-treatmentbiasissues.  isisnotanewwarning(e.g.,King,
KeohaneandVerba(    )),butitcarriesparticularurgencywhenitcomestoraceand
causality. Race,whichisassignedinpartatbirth,hasimmutablecomponents,which
meansthatthehostofvariablesthatsocialscientistsroutinelycontrolformaybe
determinedpost-treatmentandcouldthereforeintroducebiasintothecausalestimate.
Torectifythisissue,researchersinterestedinthecausalimpactofraceshouldthink
carefullyandwhatisandwhatisnotpost-treatment. Oursuggestionsforexposure
studiesandwithin-raceanalysessubstantiallyhelpinthisregard. Second,wenotethat
manypossiblealternatetreatmentregimesvaryalmostexclusivelybyraceand,therefore,
comparisonsbetweenwhitesandblacks,HispanicsandAsians,etc.,maybeoflimiteduse
duetoproblemswithcollinearityandasubstantial(andpersistent)lackofcommon
supportamongkeycovariates. Asaresult,ausefulwaytoexplorewhetheralternate
treatmentregimescouldbecapturingsomeoftheeﬀectsof“race”istoconduct
  within-groupcomparisons. Finally,focusingonaspectsofracethataresubstantive,
mutableandidenti edcanmoreplausiblybetranslatedintomeaningfulpolicy
interventions.
Weconcludebyemphasizingtheimportanceofexperimentalanalogies.  isisapoint
thathasbeenmadebythecausalinferenceandeconometricsliterature(Angristand
Pischke,    ),butisparticularlyworthwhileforthosespeci callyinterestedinrace.
Keepinganeyeonwhattheidealexperimentwouldlooklike(andwhatfactorswouldor
wouldnothavetobecontrolledfor)isessentialforthinkingclearlyaboutpotential
identi cationstrategiesandproblems. Ultimately,keepingexperimentalanalogiesin
mind–whilealsokeepinginmindwhatpreciselyismeasuredwiththeinclusionofa
“race”variable–willhelpscholarstoreconcileraceandcausation.
  Table 1.8.1: Logit Regression Replication of Humphreys and Weinstein (2008). Dependent variable is
membership in the RUF or CDF militia groups.
RUFMembership CDFMembership
Intercept    :      :  
( :  ) ( :  )
MudWalls  :    :  
( :  ) ( :  )
LackofAccesstoEducation  :    :  
( :  ) ( :  )
SupportstheSLPP   :     :  
( :  ) ( :  )
MendeEthnic  :    :  
( :  ) ( :  )
DoesNotSupportAnyParty  :    :  
( :  ) ( :  )
OﬀeredMoneytoJoinRUF  :  
( :  )
FeltSaferInsideRUF   :  
( :  )
FriendofRUFMembers  :  
( :  )
VillagesAccessiblebyFootorBoatOnly   :    :  
( :  ) ( :  )
Farmer  :    :  
( :  ) ( :  )
Student  :    :  
( :  ) ( :  )
Male  :    :  
( :  ) ( :  )
Age  :    :  
( :  ) ( :  )
AgeSquared   :     :  
( :  ) ( :  )
Freetown   :    :  
( :  ) ( :  )
InfantMortality   :     :  
( :  ) ( :  )
OﬀeredMoneytoJoinCDF  :  
( :  )
FeltSaferInsideCDF  :  
( :  )
FriendofCDFMembers  :  
( :  )
N      
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
  Table 1.8.2: Logit Regression Replication of Humphreys and Weinstein (2008). Dependent variable is
membership in the RUF or CDF militia groups. Post-treatment variables have been removed from the
model.
RUF RUF CDF CDF
(Intercept)   :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  )
Mende  :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  )
Gender  :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  )
Age   :     :  
( :  ) ( :  )
AgeSquared  :    :  
( :  ) ( :  )
N            
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
  Table 1.8.3: Comparing models ﬁtted on the Mende population versus on the non-Mende population.
Coefﬁcients are logit estimates (standard errors in parentheses). Outcome variable is whether an individ-
ual joined the CDF or not.
MendeOnly NonMendeOnly
Intercept    :      :  
( :  ) ( :  )
MudWalls  :    :  
( :  ) ( :  )
LackofAccesstoEducation  :    :  
( :  ) ( :  )
SupportstheSLPP  :     :  
( :  ) ( :  )
DoesNotSupportAnyParty  :    :  
( :  ) ( :  )
OﬀeredMoneytoJoinCDF  :    :  
( :  ) ( :  )
FeltSaferInsideCDF  :    :  
( :  ) ( :  )
FriendofCDFMembers   :    :  
( :  ) ( :  )
VillagesAccessiblebyFootorBoatOnly  :    :  
( :  ) ( :  )
Farmer  :    :  
( :  ) ( :  )
Student  :    :  
( :  ) ( :  )
Male  :    :  
( :  ) ( :  )
Age  :    :  
( :  ) ( :  )
AgeSquared   :     :  
( :  ) ( :  )
Freetown  :    :  
( :  ) ( :  )
InfantMortality   :     :  
( :  ) (  :  )
N      
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
  Table 1.8.4: Simple interacted model. Logit coefﬁcients. Outcome variable is membership in the CDF.
(Intercept)   :      :   
( :   ) ( :   )
Mende  :     :   
( :   ) ( :   )
Male  :     :   
( :   ) ( :   )
FriendofCDFMembers  :     :   
( :   ) ( :   )
Mende:FriendofCDFMembers   :      :   
( :   ) ( :   )
Age   :   
( :   )
AgeSquared   :   
( :   )
AIC   :      :   
BIC   :      :   
logL  :      :   
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
  R         
Adida,C.L,D.DLaitinandM.AValfort.    . “IdentifyingbarrierstoMuslim
integrationinFrance.”ProceedingsoftheNationalAcademyofSciences   (  ): – .
Angrist,J.D.,G.W.ImbensandD.B.Rubin.    . “Identi cationofcausaleﬀectsusing
instrumentalvariables.”JournaloftheAmericanStatisticalAssociation  (   ).
Angrist,JoshuaD.andJörn-SteﬀenPischke.    . MostlyHarmlessEconometrics: An
Empiricist’sCompanion. PrincetonUnivPr.
Appiah,KwameAnthony.    .  eUncompletedArgument: DuBoisandtheIllusion
ofRace.In“Race,”WritingandDiﬀerence,ed.Jr.HenryLouisGates. Chicago:
UniversityofChicagoPress.
Bertrand,M.andS.Mullainathan.    . “AreEmilyandGregmoreemployablethan
LakishaandJamal? A eldexperimentonlabormarketdiscrimination.”American
economicreview  ( ):   –    .
Blank,R.M.,MDabadyandC.F.Citro,eds.    . Measuringracialdiscrimination.
NationalAcademyPress.
Bobo,LandDJohnson.    . “Atasteforpunishment: BlackandwhiteAmericans’
viewsonthedeathpenaltyandthewardrugs.”DuBoisReview: SocialScienceResearch
onRace.
Boker,SM,JFCohn,BJ eobaldandIMa hews.N.d. “Somethinginthewaywemove:
Motiondynamics,notperceivedsex,in uenceheadmovementsinconversation.”…
ExperimentalPsychology: ….Forthcoming.
Butler,D.M.andD.E.Broockman.    . “Dopoliticiansraciallydiscriminateagainst
constituents? A eldexperimentonstatelegislators.”AmericanJournalofPolitical
Science.
Chang,Jonathan,ItamarRosenn,LarsBackstromandCameronMarlow.    .
ePluribus: EthnicityonSocialNetworks.
Cook,T.D.,D.T.CampbellandA.Day.    . Quasi-experimentation: Design&analysis
issuesfor eldse ings. HoughtonMiﬄinBoston.
Cosmides,L,JohnToobyandRobertKuzban.    . “Perceptionsofrace.”Trendsin
CognitiveSciences ( ):   –   .
  Cutler,D.M.,R.G.FryerandE.L.Glaeser.    . “RacialDiﬀerencesinLifeExpectancy:
 eImpactofSalt,Slavery,andSelection.”.
Deaux,Kay.    . “Sexandgender.”Annualreviewofpsychology  :  –  .
Dehejia,R.H.andS.Wahba.    . “Propensityscore-matchingmethodsfor
nonexperimentalcausalstudies.”ReviewofEconomicsandstatistics  ( ):   –   .
Dolnick,Sam.    . “EthnicDiﬀerencesEmergeinPlasticSurgery.”NewYorkTimes
( /  /    ).
Faulkner,W.    . “LightinAugust.    .”London: Vintage.
FryerJr,R.G.andS.D.Levi .    . “Understandingtheblack-whitetestscoregapinthe
 rsttwoyearsofschool.”ReviewofEconomicsandStatistics  ( ):   –   .
Gates,H.L.    . “ ePassingofAnatoleBroyard.” irteenWaysofLookingataBlack
Manpp.   –   .
Gelman,A.andJ.Hill.    . Dataanalysisusingregressionandmultilevel/hierarchical
models. CambridgeUniversityPressCambridge.
Greenwald,A.G,D.EMcGheeandJ.L.KSchwartz.    . “Measuringindividual
diﬀerencesinimplicitcognition:  eimplicitassociationtest.”JournalofPersonality
andSocialPsychology  ( ):    –    .
Greiner,D.J.andD.B.Rubin.    . “CausalEﬀectsofPerceivedImmutable
Characteristics.” eReviewofEconomicsandStatistics.
Griﬃn,J.H.    . BlackLikeMe. NAL.
Gu entag,M.andP.F.Secord.    . Toomanywomen?:  esexratioquestion. Sage
Publications.
Halsell,G.    . SoulSister. WorldPub.Co.
Hausman,D.M.    . Causalasymmetries. CornellUniversityPress.
Heckman,J.J.    . “Detectingdiscrimination.” eJournalofEconomicPerspectives
  ( ):   –   .
Heckman,J.J.andP.Siegelman.    . “ eurbanInstituteauditstudies:  eirmethods
and ndings.”Clearandconvincingevidence: MeasurementofdiscriminationinAmerica
pp.   –   .
  Hochschild,JLandV.Weaver.    . PerspectivesonPolitics ( ).
Holland,P.W.    . “Statisticsandcausalinference.”JournaloftheAmericanStatistical
Association  (   ):   –   .
Holland,P.W.    . “CausationandRace.”ETSResearchReport.
Huber,G.A.andJ.S.Lapinski.    . “ e“RaceCard”revisited: Assessingracialpriming
inpolicycontests.”AmericanJournalofPoliticalScience  ( ):   –   .
Hume,D.    . Atreatiseofhumannature. DoverPubns.
Humphreys,M.andJ.M.Weinstein.    . “Who ghts?  edeterminantsof
participationincivilwar.”AmericanJournalofPoliticalScience  ( ):   –   .
Iacus,S.M.,G.KingandG.Porro.    . “Causalinferencewithoutbalancechecking:
Coarsenedexactmatching.”Politicalanalysis  ( ): –  .
Imai,K.,G.KingandE.A.Stuart.    . “Misunderstandingsbetweenexperimentalists
andobservationalistsaboutcausalinference.”Journaloftheroyalstatisticalsociety: series
A(statisticsinsociety)   ( ):   –   .
Imbens,GuidoW.andDonaldB.Rubin.    . “CausalInferenceinStatisticsandSocial
Sciences.”.
James,Michael.    . “Race.”StanfordEncylopediaofPhilosophy.
URL:h p://plato.stanford.edu/entries/race/
Katz,LawrenceF,JeﬀreyRKlingandJeﬀreyBLiebman.    . “MovingtoOpportunity
inBoston: EarlyResultsofaRandomizedMobilityExperiment*.”QuarterlyJournalof
Economics(May):   –   .
Kim,C.J.andT.Lee.    . “Interracialpolitics: AsianAmericansandothercommunities
ofcolor.”PS:PoliticalScienceandPolitics  (  ):   –   .
King,G.    . “”Truth”IsStrangerthanPrediction,MoreQuestionablethanCausal
Inference.”AmericanJournalofPoliticalSciencepp.    –    .
King,G.andL.Zeng.    . “ edangersofextremecounterfactuals.”PoliticalAnalysis
  ( ):   .
King,G.,R.O.KeohaneandS.Verba.    . Designingsocialinquiry: Scienti cinferencein
qualitativeresearch. PrincetonUnivPr.
  Kurzban,Robert,JToobyandLCosmides.    . “Canracebeerased? Coalitional
computationandsocialcategorization.”ProceedingsoftheNationalAcademyofSciences
  (  ):     –     .
URL:h p://www.pnas.org/content/  /  /     .short
Locke,J.    . Anessayconcerninghumanunderstanding. Troutman&Hayes.
López,IanFHaney.    . “ eSocialConstructionofRace: SomeObservationson
Illusion,Fabrication,andChoice.”HarvC.R.-C.L.L.Rev.  ( ): –  .
URL:h p://heinonline.org.ezp-
prod .hul.harvard.edu/HOL/Page?handle=hein.journals/hcrcl  
Loury,G.C.    .  eanatomyofracialinequality. HarvardUniversityPress.
Mendelberg,T.    .  eracecard: Campaignstrategy,implicitmessages,andthenormof
equality. PrincetonUnivPr.
Menzies,P.andH.Price.    . “Causationasasecondaryquality.”BritishJournalforthe
PhilosophyofScience  ( ):   –   .
Mill,S.J.    . “ASystemofLogic.”.
Miller,J.M.andJ.A.Krosnick.    . “Newsmediaimpactontheingredientsof
presidentialevaluations: Politicallyknowledgeablecitizensareguidedbyatrusted
source.”AmericanJournalofPoliticalScience  ( ):   –   .
Navara,K.J.    . “Humansattropicallatitudesproducemorefemales.”Biologyle ers
 ( ):   .
Nisbe ,R.E.andD.Cohen.    . Cultureofhonor:  epsychologyofviolenceintheSouth.
WestviewPress.
Omi,M.andH.Winant.    . “RacialFormationintheUnitedStates: Fromthe    s
tothe    s.”.
Pager,D.    . “ euseof eldexperimentsforstudiesofemploymentdiscrimination:
Contributions,critiques,anddirectionsforthefuture.” eAnnalsoftheAmerican
AcademyofPoliticalandSocialScience   ( ):   .
Pager,Devah.    . “ eMarkofaCriminalRecord.”AmericanJournalofSociology
   (March):   –  .
URL:h p://www.princeton.edu/pager/pager_ajs.pdf
  Pearl,J.    . Causality: models,reasoning,andinference. CambridgeUnivPr.
Rosenbaum,P.R.    . Observationalstudies. SpringerVerlag.
Rubin,D.B.    . “Estimatingcausaleﬀectsoftreatmentsinrandomizedand
nonrandomizedstudies.”JournalofEducationalPsychology  ( ):   –   .
Rubin,D.B.    . “Bayesianinferenceforcausaleﬀects:  eroleofrandomization.” e
AnnalsofStatistics ( ):  –  .
Rubin,D.B.    . “Causalinferenceusingpotentialoutcomes.”JournaloftheAmerican
StatisticalAssociation   (   ):   –   .
Schuyler,G.S.    . “BlackNoMore.    .”NewYork: Collier.
Sekhon,J.S.    . “Opiatesforthematches: Matchingmethodsforcausalinference.”
AnnualReviewofPoliticalScience  :   –   .
Sen,M.    . “QuantifyingDiscrimination: ExploringtheRoleofRaceandGenderand
theAwardingofSubprimeMortgageLoans.”.
Sniderman,P.M.andT.L.Piazza.    .  eScarofRace. BelknapPress.
Steele,C.    . “Athreatintheair: Howstereotypesshapeintellectualidentityand
performance.”Americanpsychologist  ( ):   –   .
Survey,SynovateAsiaBUS.    . “SkinlighteningproductsinAsia-abrightfuture.”
In:factJune.
URL:h p://www.synovate.com/consumer-insights/infact/issues/      /
 omas,KatieandBre Zarda.    . “InN.C.A.A.,QuestionofBiasOveraSickle-Cell
Test.”NewYorkTimesApril(  ).
URL:h p://www.nytimes.com/    /  /  /sports/  sickle.html
Valentino,N.A.,V.L.HutchingsandI.K.White.    . “Cuesthatma er: Howpolitical
adsprimeraciala itudesduringcampaigns.”AmericanPoliticalScienceReview
  (  ):  –  .
VanderWeele,T.J.andM.A.Hernán.    . “CausalEﬀectsandNaturalLaws: Towardsa
ConceptualizationofCausalCounterfactualsforNonmanipulableExposures,with
ApplicationtotheEﬀectsofRaceandSex.”Causality: StatisticalPerspectivesand
Applicationspp.   –   .
  VonWright,G.H.    . Explanationandunderstanding. CornellUniversityPress.
Walton,G.MandG.LCohen.    . “ABriefSocial-BelongingInterventionImproves
AcademicandHealthOutcomesofMinorityStudents.”Science   (    ):    –    .
Washington,Jesse.    . “Washington:  e’BlackestName’InAmerica.”AssociatedPress
  (  ).
URL:h p://www.huﬃngtonpost.com/    /  /  /washington-blackest-name-
america_n_      .html
West,CandaceandDonHZimmerman.    . “Doinggender.”Gender&society
 ( ):   –   .
White,I.    . “Whenracema ersandwhenitdoesn’t: Racialgroupdiﬀerencesin
responsetoracialcues.”AmericanPoliticalScienceReview   ( ):   –   .
Winship,C.andS.L.Morgan.    . “ eestimationofcausaleﬀectsfromobservational
data.”Annualreviewofsociologypp.   –   .
Zuckerman,Marvin.    . “SomeDubiousPremisesinResearchand eoryonRacial
Diﬀerences: Scienti c,Social,andEthicalIssues.”.
URL:h p://psycnet.apa.org/journals/amp/  /  /    .pdf
  2
ViolenceandVoting
D                               A               ?
   .  I           
In    ,BarryGoldwatercampaignedforthepresidencypromising“lawandorder”
against“crimeinthestreets.” oughGoldwaterlostinalandslide,twoyearslaterRonald
ReagancloselyechoedGoldwater’srhetoricandwontheCaliforniaGubernatorialracein
ablowout. WhywaslawandorderalosingcampaignstrategyforGoldwaterin    yeta
winningstrategyforReaganin    ? Similarly,howwasitthatGoldwater’sracially
tingedanti-crimerhetoricgainedli letractionoutsideofthedeepsouth,yetReagan’s
invocationoflawandorderfoundbroadappealinrelativelyprogressiveCalifornia? A
numberofscholarlyandjournalisticaccountssuggestthatviolentprotestsinthesummer
of     particularlyunrestintheWa sneighborhoodofLosAngeles transformed
Californiapolitics,increasedconcernaboutorder,anddrovewhitemoderatesfromthe
DemocratictotheRepublicanparty.
 is“backlash”accounthasalsobeenusedtoexplaintheincreasedsalienceoflawand
orderinnationalelectionsfollowingReagan’s    Gubernatorialvictory. While
extrapolatingfromthesinglecaseofCaliforniawouldoﬀerli leinsightintothe
systematiceﬀectsofviolentprotestsonelectoralbehavior,by    ,morethan   other
black-ledviolentprotestshaderuptedacrossthecountry. Inhis    run,Republican
candidateRichardNixonsuccessfullymarshaledtough-on-crimeoratorytogaina
commandingleadontheissue. Inthe    sand    s,candidatesincludingReagan,
GeorgeH.W.BushandBillClintonalsoeﬀectivelydeployedtough-on-crimecampaign
strategiestohelpthemcarrythehighestoﬃceintheland.  esuccessoftheselawand
orderstrategiesprofoundlyreshapedAmericanpoliticsandcriminaljusticepolicyinthe
  UnitedStates(Go schalk,    ;Alexander,    ). Yet,whylawandorderemergedasa
salientpoliticalissueinthemid–to-late    sremainsasubjectofscholarlydebate
(Weaver,    ;Murakawa,    ). Inparticular,howviolentprotestsbetween    and
    mighthavein uencedtheriseoflawandorderinAmericanpoliticsremainsunclear.
FormostofAmericanhistory,raceriotswereinitiatedbywhitemobsthatfomented
violenceagainstblacks. OutbreaksofmayhemliketheNewYorkCityDra Riotsof    
couldresultindozensofblackslosingtheirlivesandhundredshavingtheirproperty
stolen(Bernstein,    ). Priortothe    s,black-initiatedriotswererare. Beginning
around    ,however,thenumberofspontaneous,black-initiatedviolentprotestsgrew
dramaticallythrough    ,andthendeclinedalmostasquicklythroughtheearly    s.¹
Whilethemedianurbanriotinvolvednodeaths,oneincidentofarsonand  arrests,a
handfuloftheclashesbetweenprotestors,residents,rioters,localbusinessesandlaw
enforcementresultedindozensofdeaths,hundredsofarsonincidents,andthousandsof
arrests.  emostseriousriotswerefrontpagenewsacrossthecountry.
ScholarsofAmericanpoliticshavetendedtofocusonhowriotsshapedthebehaviorof
eliteactorsandlegislativeoutcomes.  eir ndingspointtoincreasedeﬀortsat
redistributivepoliciesandalso,possibly,increasedinvestmentinrepressivecapacity
(Fording,    ;Giugni,    ).  isliteraturegenerallyoﬀersli leinsightintohowriots
mayhavein uencedthevotingbehaviorofthemasselectorate,however. An
interdisciplinaryliteratureontheriseof“lawandorder”campaignsandpoliciesdebates
whetherrisingcrimeanddisorderledtoa“backlash”amongvoters. Flamm(    )
¹ roughout this article I use a variety of phrases such as political violence, violent protests, black
insurgency, ethnic violence, ethnic riots and urban riots interchangeably. I do this in keeping with the
range of terminology commonly used to describe these events in scholarly writing across sociology, eco-
nomicsandpoliticalscienceoverthelastfourdecades.
  presentsadetailedhistoricalaccountofhowrisingcrimeandsocialdisorderevolvedinto
apopularcallfortoughercriminaljusticepolicy. Otherscholarsquestionthebacklash
argumentandsuggestthatforcessuchaselitecampaignstrategies(Weaver,    )and
immigration(Becke andGodoy,    )havebeenthemorerelevantissuesdriving
votingbehavior.
Todate,thedebateoverwhetherviolentprotestshelpedfuelabacklashamonga
signi cantswathofvotershaslackedsystematicquantitativesupport.  eargumentsin
favorofabacklashhavealsolackedawellarticulatedtheoryofwhenandwhyitoccursin
someinstancesbutnotothers(Weaver,    ). Toaddresstheempiricalgap,Iusedata
onvoting,publicopinionandurbanriotstoinvestigateiftheblackpoliticalviolenceof
    sand    sin uencedmasselectoratevotingbehavior. Ialsooﬀeratheoryof
perceivedexistentialthreat,extendingtheliteratureofracialthreat,tosuggesthow
violentprotestsmightdirectlyaﬀectmassvotingbehavior.
Icalculateeachcounties’uniqueexposuretoviolentprotestswithanovelcomposite
measurethat,foreverycounty-riotdyad,accountsfordistance,timingtoaspeci c
electionandriotintensity. Allthingsbeingequal,violentproteststhataregeographically
closertoacounty,temporallyclosertoanelectionandexhibitgreaterintensity(as
measuredinthenumberofarrests)willincreasetheriot‘treatment’forthatcounty.
Examiningcounty-levelvotingpa erns,I ndthatinthe    presidentialelection
exposuretoviolentprotestsisstronglyandnegativelyassociatedwithDemocraticvote
share. I ndasimilarnegativerelationshipbetweenexposuretoviolentprotestsand
Democraticvoteshareincongressionalelectionsbetween    and    . Examining
counterfactualscenarios,Iestimatethatfewerviolentprotestsareassociatedwitha
  substantiallyincreasedlikelihoodthattheDemocraticpresidentialnominee,Hubert
Humphrey,wouldhavebeatentheRepublicannominee,RichardNixon,inthe    
election. AsAfricanAmericanswerestronglyidenti edwiththeDemocraticpartyinthis
timeperiod,myresultssuggestthat,inatleastsomecontexts,politicalviolencemay
contributetoabacklashamongsegmentsofthemasselectorateandencourageoutcomes
directlyatoddswiththepreferencesoftheprotestors.
 ispaperproceedsasfollows: thesecondsectionprovidesbackgroundinformation
onthe    sunrest,includingadiscussionoftheCaliforniacase,aswellasdescriptive
statisticsonvoters’racialanxietiesanddesirefor“socialcontrol.”  ethirdsection
surveystherelationshipbetweenviolenceandvotingintheliteratureandpresentsa
theoryofwhyracializedviolenceledtoabacklashintheAmericancase. Idiscussmy
data,modelsandresultsinSections , and . InSection ,Idiscusspossibleextensions
and, nally,oﬀerconcludingthoughtsinSection .
 .  T      ,          
OnanunusuallywarmeveninginAugust    inWa s,apredominantlyblack
neighborhoodofLosAngeles,LeeMinikus,awhiteCaliforniahighwaypatrolmanpulled
overMarque eFrye,ablackresident,fordrivingerratically. A erFryefailedtopassa
sobrietytest,MinikusarrestedFryeandarrangedforFrye’scartobeimpounded. When
Frye’smotherandstep-brothera emptedtointervene,theseeminglyroutinetraﬃc
incidentescalatedandMinikusarrestedandhandcuﬀedallthree. AsMinikustookthe
Fryefamilytoapolicestation,anincreasinglyincensedcrowdofobserversbegan
protestingtheperceivedinjusticebythrowingstonesatpassingcars,particularlypatrol
  cars. Amidapoorlycoordinatedpoliceresponse,rumorsofpoliceaggressionagainsta
pregnantwomancirculatedwidelyandfurtherin amedthecrowd.  enextdaylocal
blackleadersa emptedtocalmthesituationbut,bynightfall,anewwaveviolentprotest
beganthatdidnotendfor vemoredays. A ersixtotaldaysofprotestsandriots,  
peoplehadbeenkilled, ,   incidentsofarsonrecordedandnearly ,   people
arrested.
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Oct. 1966 Poll: ''Compared to a year ago, does the fear of racial violence make you feel personally more uneasy or not?''
Figure 2.2.1: Bar plot of public opinion on the fear of racial violence in California, by race. Sources:
Louis Harris and Associates, Inc. (1966) in California.
 eWa suprisingtransformedSouthCentralLosAngelesandCaliforniapolitics.
IncumbentGovernorofCaliforniaPatBrownhada  percentapprovalratinginJanuary
of    ,butwithalonglistoflegislativeaccomplishmentsandaboomingeconomy,
seemedwellpositionedforreelection(OurCampaigns,    ;Flamm,    ). Following
theWa suprisingandanti-warprotestsatBerkeley,however,hiscampaignbeganto
  0%
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Too fast Not fast enough About right Don't know
Jul. 1965 National Poll: ''Do you think the Johnson Administration 
 is pushing integration too fast, or not fast enough?''
 (Whites in California, N=252)
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Oct. 1966 California Poll: ''All in all, do you feel that on
 civil rights, Negroes have tried to move too fast,
 too slow or at about the right pace?'' (Whites, N=523)
Figure 2.2.2: Bar plot of public opinion on civil rights among whites in California in 1965 and 1966.
Sources: Left panel from The Gallup Organization (1965). Right panel from Louis Harris and Associates,
Inc. (1966) in California.
unravel. IntheDemocraticprimaryforgovernor,LosAngelesmayorSamYorty
challengedtheincumbentandcapturedasurprising  percentofthevotebycourting
working-class,whiteDemocratswhoabandonedBrownenmasse(Flamm,    ,  ).
Yortywagedanaggressivecampaignthatpromisedtorestore“lawandorder.”Itwasa
templatetheRepublicancandidateforGovernor,RonaldReagan,emulatedand,inthe
Novemberelection,ReagancrushedBrown,takingnearly  percentofthevoteand
winningbyaonemillionvotemargin.
PublicopinionpollsconductedinCaliforniaduringtherun-uptotheelectionoﬀer
sometangibleinsightintothelevelofracialanxietyamongwhitevotersa erWa s.  e
rightpanelofFigure . . presentstheresponsesofwhitestoaLouisHarrisand
Associates,Inc.(    )pollquestionfromOctober,    . Whenasked,“Comparedtoa
  yearago,doesthefearofracialviolencemakeyoufeelpersonallymoreuneasyornot?”
  percentofwhiteCaliforniansrespondedaﬃrmativelywhile  percentindicatedthat
theydidnotfeelmoreuneasyascomparedwithayearago. Bycontrast,thoughalmostall
oftheviolenceinitiatedbyprotestorsandpolicetookplacewithinblackneighborhoods,
asseeninthele panelFigure . . ,onlyabout  percentofblackCaliforniansfelt
uneasyand  percentdidnotfeeluneasy.
Figure . . presentstwobarplotsofpublicopinionpollsonthequestionofwhether
thepushforintegrationandcivilrightswasmoving“toofast.” Inthele panel,whichwas
conductedwithanationalsamplepriortotheWa suprisinginAugustof    ,  
percentofrespondentsagreethattheJohnsonAdministrationispushingtoofaston
integration.  erightpanel,conductedwithinCaliforniaa erWa s,presentsresponses
tothequestion“Allinall,doyoufeelthatoncivilrights,Negroeshavetriedtomovetoo
fast,toosloworatabouttherightpace?”’ Amongwhiterespondents,  percentchose
“Toofast,” percentchose“Tooslow,”and  percentresponded“Aboutright.”²  ough
thewordingofthequestionsdiﬀers,the  percentagepointincreaseoverali lemore
thanyearisatleastissuggestivethattheviolentprotestsinWa smayhavecontributed
substantiallytoanxietyaboutcivilrightsamongwhitesinCalifornia.³
PriortoWa s,black-ledviolentprotestswererelativelyrare. Ascanbeseenin
Figure . . ,thenumberofurbanriotsgrewdramaticallyfrom    through    ,the
yearofMartinLutherKing,Jr.’sassassination,andthendeclinedalmostasquickly. A
²In contrast to whites,    percent of blacks responded “Too fast,”    percent responded “Too slow”
and  percentresponded“Aboutright.” (LouisHarrisandAssociates,Inc.,    ).
³ e only other major civil rights related event in that period was the enactment of the Voting Rights
Act (V ) in August of     . It seems implausible that the V  could have moved white opinion in
California so dramatically given that blacks were already enfranchised in California and the V  did not
applyinthestate.
  growingbodyofevidencesuggeststhatriotscanspreadinacontagion-likemanner
(Olzak,    ;Myers,    ). Itispossiblethattheheavymediacoverageaccordedtothe
Wa sriotplayedanimportantroleindiﬀusingtheideaofviolentprotestacrossthe
UnitedStates,andfollowingKing’sassassination,atpushingthenumbertoapeak.
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Figure 2.2.3: Bar plot of riots by year, 1964 to 1971. Sources: Carter (2005)
WhetherornottheWa suprisingservedasacriticalturningpoint,urbanriotactivity
increasedmarkedlya er    .  espikeanddeclineinriotactivitycorrespondstoa
similarriseandfallinpublicconcernabout“socialcontrol.” Figure . . presentsdataon
whatAmericans,whensurveyed,indicatedwasthe“mostimportantproblem”facingthe
countrybetween    and    . InFigure . . ,thepercentageofAmericanslisting
“socialcontrol”asthemostimportantproblemremainedinthesingledigitsuntilthe
mid-    swhenitspikedandreachedaninitialpeakofabout  percentinAugustof
      beforedecliningrapidlya er    .
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Figure 2.2.4: Scatter plot of public opinion on the ‘Most Important Problem,’ 1950 to 1980. Source: Loo
and Grimes (2004); Niemi, Mueller and Smith (1989). (Lines smoothed with Loess curve.)
Aplotofriotandpublicopiniondatashowsastrongcorrelationbetweenriotsand
demandforlawandorderatthenationallevel. Figure . . presentsaplotofriotseverity
for   rioteventsbymonthandyearusingdatafromCarter(    )andpublicopinion
datafromfromNiemi,MuellerandSmith(    ).  eloggednumberofarrestsis
presentedonthele -handy-axis.  epublicopiniondatascaleispresentedonthe
right-handy-axisanddetailswhatpercentofthosesurveyedidenti ed“socialcontrol”as
  themostimportantproblemfacingAmerica.⁴ ⁵  emeasuresnotonlyfollowsimilar
year-over-yearpa erns,butalsoseason-by-season.
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Figure 2.2.5: Scatter plot of logged riot arrests (left y-axis) and public opinion on ‘social control’ (right
y-axis), 1964 to 1971. Sources: Niemi, Mueller and Smith (1989); Carter (2005). The ten riots in which
more than 1,000 people were arrested are labeled with abbreviated city names.
AsevidencedinFigure . . theWa suprising(labeledLAintheplot,aboveAugust,
    )wassubstantiallydiﬀerentfromanyotherurbanriotin    or    (especially
whenconsideringthatthescaleislogarithmicanddoesnotaccountfortherecordlevels
⁴ e “social control” measure is a composite of several diﬀerent categories including concern about
crime, civil unrest, communist agitators, juvenile delinquency and other issues.  e polling data is also
sourced from more than one pollster. For a critique of this composite measure, see Loo and Grimes
(    ). Evidence suggests that many citizens con ated issues like violent protests and communist agi-
tationsoIusethecompositemeasurewithoutadjustment(Flamm,    ).
⁵ eNiemi,MuellerandSmith(    )publicopiniondataisthesameasinFigure . . exceptthatI
onlypresentthepercentageofpeoplewhosay“socialcontrol”isthemostimportantproblemandexclude
themeasuresforcivilrights,foreignpolicyandtheeconomy.
  ofarsonthatoccurred). AccordingtothedatapresentedinFigure . . ,nationalpublic
concernabout“socialcontrol”onlyspikesmodestlyfollowingtheWa sriotbutdoes
generallyexhibitcumulativelyhigherpeaksandvalleyswitheachsuccessivewaveof
unrestthroughtheearly    s.
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Figure 2.2.6: Bar plot of urban uprisings by month. Sources: Carter (2005).
Moresigni cantly,thepublicopiniondataexhibitssigni cantvariationwithinyear.
Consistentacrossalmosteveryyearisapeakaroundmid-yearandatrougharoundthe
newyear. Figure . . presentsthefrequencyof    sand    surbanriotsbymonth.
AscanbeseeninFigure . . riotsaresubstantiallymorecommoninthesummer
monthsandlesscommoninthewintermonths.  eoneexceptionalmonth,April,is
drivenbythelargenumberofriotsthatoccurreda ertheassassinationofMartinLuther
  King,Jr.in    .⁶
Additionalevidencefromotherhistoricalandpublicopinionsourcessuggests
widespreadconcernamongthemasspublicaboutcrimeanddisorder. Weaver(    )
notesthatMembersofCongressweredelugedwith“torrentsofconstituentmail”infavor
the    SafeStreetsbillandthatevenliberalDemocrats“feltcompelledbypublic
anxietyovercrimeandriotstovoteforthebill”(p.    ). Figure . . presentspolling
datafromAugust,    inwhich  percentofrespondentsagreedwiththestatement
“Lawandorderhasbrokendowninthiscountry”(LouisHarrisandAssociates,Inc.,
    a).
Inthe    presidentialelection,NixonandHumphreypolledatsimilarlevelson
manyissues. Onlawandorder,however,awidegulfexistedinpublicperceptionsofthe
twocandidates. Figure . . presentstheresultsofapollthatasked“Whichpresidential
candidatedoyoufeelcoulddothebestjobinhandlinglawandorder?” Notonlydid
respondentsfavorNixonoverHumphreyby  to  percent,butthirdpartycandidate
GeorgeWallacealsobeatHumphreyinthepollby  to  percent.  oughthesepolls
oﬀernoinsightintothesourceoftheanxiety,theresultsdosuggestthatsuchanxieties
⁶ esynchronousseasonalvariationinriotactivityandnationalpublicconcernabout“socialcontrol”
does not rule out the possibility that the correspondence is driven by factors other than civil unrest, such
as seasonal variation in crime. One possible argument against seasonal confounders, such as crime, is
visible in the variation in public opinion for “social control.” Across the eight years of data presented in
Figure  . . , public opinion is generally single peaked, typically around July. In      and     , however,
public opinion is double peaked with a rise and decline followed by a second rise and fall. Any theory of
the seasonal concern for “social control” ought to be able to explain both the typical years as well as the
atypical years.  is double spike in      might plausibly be explained by con icting feelings of anxiety
and sympathy for the violent protests that followed the assassination of Martin Luther King, Jr.. In     ,
thesecondpeakinpublicopinionoccursinOctober,betweenlowsinAugustandNovember.  eOctober
spike is plausibly explained by the A ica prison uprising which took place on September  th,     .  e
violent protest data used in this paper excludes all riots occurring within institutions such as colleges and
prisons. Assuch,A icaisnotincludedinanyofthedataanalysisorplots.
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Figure 2.2.7: Bar plot of public opinion on “law and order.” Sources: Louis Harris and Associates, Inc.
(1968a). Respondents were asked “(Now I want to read you some statements about law and order in
this country. For each, tell me if you tend to agree or disagree)... Law and order has broken down in this
country.”
werepervasiveandworkedverymuchtoNixon’sbene t.
 .  C                                  ?
Howmightethnicviolencein uencevotinginAmerica? Figure . . presentsthree
possiblemodelsofhowurbanriotsmightbeassociatedwithDemocraticvoteshare.
Underthepositivemodel,anincreaseinurbanriotsleadstoincreasedDemocraticvote
share. WhilefewAmericanurbanriotswereassociatedwithanexplicitpoliticalagenda
orparty,followingtheCivilRightsActof    ,Democratsbecamethedefactopartyof
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Figure 2.2.8: Bar plot of public opinion on presidential candidates and law and order. Sources: Louis
Harris and Associates, Inc. (1968b).
AfricanAmericanvoters(CarminesandStimson,    ;Bositis,    ).⁷ Assuch,
Democratsareassumedtobethepartymostalignedwithblackinterestsandpreferences.
Apositiveeﬀectmightoccurifblacksvotedinhighernumberswhenexposedtogreater
riotactivityorifwhiteswithinthepartyfeltsympathetictotheconcernsofblacksand
votedinhighernumbersforDemocraticcandidates.
Withthenegativemodel,increasinglevelsofriotingbyblacksareassociatedwith
decliningDemocraticvoteshare.  eCaliforniaGubernatorialracemightbeanexample
ofthebacklashmodelinactionifexposuretoriotactivitywasassociatedwithdecreased
⁷AccordingtodatapublishedbyBositis(    ,Table ,p ),between    and    blackpartyiden-
ti cation with Democrats averaged about    percent. Between      and     , black party identi cation
withDemocratsaveraged  percent(SeeFigure . . ).
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Figure 2.3.1: Hypothetical models of the relationship between urban riots and Democratic vote share.
supportforDemocratsbyasigni cantnumberofwhites. Withanullmodel,theethnic
riotshavenoimpactonvotingbehavior.  enullmodelcoulddescribeasituationin
whichriotsoccurbutareeitherlessvisibleduetosomeothersetofissues,saythe
Vietnamwar,ormakenolastingimpressiononvotersbelowsomethresholdofactivity.
Othermodelsthatcombineelementsofthesethreearealsopossible.⁸
Itisnotimmediatelyclear,basedonthecurrentliterature,whichmodelmightbe
applicabletothecaseofurbanriotsintheU.S. efollowingsectionssurveytheliterature
onethnicriotsandvotinginthe eldofcomparativepolitics,andonthe    surban
riotsinthe eldofAmericanpolitics.  eAmericancaseisanimportant,o enmissing
partoftheconversationincomparativepolitics. Similarly,thefocusinAmericanpolitics
onelitedecision-makingduringthe    surbanriotsmissesthemassconsequencesof
politicalviolenceondemocraticpolitics,showntogreateﬀectelsewhereintheworld.
⁸ ese three proposed models are not meant to be exhaustive or de nitive. For example, the true
relationship between ethnic violence and Democratic vote share might exhibit some non-linearities in
which small riots exert li le or no eﬀect and large incidents of violent protest exert a disproportionate
eﬀect.
   . .  E     R       E          C          P          
Wilkinson(    )oﬀersacomprehensiveanalysisoftheinterplaybetweenelectionsand
ethnicriots. UsingdatafromIndia,Wilkinsoninvestigateswhatfactorscontributetothe
occurrenceofariotor,conversely,worktosuppressinter-ethnicviolence. He ndsthat,
atthelocallevel,politicianso enworktoinciteriotsinaneﬀorttoincreasethesalience
ofethnictiesandreducethepullofothercross-cu ingpoliticalcleavageslikeparty
aﬃliation,particularlyaselectionsloom. Incontrasttolocalpoliticalactorsworkingto
gin-upinter-ethnicrivalries,Wilkinson ndsthatIndianstate-levelpoliticianssometimes
worktothwartbuddingriotswhile,atothertimes,facilitatesuchviolence. Heexplains
thevariationwithanelectoral-incentivesmodelthatsuggestsstate-levelactorsa emptto
maintainthepeacewhensuchactionsareusefultosustainingwinningpoliticalcoalitions.
Inadditionto ndingsupportiveevidencefortheelectoral-incentivesmodelinIndia,
Wilkinsonalsoappliesthemodeltoothercases,includingtheUnitedStates. Whilethe
white-on-blackraceriotsoftheAmericancase ttheelectoral-incentivesmodelbetween
Reconstructionandthe    s,Wilkinson(    )doesnotaddresshowthe
electoral-incentivesmodelwouldapplytotheurbanriotsofthe    sand    s.  e
urbanriotsthatoccurredbetween    and    didnotgenerallymanifestinsigni cant
inter-ethnicoranti-minorityviolence(except,perhaps,byblacksagainstwhite-owned
propertyandbywhitelawenforcementandNationalGuardsmenagainstblacksintheir
eﬀortstoquelltheriots). Rather,mostoftheviolencewascon nedtoblack
neighborhoods. Second,theelectoral-incentivesmodeldoesnotclearlyextendtothe
post-    riots.  ereisnoevidenceofwhichIamawareoflocalpoliticiansintheU.S.
strategicallyincitingriotsforelectoralgain,andnopa ernofstateornationalactors
  intentionallyfacilitatingriotsonceunderway. Assuch,theriotsofthepost-    period
appeartobecategoricallydiﬀerentfromthesortofHindu-Muslim(orwhite-on-black)
riotsforwhichtheelectoralincentivesmodelworkswell. Inkeepingwiththe
electoral-incentivesframework,however,despitethequalitativediﬀerences,these
black-ledviolentprotestsmightneverthelesshaveincreasedthesalienceofracialor
ethniccleavagesinvotingbehavior.
 . .  R    ,R                R           A       P       
InAmericanpolitics,thedominantapproachtounderstandingpoliticalresponsestocivil
unresthasbeentoresearchwhetherelitepoliticalactorsutilizepositiveornegative
incentivestoexertcontrol. Inthe rstcase,elitestateactorsenactredistributivepolicies
totemperinsurgentvoices. Forexample,inresponsetothepopularunrestofthe“Arab
Spring,”oneanalystestimatedthatMiddleEasternGulfCoastgovernmentshave
increasedspendingonsocialprogramsby    billion(Kapur,    ). Similarly,inthe
wakeofthe    sand    surbanriots,scholarshavefoundthatpoliticalelites
respondedtothecivilunrestthroughincreasedspendingonwelfareprogramslikeAidto
FamilieswithDependentChildren(AFDC)andotherredistributivepolicies(Fording,
    ,    ;Skrentny,    ;HicksandSwank,    ;IsaacandKelly,    ;Clowardand
Piven,    ).
Inadditionto“carrots,”statesalsomobilize“sticks”inwhicheﬀortsatrepressionmay
trumporcomplementthoseofredistribution(Bu on,    ). Whilemuchofthe
literaturerecognizesthatstateactorsmayrespondwithbothredistributiveandrepressive
policies,mostresearchhasfocusedonbene centresponses. Onlyafewscholarshave
  investigatedwhethercivildisorderswereassociatedwithenhancedexpenditureson
policingandeﬀortsatcoercivecontrol(YatesandFording,    ;Fording,    ;Welch,
    ;Bu on,    ;FeaginandHahn,    ;Iris,    ).  eresultsofthesestudieshave
beenambiguous,withsome ndingapositiverelationshipbetweenpoliticalviolenceand
staterepressionwhileothersreportnull ndings.
Resultsacrossthebroaderliteratureonthepoliticalconsequencesofviolentprotests
andsocialmovementshavealsobeenambiguous. Summarizingthe eld,Giugni(    )
notes,“…inthewholeitisdiﬃcultoutofthisimpressiveamountofempiricalworkto
provideaclear-cutanswertothequestionwhetherdisruptioncanproducepolicy
changes….” Anumberofmethodologicalandconceptualproblemslikelycontributeto
themuddleintheseresults. First,priorworkfocusesalmostexclusivelyoneliteresponse
astheoutcomeofinterest. Asaresult,thestudiestendtohaveasmallnumberofunits,
manyofwhicharelikelyin uencedbyidiosyncraticfactorslikehistoricaland
institutionalconstraintsonelitedecisionmaking. Second,priorstudiestypicallyignore
geographicdatabeyondnarrowlypairedrioteventsandtheimmediatelyproximate
governmentaloradministrativeunits(i.e.metropolitanstatisticalareasorstates).
Consequently,theaggregateeﬀectofmultipleriotsacrossregionsoreventhenationis
unobserved.  ird,analysesoflimitedsubsetsofcitiesandriotsmayconfoundtheresults
bybiasingthesamples.
 . .  R          R     P       P       
Athirdliteraturethatinvestigatestheeﬀectsofriotsonvotingisprimarilyconcerned
withtheoriginsoflawandordercampaignstrategiesandpolicies.  eoriesthata empt
  toexplaintherisingsalienceofcrimeinthepublicconsciousnessincludearesponseto
growingnumbersofmigrantsandimmigrants(Becke andGodoy,    ),aneedabsorb
“surpluslabor”(Wacquant,    ),aproductofthe“prison-industrialcomplex”
(Schlosser,    ),successivewavesofanti-crimecampaigns(Go schalk,    ),therise
ofthewarondrugs(Boboand ompson,    ;Miron,    ),post-warsocial,
ideologicalandtechnologicaltransformationsin“latemodern”societies(Garland,
    ),theneedtobuildwinningconservativegoverningcoalitions(Simon,    ),and
moralitypolitics(Meier,    ).
Whileeachoftheseworksoﬀersinsightintotheriseofpunitivepolitics,mostfailto
oﬀeraconvincingargumentabouttiming. “Lawandorder”rhetorichasalonghistoryin
theUnitedStates(Finkelman,    ;Murakawa,    )andsoanysuccessfultheoryof
lawandorderpoliticsshouldexplainthedramaticriseinsalienceofsocialcontrolinthe
    sandearly    s.  etheoriesofWacquant(    ),Schlosser(    ),Go schalk
(    ),Simon(    ),Garland(    )andMeier(    )aretoogeneraltosatisfythis
concernandcannotadequatelyexplainwhythelawandordercampaignsarosenationally
inthemid-tolate-    sratherthanintheyearsbeforeora er. Similarly,analyseslike
thoseofBoboand ompson(    )andMiron(    )oﬀerpersuasiveargumentsthat
drugprohibitionhascontributedsigni cantlytoincreasedincarcerationbutoﬀerli le
insightintowhydrugprohibitionorothertough-on-crimeprogramsinitiallybecame
popularwithvotersandlegislators.
Becke andGodoy(    )oﬀeracross-nationalperspectiveof“hyper-penality”
acrosstheAmericas. Narrowly,Becke andGodoycitearangeofscholarshipthat
suggestsinternalmigrationandimmigrationfuelsfearandanxietybynativesandlocals
  who,inturn,supportpunitiveresponsestocrime. IntheU.S.,internalmigrationwas
occurringforhalf-a-centurybeforepunitivepoliticsbecomepopular. Between    and
    ,intheSecondGreatMigration,approximately vemillionblacksmovedfromthe
SouthtotheNorthandWest(seeFigure . . ). Despitethismassivedemographicshi ,
publicopiniondataontheconcernfor“socialcontrol”suggestsitremainedlargelya
non-issueuntilthemid-    sandthenincreasedjustasoverallblackmigration atlined.
Consequently,whilemigrationmayhavebeenanecessarycomponentoftherisingdesire
forlawandorderitdoesnotappeartobehavebeensuﬃcientonitsown.
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Figure 2.3.2: Line plot of black population by percent in South and of U.S. Source: U.S. Census Bureau,
Gibson and Jung (2002)
Broadlyspeaking,twotheoriesintheliteratureontherisingsalienceofcrimeinthe
publicconsciousnessarea entivetotheissueoftiming. Anolder“backlash”hypothesis
  arguesthatwhitemassesmobilizedagainsttheperceivedexcessesofliberalism,
particularlyinresponsetocrimeandriots(Flamm,    ). Flammoﬀersanhistorical
accountoftheemergenceoflawandorderpoliticsbeginningwithgrowingconcerns
aboutjuveniledelinquencyinthelate    s. Flammarguesthatrisingratesofcrimeand
civilunrestinthe    swerethekeysparkmotivingchangesinvotersentiment. Weaver
(    ),bycontrast,rejectsthismassmobilizationor“backlashnarrative”infavorofa
theoryof“frontlash”oranelite-ledpushthatcausedcitizenstobeconcernedwithcrime.
InlinewithscholarsofpublicopinionlikeZaller(    ),thefrontlashtheoryarguesthat
agendase ingbyeliteswasthecriticalfactordrivingmassopinion. Withfrontlash,
Weavercontendsthatresistancetothecivilrightsmovementdroveopponentstoseek
newpolicydomainsinwhichtocompete. Respondingtothesuccessofthecivilrights
agenda,right-of-centerelitepoliticalactorsbegantochampionanewagendabuiltaround
lawandorder. WhereFlammemphasizesthatlawandorderaroseinresponsetogrowing
levelsofcrimeandsocialdisorder,Weaversituatesthetasteforpunitivepolicyinthe
broaderracialstrugglesoftheperiod.  us,accordingtoWeaver,thetimingoflawand
ordercampaignsisessentiallyareactiontothecivilrightsmovement. Weavercomments
thatthestrongestinterpretationis,“punitivecriminaljusticewaspartofthepriceofcivil
rightsliberalizations”(p.    ).
Boththebacklashandthefrontlashhypothesesleaveimportantquestions
unanswered. Weaverarguesthebacklashanalysisismoreofanarrativethanatheoryand
suggestsitoﬀersli leguidanceastowhatcircumstancesshouldgenerateabacklashand
whatsortsofelectoralorpolicyoutcomesshouldbeexpected(Weaver,    ,   ).
 oughthefrontlashaccountismorefullytheorized,theevidenceinsupportofitis
  ambiguous. Weaverwrites“[t]wocrisesservedtoelevatethestatusofviolenceasa
politicalissue: crimeandriots”(p.    )yetalsoarguesthat“crimeisnottheprimary
explanation”for“whycrimecametobepoliticizedinthe    sandnotbefore”(p.    ).
 efrontlashhypothesisalsoemphasizestheimportantroleofthe    Republican
presidentialnomineeBarryGoldwater’snominationspeechandcampaignintriggering
concernaboutcrimeinthegeneralpublic(Weaver,    ,   ). Weaver’sowndata,
however,suggestthatthe rstspikeincrimesaliencecamein    ,abouttwoyearsa er
Goldwater’s    campaignanda eramodestdipinpartof    .  epublicopinion
datainFigure . . suggeststhatuntil    ,fewerthantenpercentoftherespondents
mentionedfactorsrelatedto“socialcontrol”(suchascrime)asthemostimportant
probleminAmerica.  atconcernabout“socialcontrol”remainedlowintheimmediate
wakeoftheGoldwatercampaignandthenrosesigni cantlybeforetheNixoncampaign
forthepresidencybegansuggeststhatperhapssomethingotherthanelitepolitical
rhetoricwascriticaltotheshi inpublicopinion. Inaddition,anelite-driventheoryof
publicopinionwouldneedtoexplaintheseasonalspikesandtroughsinpublicopinion
on“socialcontrol”seeninFigure . . .  ebigspikeinconcernabout“socialcontrol”in
    ,anoﬀ-electionyear,posesanadditionalpuzzleforanelite-drivenmodel.
Anadditionalquestionoftimingandgeographyremainsforthethefrontlashtheory.
Finkelman(    ,    )notethattheargumentthatcrimebecameincreasingly
racializedinthemid-    sgivesinsuﬃcienta entiontothemulti-centuryhistoryof
criminalizingblackactivitythatwaslegalforwhites. Giventhelonghistory,particularly
inthedeepsouth,ofelectedoﬃcialsracializingcrimeandcriminalizingblackactivityas
anexplicitcampaignstrategy,whydidsucheﬀortsfailtosucceedonthenationalstage
  rightthroughGoldwater’s    presidentialelectionbutthen rstbecomeascendent
regionallyinCaliforniain    andnationallyin    ?
 . .  V       ,V        R     T     
Toaddresstheseandotherconcerns,Iproposeanextensiontotheliteratureonviolence
andvotingthatincorporatesracialthreat. FollowingKey(    ),asubstantialliterature
hasdevelopedinvestigatingtherelationshipbetweenvotingbehaviorandthepresenceof
out-groups. Enos(    )notesthatdespitethelargeliteratureonracialthreat,li le
a entionhasbeendevotedtothemechanismsbywhichproximitytoanotherracial
groupmightmotivatechangesinvotingbehavior. Toaddressthisgap,heproposesa
mechanismof“materialthreat”inwhich“individualsarerespondingrationallyto
competitionoveroneormoreoutcomes,includingeconomicsuccess,politicalpower,or
socialposition”Enos(    , ).
InkeepingwithEnos’eﬀorttomorepreciselyspecifymechanismsbywhichracial
threatoperates,Iproposethat“perceivedexistentialthreat”orfearofviolencebyan
out-groupmay,attimes,alsobeakeymechanismbywhichintergroupdynamicschange
votingpa erns.⁹ SurveyresearchinLosAngelesbeforeanda ertheWa sriotfoundthat
AfricanAmericansbecamemoreblack-identi edfollowingtheunrest(Searsand
McConahay,    ). Similarly,theperceivedexistentialthreatmechanismsuggeststhat,
inresponsetofearsaboutout-groupviolence,realorimagined,in-groupandout-group
cleavagesbecomemorepronouncedandconcernsaboutsecuritybecomemoresalient.
⁹Whether perceived existential threat exists as a complement to or component of material threat de-
pendsinpartonthede nitionofmaterialthreat. IfbymaterialcompetitionEnosincludesracializedfears
of possible harm to one’s body, family or property, then my conception of existential threat would be a
subsetofmaterialthreat.
  Inessence,theurbanriotsprovokedmanywhitestobecomemorewhite-identi edand
triggeredaHobbesianmindsetinmanywhitevotersthatprioritizedin-grouporderand
safetyaboveotherpriorities. Wilkinson(    )documentsthatrepeatedactsofmass
violenceassociatedwithparticularethnic,racialorreligiousgroupshavethepotentialto
increasethesalienceofin-groupidentitiesandout-groupcleavages. Inlinewith
Wilkinson’s ndings,theperceivedexistentialthreathypothesissuggeststhattheviolence
andblackmilitancyassociatedwithurbanriotsmayhavehelpedtriggerakindofwhite
nationalisminsomevotersforwhom,previously,whiteidentitywasnotassalient.
Inadditiontoraisingthesalienceofwhiteidentity,theperceivedexistentialthreat
hypothesissuggeststhaturbanriotsmayhaveproducedadisproportionatedesireby
whitesforphysicalsecurityandsafety. Aproxyforthisanxietycanbefoundindataon
gunsales. Accordingtooneestimate,“gunsalestowhitesmorethandoubledduringthe
weekenda erWa s”(Flamm,    ,  ). Similar,trendsplayedoutnationally. Farley
(    )reportsthatabout   ,   gunsweresold,peryear,inthe rsthalfofthe    s
butthatmorethantwomilliongunsweresold,peryear,inthela erhalfofthe    sand
early    s. CitingareportfromtheNationalCommissionontheCausesand
PreventionofViolence(Newton,ZimringandonFirearms,    ,Figure  - ),Farley
alsopointsout,“inmanycitiesasharpincreaseingunsalesandregistrationsfolloweda
riot. InDetroit,forexample,thenumberofhandgunpermitsissuedbythepolice
increasedbyafactorof vebetween    and    .”
 eperceivedexistentialthreattheoryalsosuggestsunderwhatconditionsapolity
mightexperiencea“backlash”todiﬀerenttypesofracialchangeandwhatdownstream
eﬀectsmightoccurinelectoralandpolicyterms. Inatleastsomecases,itisnotracial
  change,perse,thattriggersanincreaseinthelikelihoodasigni cantmajorityofwhites
voteagainsttheblack-alignedpartybut,rather,racialchangethatoccursinconcertwith
racializedmassviolence.  us,passageofthe    CivilRightsActdidnotprevent
LyndonJohnsonfromwinningthe    presidentialelectioninalandslideandwiththe
supportofamajorityofwhites(thelastDemocratpresidentialnomineetodoso(Lublin,
    )). Conversely,intheabsenceofwidespreadfearsofracializedmassviolence,
Goldwater’stwo- stedsupportforlawandorderdidli letopreventhimfromlosing
badly.
Electorally,theperceivedexistentialthreattheorysuggeststhatthiscombinationof
heightenedracialidentityandyearningforsecuritywillshi votingbehaviorinthegroup
thatperceivesitselftobeundera ackawayfromthepartyaﬃliatedwiththose
commi ingtheactsofcollectiveethnicviolence.  egroupthatperceivesitselftobe
undera ackwillalsoshi towardspartiesthatarestronglyidenti edwiththein-group.
Putsimply,urbanriotshelpedraisethesalienceofwhitenessinelectionsandincreased
demandforawhite-identi edparty.  iselectoraloutcomealsohelpsexplainwhy
Democratsfailedtocapturelawandorderasapolicyeventhough,forexample,Lyndon
Johnsonhelpedlaunchthe rstnational“waroncrime.” AslongasDemocratswerethe
partyofblacks,theycouldn’talsobethepartythatwouldprotectwhitevoterswho
perceivedanexistentialthreatfromblacks.
Policy-wise,theperceivedexistentialthreathypothesissuggeststhatthe“threatened”
groupwillrallybehindprogramsthatpromisesecurity,especiallypromisesofsecurity
couchedintermsthatreinforcethein-groupandout-groupcleavage. Playingtothat
anxiety,Nixon’s    presidentialcampaigncleverlymarriedaliberalemphasisonrights
  withconservativeconcernsaboutorder. Forexample,duringhisnominationspeech,
Nixonproclaimed,“freedomfromfear”isthe rstcivilrightofallAmericans(Flamm,
    ,   ).¹⁰ Conversely,theexistentialthreatmechanismalsosuggeststhatintimesof
relativelylowcollectiveethnicviolence,racialandethnicblocvotingwillbelesslikely
andpoliciesthatpromiseorderpromotionwillprovelesssalient.  us,therelativelylow
ratesofviolenceandespeciallymassviolenceseenintheUnitedStatesinthelastdecade
mayhaveplayedacriticalroleinreducingaperceptionofexistentialthreatandallowinga
blackcandidateforpresident,BarackObama,tobuildawinningcross-racecoalitionfor
hispresidentialelectionin    .
Insum,Isuggestthataperceivedthreatofracializedviolenceisanimportant
componentofracialthreat. Periodsofsigni cantracialandethnicdisorderarelikelyto
increaseracialandethnicblocvotingandintensifypopularsupportforrepressive
policies. Whileitisimpossibletotesttheexistentialthreatmechanismdirectly,Itake
voters’exitfromtheDemocraticPartyasindirectevidenceofanincreasedsalienceof
raceandpreferencefor“lawandorder.”
Totesttheeﬀectofriotsonvoters’exitfromtheDemocraticParty,Ievaluatethe
relationshipbetweenpoliticalviolenceandelectoralresponseusingameasureof
exposuretoriotsacross ,   countiesintheUnitedStateswithcounty-levelvoting
behaviorastheoutcomeofinterest.  enewmethodforestimatingtheeﬀectofriots
calculatesauniqueriot‘treatment’foreachcountythatincorporatesspatial,temporal
¹⁰Currently,myspeci cationoftheperceivedexistentialthreatmechanismdoesnotspecify whycam-
paign strategies that emphasize repression seem to be more eﬀective at wooing voters than other sorts of
anti-crimeoranti-violencestrategies. Aninitialhypothesisisthatmassviolencetriggersfairlyvisceralre-
actionsinsomevotersandthat,oncetriggered,produceabiasfor“roughjustice”orvengeanceoverother
sortsofpolicyinterventions.
  andriotintensitymeasuresforeverycounty-riotdyadineveryelectionyearbetween
    and    (Formula . explainstheriotmeasureinmoredetail).  isuniqueriot
‘treatment,’inturn,allowsfortheunitsofanalysistobeeverycountyinthecontinental
UnitedStates. Finally,byusingmassvotingbehaviorinpresidentialandcongressional
electionsastheoutcome,theidiosyncraticaspectsofunobservedelitedecisionmaking
arelargelyavoided. Additionally,byanalyzingmassratherthanelitebehavior,itmaybe
possibletounderstandothermechanismsbywhichpoliticalviolencedrivespolicy
change.
 .  D   
 eprimarydataanalysisinthispaperestimatestherelationshipbetweenvoting
behaviorandexposuretourbanriots.  eoutcomevariableisthecounty-level
percentageofvotesgoingtotheDemocraticpartyinpresidentialandcongressional
electionsbetween    and    .  ecounty-levelvotingdataisdrawnfromClubb,
FlaniganandZingale(    )andtheelectoralvotedataistakenfromLeip(    ). Asa
control,thebaselinecountytendencytovoteDemocraticinelectionsiscalculatedfrom
themeanDemocraticvoteshareinthetwelveyearspriorto    (i.e.fourpresidentialor
sevencongressionalelections).
 eexplanatoryvariablemeasuringexposuretoriotsisbuiltfromdataon   urban
riotsthatoccurredbetween    and    . Carter(    )de nesariotasaneventthat
involvesatleast  participantsandgeneratesadetectablelevelofinjuryorproperty
damage.  eriotdatafromCarter(    )providesthedate,cityandstateofeach
disturbanceaswellasseveralmeasuresoftheriot’sseveritysuchasthenumberofarrests,
  injuriesanddeaths. AsevidencedinFigure . . ,amapofthelocationsofriotclusters,
thephenomenonwasnationalinscopewiththeexceptionoftheinlandregionbetween
thePaci ccoastandthemidwest.
Figure 2.4.1: Map of the geographic distribution and severity of urban uprisings, 1964-1971. More se-
vere riots are indicated by a larger radius. Bullseye-like circles indicate multiple riots of varying severity
within the same city.
 eriottreatmentisacompositevaluethatincorporatesmeasuresofdistance,time
andriotintensity.  edistancemeasureisabinarymeasurethatthattakesthevalueone
ifthedistanceisequaltoorunder   milesandzeroifthedistanceisover   miles.¹¹
Ascomparedwithsomedecayfunctioninwhichthe“strength”ofthetreatmentdeclined
withdistance,abinarymeasurethrowsawaymuchoftheavailabledata. Abinary
measureisused,however,topreciselydelineatetreatedfromcontrolunits. Asthemodel
reliesheavilyondistancebetweencountiesandriotcities,onlystatesinthecontinental
¹¹All cities and riots were geocoded at the city-level using http://batchgeo.com’s interface to Google
Maps.
  U.S.areincludedandthusallcountiesinAlaskaandHawaiiareexcluded. Figure . . 
presentsaplotoftheestimatedriot‘treatment’foreverycountybyyear. Eachdotinthe
plotrepresentasinglecountyinasingleyear.  eheightofthedotindicatestheestimate
riot‘treatment’forthatcounty. Finally,thedotsaretranslucentandji eredslightlyso
thatitiseasiertovisualizethedistributionofobservations(i.e. thedarkestswathshave
thedensestconcentration).
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Figure 2.4.2: Scatter plot of the estimated riot ‘treatment,’ by year for all counties. Each dot represents
one county in one year with the observations slightly jittered for better data visualization.
 etimemeasurecalculatesthenumberofdaysbetweenthedateoftheriotandthe
dateoftherelevantNovemberelectionbetween    and    . Aninversedecay
functionisalsoappliedtothetimemeasuresothatriotsoccurringclosertotheelection
haveasubstantiallygreater“eﬀect”thandoriotsoccurringatearliertimes.  elast
  componentoftheriottreatmentisanintensitymeasurethataccountsfortheseverityof
theriot.  isanalysisusesthenumberofarreststhatoccurattheriotevent.  enumber
ofarrestsisscaledbytakingthecuberoot.
Table 2.4.1: Summary Statistics
Variable Min Median Mean Max SD
     County Population    .     ,   .     ,   .    ,   ,   .      ,   .  
     Birth Rate per  ,     .     .     .     .    .  
     County   Black  .    .    .    .    .  
Riot Arrests  .     .     .    ,   .      .  
Riot Injuries  .    .     .    ,   .     .  
Riot Acts of Arson  .    .     .    ,   .      .  
Riot Deaths  .    .    .     .    .  
Days of Rioting  .    .    .     .    .  
     Riot ‘Treatment’  .    .    .      .     .  
     Riot ‘Treatment’  .    .     .      .     .  
     Riot ‘Treatment’  .     .     .      .      .  
     Riot ‘Treatment’  .     .     .      .     .  
     Riot ‘Treatment’  .     .     .      .     .  
Additionalcounty-leveldataonresidentpopulation,racialcomposition,andbirthrate
aretakenfromthe    and    censuses. For    ,    ,and    ,Iestimate
linear-interpolationsoftheresidentpopulationandpercentblackbetween    and
    .¹² Summarystatisticsfortheriot‘treatment’compositeandthedemographicdata
arepresentedinTable . . .
 ecensusprovidesdataonthenumberofwhiteandblackresidentswithineach
¹²According toGeoLytics, Inc.(    ), more detaileddatais not availableatthe county-level until the
    census. Futureextensionswill a empttoincorporatenon-censusdatafrom“County andCityData
Books” (Inter-University Consortium for Political and Social Research,     ) as well as data from other
state-levelor SMSA-levelsources.
  county. Fromthesedata,anestimateofthepercentageofthecountythatisblackis
calculated(nodataisavailablein    onresidentpopulationthatisneitherwhitenor
black).  erelationshipbetweentheracialcompositionofacountyandthechangein
Democraticvoteshareappearstobenon-linearandsoasquaredtermisincludedaswell.
 .  M                                         
Usingordinaryleastsquares,Iestimatetherelationshipbetweenexposuretoriotsand
votingbehaviorinasfollows:
votei = α + β treati + β perblacki + β (perblacki)
  +
+β log(popi) + β birthsi + β lagi + β xi + εi ( . )
 etermvotei isthepercentageofthevotereceivedincountyibytheDemocratic
presidentialcandidateinagivenelectionyear.  etermtreati representstheriot
‘treatment’forcountyiinthatelectionyearandisde nedinmoredetailinEquation . .
 eperblacki termmeasuresthepercentofeachcountythatisblackandtheperblack 
i
termisthesamemeasuresquared.  elog(popi)termisthelogofthecountypopulation
andthebirthsi termmeasuresbirthsper ,   countyresidentsin    . Finally,thelagi
termisthemeanDemocraticvoteshareoverthelasttwelveyearsineitherpresidential
elections(i.e.fourpriorelections)orcongressionalelections(i.e.sevenpriorelections).
 exi termrepresentsotherdeterminantsofcounty-levelvotingbehavior,particularly
region-levelorstate-level xedeﬀectsand εi istheerrorterm.
Ialsoestimateapanelmodeloftherelationshipbetweentheriot‘treatment’and
  votinginpresidentialandcongressionalelections.  ispanelmodelissimilartothatin
Equation . buteachobservationisauniquecounty-yearpairandthemodelincludes
countyandyear xedeﬀects.  epanelmodelisspeci edinEquation . and,where
appropriate,thetermsareindexedfortheyearjinwhichtheyareobserved.  us,voteij
representstheDemocraticvoteshareincountyiinyearj.
voteij = α + β treatij + β perblackij + β (perblackij)
  +
+β log(popij) + β birthsi + β lagi + β xi + εi ( . )
Iestimatetheriottreatmentas:
treatij =
n ∑
k= 
distanceik  timejk  intensityk ( . )
TounderstandFormula . ,itisusefultobeginwithasinglecounty,riotandyear. First,a
distanceiscalculatedbetweenthecounty-riotpair. Second,thetimeindaysiscalculated
betweentheriotandtheelectioninthegivenyear. Finally,theriotintensityisestimated
fromthenumberofarrestsattheriot.  ethreemeasuresareeachscaledandthen
multipliedtoproduceaspeci ccompositecounty-riot-year‘treatment.’ Allotherthings
beingequal,acountywillbeexposedtoastronger‘dose’wheneverariotisnearer
geographically,occursclosertoelectiondayorhasalargernumberofpeoplearrested.
Withinagivenyear,thisprocessisthenrepeatedforallcounty-riotdyads. Ultimately,for
eachcounty,the nalriot‘treatment’isthesumofeveryindividualriot‘eﬀect’onthat
countythathasoccurredbeforetherelevantelectionday.
  Moreprecisely,inthemodel,eachcountyireceivesaunique‘treatment’iinyearj.  e
treatmentij isthecumulative‘eﬀect’orsumofallkriotsoccurringpriortotheelectionin
yearj.  edistanceik isabinarymeasurethatequalsonewhentheeachriotkandeach
countyiareatleastwithin   milesofeachotherandzerootherwise.  etimejk isan
inversescalednumberofdaysbetweenriotjandtheelectiondayinyeark.  eintensityj
isascalednumberofarrestsinriotj. timejk isscaledbyanon-lineardecayfunction.
 .  E                         ‘         ’  D             
     
Table . . presentstheestimatedassociationbetweentheyear-speci criot‘treatment’
andthecounty-levelDemocraticpresidentialvoteshareinthe    ,    and    
elections. In    ,aoneunitincreaseintheriot‘treatment’isassociatedwithabouta
- . percentagepointchangeinthecounty-levelDemocraticvoteshare(   CI:- . ,
- . ).  oughstatisticallysigni cantatconventionallevels,the   con denceinterval
iswide,perhapsowingtothesmallnumberofriotsoccurringpriortothe    
presidentialelection.¹³ In    ,aoneunitincreaseintheriot‘treatment’ismore
preciselyestimatedatabouta- . percentagepointchangeintheDemocraticvoteshare
(   CI:- . ,- . ). Likewise,in    ,aoneunitincreaseintheriot‘treatment’is
associatedwithanapproximately- . percentagepointchangeintheDemocraticvote
¹³In    ,mostcountiesareestimatedtohavereceivedalmostnoriot‘treatment.’  erefore,the    
presidentialelectionmayrepresentthebestcomparisonof‘treated’andcontrolcounties(SeeTable . . ).
By     , according to the model, all counties experienced some degree of exposure.  us, the large esti-
mated eﬀect of riots on Democratic vote share in      may represent a more accurate assessment of the
eﬀectofriotsonvotingbehaviorandthelaterelectionsmaybebiaseddownwardbytheabsenceofatrue
untreatedcontrolgroup. IthankMichaelTeslerforthisinsight.
  Table 2.6.1: Riot ‘Treatment’ on Democratic Presidential Vote Share, 1964 to 1972
              
Riot ‘Treatment’   :     :     :  
( :  ) ( :  ) ( :  )
Percent Black    :      :      :  
( :  ) ( :  ) ( :  )
(Percent Black)    :      :     :  
( :  ) ( :  ) ( :  )
Log(Population)  :    :    :  
( :  ) ( :  ) ( :  )
Birth Rate  :    :    :  
( :  ) ( :  ) ( :  )
Mean Dem. Vote Share (’  -’  )  :    :    :  
( :  ) ( :  ) ( :  )
Percent Pop. Growth   :     :     :  
( :  ) ( :  ) ( :  )
Median Age  :    :    :  
( :  ) ( :  ) ( :  )
Median Income (   s)  :    :    :  
( :  ) ( :  ) ( :  )
Median Years Schooling   :     :     :  
( :  ) ( :  ) ( :  )
Percent Unemployed  :    :    :  
( :  ) ( :  ) ( :  )
Percent Foreign Born  :    :    :  
( :  ) ( :  ) ( :  )
Per Capita Gov. Revenue  :    :    :  
( :  ) ( :  ) ( :  )
N               
R   :    :    :  
adj. R   :    :    :  
Resid. sd  :    :    :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
Riot‘Treatment’calculatedseparatelyforeachelection
Regionalcontrolsnotpresented
  share(   CI:- . ,- . ).
 esummarystatisticspresentedinTable . . showthattheestimatedriot
‘treatment’for    rangesfromaminimumof inApache,AZ(farfromanysigni cant
riotactivity)toamaximumofabout inPo er,PA(closetooneofthelargestriotsin
Newark,NJ). us,theresultsinTable . . ,suggestthatexposuretoriotsmayhave
resultedinashi inDemocraticvotesharefromabout percentagepointsintheleast
exposedcountiestoabout- . percentagepointsinthemosthighlyexposedcounties. In
sum,theseresultssuggestthatexposuretoriotssigni cantlyin uencedcounty-level
presidentialvotingpa ernsbetween    and    .
Table . . presentstheestimatedassociationbetweentheyear-specifcriot‘treatment’
andthecounty-levelDemocraticcongressionalvoteshareinthe veelectionsbetween
    and    . Unlikethepresidentialelectionresults,in    and    ,theriot
‘treatment’exhibitsapositiveandinsigni cantrelationshipwithDemocraticvoteshare.
Beginningwiththe    election,however,theresultsinTable . . suggestthataone
standarddeviationincreaseinacounty’sexposuretotheriot‘treatment’wasassociated
witha- . percentagepointchangeDemocraticvoteshareincongressionalelections
(   CI:- . ,- . ). Similarly,in    aoneunitincreaseinacounty’sexposuretothe
riot‘treatment’wasassociatedwitha- . percentagepointchangeDemocraticvoteshare
incongressionalelections(   CI:- . ,- . )and,in    ,a- . percentagepoint
changeDemocraticvoteshare(   CI:- . ,- . ).¹⁴
¹⁴One diﬀerence between the presidential and the congressional model is that, in the la er case, the
data appeared to be signi cantly noisier than in former. To address a non-trivial number of districts with
extremevalues(i.e.almostallthevotesforoneparty),countieswithalaggedmeanDemocraticvoteshare
(again, the past seven elections) less than   or greater than    are dropped from the analysis.  e results
arerobusttothischange.
  Table 2.6.2: Association between Riot ‘Treatment’ and Democratic Congressional Vote Share, 1964 to
1972
                        
Riot ‘Treatment’  :     :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Percent Black  :     :      :     :      :  
( :  ) ( :  ) ( :  ) (  :  ) (  :  )
(Percent Black)    :    :     :      :     :  
(  :  ) (  :  ) (  :  ) (  :  ) (  :  )
Log(Population)  :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Birth Rate   :     :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Mean Cong. Dem. Vote Share (’  -’  )  :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Percent Pop. Growth   :    :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Median Age  :    :     :     :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Median Income (   s)  :     :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Median Years Schooling   :     :     :     :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Percent Unemployed  :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Percent Foreign Born  :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
Per Capita Gov. Revenue  :    :    :    :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  )
N                         
R   :    :    :    :    :  
adj. R   :    :    :    :    :  
Resid. sd  :     :     :     :     :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
CountieswithmeanDem. voteshare< or>  excludedfromanalysis
Riot‘Treatment’calculatedseparatelyforeachelection
Regionalcontrolsnotpresented
  Between    and    ,theresultsinTable . . ,suggestthatexposuretoriotsmay
haveresultedinashi inDemocraticvotesharefromalowof percentagepointsinthe
leastexposedcountiesofthe    congressionalelection(again,Apache,AZ)toapeak
ofabout- . percentagepointsinthemosthighlyexposedcountiesofthe    
congressionalelection(suchasColumbia,PA).
Table 2.6.3: Panel Models of Association between Riot ‘Treatment’ and Democratic Presidential and
Congressional Vote Share, 1964-1972
Presidential Elections Congressional Elections
Riot ‘Treatment’   :     :  
( :  ) ( :  )
Percent Black    :     :  
(  :  ) (  :  )
(Percent Black)      :      :  
(  :  ) (  :  )
log(Population)  :     :  
( :  ) ( :  )
Year:        :  
( :  )
Year:         :     :  
( :  ) ( :  )
Year:       :  
( :  )
Year:         :     :  
( :  ) ( :  )
N           
R   :    :  
adj. R   :    :  
Resid. sd  :     :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
  Table . . presentstheresultsofthepanelmodelestimatingtheassociationbetween
theriot‘treatment’andDemocraticvoteshare. Asthepanelmodeluses xedeﬀectsfor
eachcounty,anyunobservednon-varyingcounty-levelfactorsshouldbeaddressed.
Similarly,thepanelmodelusesyear xedeﬀectstoaccountforunobservedtimetrendsin
thedata. Aswiththepriorresults,theriot‘treatment’isnegativelyandsigni cantly
associatedwithDemocraticvoteshareinpresidentialandcongressionalelections
between    and    . Forpresidentialelections,aonestandarddeviationincreasein
theriot‘treatment’isassociatedwitha- . percentagepointchangeDemocraticvote
share(   CI:- . ,- . ). Forthecongressionalelections,I ndthatexposuretoriot
activityisassociatedwith- . percentagepointchangeDemocraticvoteshare(   CI:
- . ,- . )
 . .  C               M     L     K   ,J .                
Asriotoccurrencewashighlyidiosyncratic(Spilerman,    ;OlzakandShanahan,
    ),manycounterfactualscenarioscouldbeenvisionedinwhichfewereventsofcivil
unrestoccur. Figure . . presentstheexpectedallocationofelectoralvoteinthe    
presidentialelectionunderonesuchplausiblecounterfactual. Inthisscenario,Iestimate
arevisedriot‘treatment’asifMartinLutherKing,Jr.hadnotbeenassassinatedonApril
 th,    and   riotshadnotoccurredintheimmediatewakeofhisdeath.
(Figure . . presentsabarchartofurbanriotsbymonthandshowstheunusual
distributioninApril.)
Toestimatethecounterfactualelection,Iremovethe   riotsfromApril    from
thedataandcalculate rstdiﬀerencesbetweentheobservedriot‘treatment’andthe
  Number of Riots Not Occurring in Counterfactual Scenario
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Figure 2.6.1: Plot of the estimated allocation of electoral votes for Humphrey under the counterfactual
scenario of Martin Luther King, Jr. not being assassinated and 136 riots not occurring in April, 1968. The
blue horizontal line indicates the number of electoral votes needed to win the presidency (assuming third
party candidate George Wallace stays in the race receives the same number of electoral votes as in the
actual 1968 election). At 270 electoral votes, Humphrey wins irrespective of what might have happened
with Wallace.
  counterfactualriot‘treatment’foreachcountyinthecontinentalUnitedStates. Fromthis
 rstdiﬀerence,IestimatethechangeinthenumberDemocraticvotesineachcounty. For
theseestimates,increasestotheDemocraticvotetotalwereassumedtocomeonlyatthe
expenseoftheRepublicanvotetotalandnotfromthoseofGeorgeWallace’sthirdparty
candidacy.¹⁵ Aggregatingthecounterfactualvotetotalsforeachcountythenallowsforan
estimateofthestate-levelvotetotalsand,ultimately,thewinnerofthestate’selectoral
votes.  isprocessisthenrepeatedforeachadditionalviolentprotestuntila
counterfactualscenarioinwhichall   riotsareassumedtohavenotoccurred. By
re-estimatingeachcandidate’sallocationofelectoralvotesunderthecounterfactualof
fewerriots,itispossibletoseeiftheRepublicancandidate,RichardNixon,orthe
Democraticcandidate,HubertHumphrey,wouldhavecarriedtheelection.
Underthecounterfactualscenarioinwhich   riotsinApril,    hadnotoccurred,I
estimatethatHumphreywouldhavewonanadditional . millionvotesnationallyanda
majorityofthevotesinsixadditionalstates: Delaware,Illinois,Missouri,NewJersey,
OhioandWisconsin.  eseswingstateswouldcollectivelyhaveprovidedHumphrey
withanadditional  electoralvotesandallowedhimtowinthe    election
comfortablywithatotalof   electoralvotes.¹⁶
Figure . . presentsamapoftheallocationofelectoralvotesinthe    presidential
electionunderthecounterfactualscenarioofMartinLutherKing,Jr.notbeing
assassinatedand   riotsnotoccurringinthewakeofhisdeath. Ascanbeseenin
¹⁵Futureextensionsofthispaperwilla empttomodelthereallocationofvotesinathree-wayraceusing
a multinomial model, Monte Carlo simulations, as well as counterfactual elections at the congressional
level.
¹⁶As Alaska, Hawaii and the District of Columbia are excluded from the statistical model, they are as-
sumed to remain unchanged with Nixon carrying Alaska’s three electoral votes and Humphrey carrying
HawaiiandD.C.’sseven.
  Candidate
Humphrey Actual
Humphrey Counterfactual
Nixon
Wallace
Figure 2.6.2: Choropleth map of the United States with electoral votes allocated under the counterfac-
tual scenario of Martin Luther King, Jr. not being assassinated and 136 riots not occurring in the wake
of his death. As noted in Figure 2.6.1, under the counterfactual, the following states tip from Nixon to
Humphrey: Delaware, Illinois, Missouri, New Jersey, Ohio and Wisconsin. In the map, these states are
labeled ‘Humphrey Counterfactual’ in the legend. In this scenario, Humphrey wins the 1968 presidential
election comfortably with an estimated 287 votes in the electoral college.
  Figure . . ,noneofthestatesHumphreyisestimatedtopickup(i.e.Delaware,Illinois,
Missouri,NewJersey,OhioandWisconsin)areSouthern.¹⁷ WhileNixoniswidely
creditedwithhavingwonthe    electionwitha“SouthernStrategy,”inactuality,he
winsveryli leoftheSouthand,inthesecounterfactuals,theswingstatesare
mid-AtlanticandMidwestern. AmoreaccurateinterpretationoftheSouthernStrategyin
    isthatithelpedNixonpeeloﬀwhitemoderatevotersinmiddleAmericabutdid
li leforhimintheSouth. In    ,thethirdpartycandidacyofGeorgeWallacecarries
thedeepsouthbut,hadGeorgeWallacenotrunandallofthedeepsouthstatesgoneto
Nixon,Humphreywouldstillhavewonunderthecounterfactual. In    ,acoalitionof
whiteliberals,whitemoderatesandblackshelpedtheDemocraticpartywinthe
presidencydecisively. In    ,byspli ingthatcoalitionandpullingwhitemoderates
outsideofthesouthintotheRepublicanfold,Nixonprevailed.
 .  E         
Whiletheseresultssuggestaplausiblycausalrelationship,theassociationbetweenriots
andvotingfoundheredoesnotprovideconclusiveevidenceofacausalrelationship. It
maybepossibletouseaninstrumentalvariableapproachdevelopedbyCollinsetal.
(    )toevaluatetheeﬀectofriotsonpartisanship. MartinLutherKing,Jr.was
assassinatedinApril,    and,partlyinresponse,arecord   riotsoccurredoverthe
courseofthemonth. Usingcity-levelweatherdatafromApril    asaninstrumentfor
whetherariotoccurred,Iintendtoinvestigateifurbanriotscausedapartisanshi in
votingbehaviorbetweenthe    and    presidentialelections. Resultsfromthis
¹⁷Missouriisclassi edaspartoftheMidwestbytheUSCensusBureau.
  analysiscouldbethe rstcausalassessmentoftheeﬀectofriotsonAmericanpolitical
outcomes.
Anadditionalquestionthatremainsunresolvedbythisanalysisiswhy“lawandorder”
remainedapoliticallysalientissuefordecadesdespiteacollapseincrime’sperceived
importance. Morenarrowly,whydidtheearlyfederalmeasuresevolveintoadurableset
ofanti-crimepoliciesthatdramaticallyincreasedimprisonment? Aclearermechanismby
whichcrimehasremainedsalientinpoliticalcampaignsandevolvedintopolicy
innovationslikethewarondrugsisessentialthoughbeyondthescopeofthispaper.
 .  V               -              
 eevidencepresentedthusfarsuggeststhatviolentprotestsbyblacksmayhaveplayed
animportantroleinshi ingsupportawayfromDemocratsandtowardsadesireformore
repressivelawenforcement.  elastingconsequencesofthisshi havecontributedtothe
riseofoneofthemostrepressivelawenforcementregimesintheworld(Go schalk,
    ). Putsimply,inthepost-civilrightsera,blackmilitancymayhavebeenjusti edbut
wasnotstrategic.
Bycontrast,themoderatestrategiesoftheearliercivilrightsperiodappeartohave
beenhighlyeﬀective. Again,putsimply,inresponsetobrutalactsofracism,non-violent
civildisobediencemayhavebeenunjusti edbutwasstrategic.¹⁸ Asshownin
Figure . . ,publicconcernwithcivilrightsjumpeddramaticallybetweenMarchand
¹⁸Onthejusti abilityofnonviolence,forexample,MalcolmXhasargued“Concerningnonviolence: It
iscriminaltoteachamannottodefendhimself,whenheistheconstantvictimofbrutala acks. Itislegal
andlawfultoownashotgunorari e. Webelieveinobeyingthelaw.”Alongsimilarlines,MalcolmXalso
states,“Idon’tcallitviolencewhenit’sself-defense,Icallitintelligence”(MalcolmX,    ).
  September    . Inthemiddleof    ,ahandfulofkeyeventsoccurredthatmayhave
shi edpublicopiniontowardprioritizingcivilrights. InMay,non-violentcivilrights
protestorswerea ackedbydogsand rehoseswhileprotestingdiscriminationin
Birmingham,Alabama. ImagesofthebrutalrepressionbyCommissionerofPublicSafety
Eugene“Bull”Connorwerebroadcastaroundtheworld. InJune,Mississippi’sNAACP
 eldsecretary,MedgarEvers,wasmurderedoutsidehishome. InAugust,approximately
   ,   peoplea endedthepeacefulMarchonWashington. Finally,inSeptember,four
youngblackgirlsa endingSundayschoolwerekilledwhenabombexplodedatthe
SixteenthStreetBaptistChurch,alocationpreviouslyusedbycivilrightsorganizers.
Muchaspoliticalviolenceassociatedwithblackriotersmayhavefueleddemandfor
socialcontrolinthela er-halfofthe    s,itappearsplausiblethatviolenceassociated
withwhitesupremacistsandnonviolenceassociatedwithblacksinthe rsthalfofthe
    smayhavemovedmoderatewhitestowardselevatingcivilrightstothepositionof
mostimportantprobleminAmerica.
Inhis    presidentialnominationspeech,BarryGoldwaterreceivedarousing
responsewhenhebellowed,“Extremisminthedefenseoflibertyisnovice. Andletme
remindyoualsothatmoderationinthepursuitofjusticeisnovirtue”(Flamm,    ).
 eevidencepresentedinthepaper,however,suggeststhat,inthecontextofU.S.
democraticpolitics,violentextremismmaydomoreharmthangoodtoitsowncause.
 is ndingechoesthatofStephanandChenoweth(    )who ndthatnon-violent
movementsaresuccessfulatachievingtheirgoalsabout  percentofthetimeand
violentmovementsabout  percentofthetime.¹⁹ Similarly,inpost-warAmerica,
¹⁹ ey also draw a distinction between strategic nonviolence and principled nonviolence which they
describeastheproductofethicalorreligiousbeliefs.
  moderatenon-violentcivildisobediencemayhavebeenhighlyvirtuousintermsofits
abilitytoelevatetheagendaofapersecutedminoritytoajustcausesupportedbya
winningcoalitionofAmericans.
   .  A       
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Figure 2.9.1: Plot of the distance decay function for one county
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Figure 2.9.2: Line plot of black party identiﬁcation, 1936 to 2004. Sources: (Bositis, 2008). Lines drawn
with loess smoothing function.
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Inthe    sandearly    s,morethan   incidentsofblack-ledcivilunrestexploded
acrossAmericancities. Atthesametime,inelectionsacrossthecountry,moderatewhite
votersabandonedtheDemocraticpartyinlargenumbersandincreasinglyvotedfor
Republicancandidatespromising“lawandorder.” Whetherthe    sblackuprisings
in uencedrisingwhiteconservatismremainsasubjectofscholarlydebate(Weaver,
    ). Didmoderatewhitevotersshi totherightinoppositiontolandmarkcivilrights
legislationorinresponsetoviolentprotestsandperceptionsofgrowingsocialdisorder?
Waswhite ightfromtheDemocraticpartydrivenmorebyeliteormassbehavior? Why
wastheissueof“lawandorder”capturedbyRepublicansratherthanDemocratswho,
underPresidentJohnson,initiatedthe rstnational“waroncrime”?
LookingatCongressionalandPresidentialelectionsbetween    and    ,Wasow
(    )oﬀersevidencethat,atthecounty-level,black-ledviolentprotestscauseda
declineinsupportfortheDemocraticparty. Buildingonthesubstantialliteraturearound
“racialthreat,”Wasowproposesthatfearofviolencebyanoutgroup(inthiscase,blacks),
or“perceivedexistentialthreat,”changedvotingbehaviorbyaningroup(whites). In
short,echoingworkincomparativepoliticsonriotsandethniccon ictinIndia
(Wilkinson,    ;Varshney,    ),Wasowarguesthatviolentnationalistprotestsbya
subordinategrouptriggeredaformofreactionarynationalisminthedominantgroup.
Howdidurbanuprisingsin uencevotingbehavior? Wasow(    )proposestwo
maineﬀects. First,violentprotestsbyblacksincreasedthepoliticalsalienceofracial
boundariesandidentities. Second,civilunrestbyblacksincreasedconcernsaboutsocial
   controlandtheabilityofthestatetoprotectmembersofthewhiteingroup. Hewrites,
“Inessence,theurbanriotsprovokedmanywhitestobecomemorewhite-identi edand
triggeredaHobbesianmindsetinmanywhitevotersthatprioritizedingrouporderand
safetyaboveotherpriorities.”  oughevidencesuggestsbothdynamicsareatplay,
aggregatedinformationlikecounty-levelvotingdata,publicopinionpollsandgunsales
statisticsoﬀeronlyanindirectmacrocase. Atthemicro-level,Wasowpresentsli ledirect
evidencethatanyindividualinthe    sperceivedracialorexistentialthreat.
Totestifperceivedexistentialthreatoperatesatamicro-level,Iconductalab
experimenttoassessthedegreetowhichexposuretoviolencebyasubordinategroup
mightincreasethesalienceofethnicorracialidentitiesinthedominantgroupaswellas
changea itudesaboutissuesofsecurity. Inthecontextofthe    s,sucharesultmight
helpexplainwhyasigni cantsubsetofwhitevotersswitchedfromtheDemocraticparty,
whichbecameidenti edwithsupportingblackinterests,totheRepublicanparty,which
embracedpoliciesandrhetoricassociatedwithwhiteinterests.
 .  W                     ?
In    ,V.O.KeyobservedthatasthepercentageofblackresidentsinSoutherncounties
increased,whitestendedtoturnouttovoteathigherrates. WhatKeydescribedasakind
of“Negrophobia,”isnowcommonlyreferredtoas“groupthreat”or“racialthreat”andis
generallyunderstoodto owfromafeelingofanimustowardsorcompetitionwithan
outgroupthatthreatensthematerialinterests,safetyorsocialstatusofone’singroup
(Key,    ;Blalock,    ;CullenandWilcox,    ). Despiteasubstantialliterature,the
evidenceinfavoroftheracialthreathypothesisisambiguous. Forexample,Enos(    )
   notesthatthoughelectoralcompetitionhaso enbeenpresumedtobeakeydriverof
racialthreat,atthetimeofKey’sanalysisfewblackscouldvoteintheJimCrowSouth.
Manyobservationalstudieshavecon rmedKey’sinitial ndingofapositive
relationshipbetweenoutgrouppopulationsizeandingroupvotermobilization(Blumer,
    ;Quillian,    ;GilesandHertz,    ;HillandLeighley,    ;Enos,    ). Other
studies,however,havenotsupportedtheracialthreathypothesis(Voss,    ;Leighley
andVedlitz,    ;Bledsoeetal.,    ). Finally,somestudieshavefoundbothpositive
andnegativeevidence. Enos(    )conductsa eldexperimentinLosAngelesand nds
evidenceofincreasedAfricanAmericanturnoutwhenexposedtocuesofracialthreat
fromLatinosbutnottheconverseasLatinosareunresponsivetosignalsofracialthreat
byAfricanAmericans. BarberandImai(    )geocodeover  millionvoterregistration
recordsinCaliforniaandFloridaand ndthat,overall,a  percentagepointincreasein
theoutgroupinavoter’sneighborhoodleadstoaonepercentagepointdecreaseinthe
probabilityofturnout. BarberandImai’seﬀects,though,diﬀerbyracialgroupwithblack
turnoutnegativelyaﬀectedbythesizeoftheoutgroupandwhiteturnoutgenerally
increasing.
 oughtheoriesofracialthreathavebeenre nedovertime(BoboandHutchings,
    ),thepersistenceofcon ictingresultssuggestthatracialthreatmaybemoreofa
contextualthanauniversalphenomenonandthatscholarsshouldshi fromdebatingthe
existenceofthedynamictoidentifyingthesituationsinwhichgroupthreatoperatesoris
stimulated. Wasow(    )arguesthatviolentprotestsbyanoutgroupmaybeonesuch
situationthatprovokesfeelingsofracialthreatandthisstudya emptstotestthevalidity
ofthathypothesisbyinvestigatingtheroleofviolentandpoliticizedimageryindriving
   feelingsofingroupidenti cationandadesireforsocialcontrol.
 . .  I                    
Haidt(    )arguesthatthehumancapacityfor“groupism,”beitreligious,ethnic,or
alongsomeotherdividingline,isanevolvedsolutiontocollectiveactionproblemsin
whichitisadvantageoustohaveindividualssacri ceforthegreatergoodofthewhole. In
hiswords,humansare“  percentchimpand  percentbee”andourcapacityfor
hive-mindlikebehaviorandcooperationhasbeenenormouslyadaptiveinevolutionary
terms. WorkonSocialIdentity eoryhasalsoshownthatindividualswillsacri cefor
thebene tofgroupsTajfeletal.(    ). BuildingonSocialIdentity eroy,Dawson
(    )demonstratedthatanindividual’ssenseof“linkedfate”toalargergroupcanalso
leadtobehaviorthatovercomescollectiveactionproblems. Whetherviewedwithin
Haidt’sframeworkorSocialIdentity eory,racialthreatcanbeseenasoneofmany
processesthatactivatethebeeorgroup-identi edpartofthehumanpsyche.
Whatroledoesawarenessofoutgroupviolenceplayinracialthreat? Perceptionsof
violenceandcrimethatcleavealonggrouplinesappeartobeonepowerfulwayto
“activatethebee.” Eitle,D’AlessioandStolzenberg(    )disaggregateracialthreatinto
threeconceptuallydistinctformsand ndstrongsupportforasenseofthreatamong
whitesfromperceptionsofblack-on-whitecrime(butnotfromblack-on-blackcrime).
Economicthreatsandpoliticalthreats,bycontrast,appeartoexertli lepowerintheir
SouthCarolinasample. GilliamandIyengar(    )experimentallyinvestigatethe
intersectionofrace,violenceandmediaand ndthatlocalnewsreportingofviolent
crime“‘racializes’politicaldiscourse”byintertwiningpublicopiniononpolicywith
   a itudesaboutrace. RahnandTransue(    )explorethepoliticalsigni canceoffearof
crimeand ndthat,forsociallyisolatedindividuals,fearofcrimeislargelydrivenby
mediaanderodesfaithingovernmentresponsiveness.  ougheachofthesestudies
illuminatesanaspectofhowraceandviolenceintersecttodrivefeelingsofracialthreat,
theunderlyingpsychologicalmechanismsatplayremainobscure. Morenarrowly,Wasow
(    )’shypothesisthatcuesaboutoutgroupviolencecanin uenceingroup
identi cationisuntested.
Doesexposuretoviolentprotestsprovokeadiﬀerentthreatresponsethanthatof
violentcrime? Inaddition,dorace,violenceandpoliticsintersectinwaysthattrigger
diﬀerentfeelingsofthreat? SidaniusandPra o(    )extendSocialIdentity eoryto
accountfortherecurringpa ernshierarchyamongsocialgroups.  eyarguethatmass
violenceorpoliticizedviolencebyasubordinategroupmaybeaparticularlypotentway
toactivatefeelingsofgroupthreat:
“…violenceagainstdominantsatthehandsofsubordinateswillbe
consideredmoreseriousbecausesuchviolencereachesbeyondmere
criminalityandconstitutesactsofsociopoliticalinsubordination. Such
violentinsubordinationbecomesapotentialthreattothestabilityand
integrityofthegroup-basedsystemofsocialhierarchyitself”(p.    ).
BeyondSidaniusandPra o(    ),though,li lehasbeendonetotesthowpolitical
contentandviolenceinteractwhenassessingfeelingsofracialthreat.
Wheremostofthescholarshiponracialthreatexplainsthephenomenonthrough
someformofantipathytoanoutgroup,KnowlesandPeng(    )’sresultssuggestthe
possibilityofaﬃnitytoaningroupasanindependent(though,likely,o en
interdependent)forcetoconsider. Incontrasttothesemodelsofgroupidentityforged
   primarilyincompetitionandcon ict,KnowlesandPeng ndthatawarenessofone’sown
membershipinaningroupmaydependsubstantiallyonthepresenceofanoutgroup. For
example,they ndthatgrowingupinmoreraciallydiverseareasisassociatedwith
scoringhigherontheWhiteIdentityCentralityImplicitAssociationTest(explainedin
moredetaillater). WhileKnowlesandPeng’sresultsmightalsobedrivenbyintergroup
competitionandcon ict,nothingintheirmodelpresumessuchadynamic.  eirmodel
proposesthataperson’ssenseofwhiteidenti cation“derives(inpart)fromindividuals’
socialexposuretonon-Whitesandsubsequentlyshapesindividuals’cognitionsand
emotionsbybindingevaluationsoftheselftothoseoftheungroup”(p.    ). Echoing
theworkofBarthetal.(    ),KnowlesandPeng’sworksuggeststhatthemeaningand
salienceofidentityishighlycontextualandsigni cantlyinformedbyinteractionswith
outgroups.¹ Howmuchofracialthreatisdrivenbyingroupaﬃnityversusoutgroup
antipathyremainsanopenquestion.
 . .  P           
FollowingKey(    ),muchofthepoliticalscienceliteratureonracialthreatfocuseson
votingbehavior. Insociology,criminologyandother elds,however,researchonracial
threato eninvestigatesitseﬀectsona itudes,particularlyonissueslikesocialcontrol.
Opinionsabouttheappropriatelevelofpunitivenessinthecriminaljusticesystemvary
signi cantlybyrace(BoboandJohnson,    ). Usingframingexperiments,Boboand
Johnson(    ) ndanti-blackaﬀectisasigni cantdriverofthe“tasteforpunishment”
amongwhites. Racialthreat,asmeasuredbyminoritypopulationsize,alsoappearsto
¹Formoreonthecontextualnatureofwhiteidentity,seeMcDermo andSamson(    ).
   playanimportantrole. Anumberofstudies ndthat,evena eraccountingforavariety
ofconfoundingfactorsincludinghomiciderates,thesizeoftheminoritypopulationina
stateisasigni cantpredictorofitspunitivenessasmeasuredthroughindicatorslikethe
incarcerationrateandthepresenceofadeathpenalty(JacobsandCarmichael,    ;
Jacobs,CarmichaelandKent,    ;Jacobs,MaloneandIles,    ).  eroleofviolent
protestsintriggeringpunitivenessisunclear,though.
 . .  A“               ”      ?
Incontrasttomoregeneraltheoriesofgroupthreat,IextendWasow(    )toproposea
narrower,contextualmodelinwhichperceptionsofviolencebyanoutgroupcanprovoke
a“circlethewagon”mentalityamongmembersoftheingroupthatheighteningroup
identity,increaseoutgroupantipathyandmotivategreaterconcernforsafety.²  e“circle
thewagon”phenomenonappearstooperateabitlikea“rally’roundthe ag”eﬀect
(Mueller,    )inwhichexternalcon ictdrivesincreasednationalistfervorand
patriotism. Perceptionsofaninternalthreatbyadomesticoutgroupdiﬀerfromthe“rally
’roundthe ag”dynamic,however,inanumberofcriticalways. First,theseperceived
con ictsaresub-nationalandtypicallyworkacrosscleavagesofraceandethnicityrather
thancountry. Second,ratherthanasurgeofnationalpride,theseperceivedcon icts
generateaheightenedsenseofallegiancetotheethnicorracialingroup.  ird,wherethe
“rally’roundthe ag”dynamicleadstogreatersupportforaPresidentorthestate,these
² e idiom “circle the wagons” comes from the history of the early American West and is de ned by
Reference.com as a maneuver “to form the wagons of a covered-wagon train into a circle for defensive
purposes, as against Indian a ack” (Dictionary.com,     ).  ough the term can refer to more general
formsofdefensivenessandinwardlooking,itsetymologicalrootsininterracialcon ictmakeitespecially
aptasawaytodescribeatypeofgroupthreat.
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Figure 3.2.1: Typology of events by the tactics utilized, political orientation of event and race of partici-
pants. The ﬁrst phase of this study focuses on variation in responses to violent acts when committed by
blacks as compared with whites. The second phase of the study may focus on a broader range of event
types including non-violent protests and apolitical gatherings (see gray text).
casesofracialthreatcorrespondwithfeelingsthatthestateisfailingtoadequatelyprotect
membersoftheingroupand,therefore,leadtogreatersupportformorepunitivejustice
policy. Fourth,buildingontheearlierpoints,inthewakeofperceptionsofviolencebyan
outgroupandasensethatthestatehasfailedtoensuresafety,membersoftheingroup
o entakeituponthemselvestoprovidesecuritythroughactionsrangingfrommovingto
anewneighborhoodtobuyingaguntoengaginginvigilante“roughjustice.” Fi h,when
theingroupinquestionisthedominantgroupinthesocietyandtheoutgroupisa
subordinategroup,perceptionsofoutgroupviolencewilllikelysparkmoreconsolidated
ethnicandracialblocvotingaswellasashi byasigni cantswathofthedominantgroup
towardamorenativistparty.
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Figure 3.3.1: Subjects are recruited from Amazon Mechanical Turk (MTurk), provide basic demographic
information, are randomized into the “apolitical” or “political” condition and then either receive the treat-
ment or the control condition. Following treatment, subjects take the White Identity Centrality Implicit
Association Test (WICIAT). After the WICIAT, subjects are randomized into one of three ultimatum game
scenarios and, ﬁnally, complete some additional political and racial attitudes survey questions. Upon
completion, subjects are returned to MTurk to be paid.
 isstudyinvestigateshowexposuretomediawithcuesaboutingroups,outgroups,
violenceandpoliticscanshapeidentity,a itudesandbehavior. Figure . . presents
threepossiblevariationsofinterest: whetherscenesdepictedinmediaareprimarily
violentornon-violent,politicalorapoliticalandprimarilyinvolveblacksorwhites.³  is
paperonlyanalyzesvariationinresponsestoviolentimageryinwhichthepolitical
contentandtheraceofactorsisrandomlyassigned.⁴
Figure . . presentsa owchartshowinghowsubjectsmovethroughtheexperiment.
Overall,thedesignhasthreedimensionsacrosswhichasubjectcouldberandomly
³Another possible variable of interest to address in future research is the number of people involved
intheincident. Conceivably,perceptionsofviolencebyafewindividualsmightbemuchlessthreatening
thanviolencebygroupsormanygroups.
⁴ ediﬀerentialeﬀectsofnon-violentvs. violenteventswillbethesubjectoffutureextensionstothis
research. Inparticular,itwouldbeilluminatingtotestwhethernon-violentprotestsbyasubordinategroup
produce a signi cantly diﬀerent response in racial identi cation among members of the dominant group.
Such a result might help explain Stephan and Chenoweth (    )’s  nding that non-violent movements
areabouttwiceassuccessfulatachievingtheirgoalsthanviolentmovements.
   assigned. First,inthecontextofasimplevideogame,subjectsarerandomlyassignedto
beshownimagesofblackorwhitemen. Second,withinthesamegame,halfoftheimages
ofmenalsocontainpoliticalslogansandhalfoftheimagesareapolitical. Finally,all
subjectsplayaversionoftheultimatumgameinwhichthenameoftheirco-playeris
randomlyassignedtobeeithertypicallywhite,typicallyblackor‘yourpartner.’  us,the
designisa x x or  conditionexperiment. Eachoftheconditionsisoutlinedin
moredetailbelow.
 eoutcomesofinterestarethesubject’sscoreintheWhiteIdentityCentrality
ImplicitAssociationTest,theiracceptanceorrejectionofanunfairoﬀerinanultimatum
gameandtheirresponsestoaseriesofsurveyquestions.  esurveyquestionsassess
ideology,punitiveness,fearofcrimeandraciala itudes. Almostallofthequestionsare
takenwithli leornochangefrompastAmericanNationalElectionStudies(American
NationalElectionStudies,    ).  esurveyquestionsaredesignedtoteaseoutifthe
variousstimuliaboutrace,politicsandviolencecausemeaningfuldiﬀerencesinopinion.
 .  D   
SubjectsforthisstudyweredrawnfromAmazonMechanicalTurk’s(MTurk)online
labormarket.⁵ Subjectswerepaid  .  forcompletinga  minutesurvey(additionally,
  percentofsubjectsreceived  .  foracceptingtheoﬀerintheultimatumgame).  e
studywasdescribedasasurveyabout“Videogamesandpublicopinion.” Approximately,
  percentoftherespondentsself-reportedbeingnon-Hispanicwhite(andnotofmixed
⁵InkeepingwiththeresultsofBerinsky,HuberandLenz(    ),Imakenoclaimsabouttheexternal
validityofthisnational,unrepresentativeconveniencesample.
   racialancestry). A erexcludingnon-whitesubjectsfromtherespondentpool,   
subjectsremained. Table . . presentssummarystatisticsofselecteddemographic
informationforthewhiterespondents. Asthesubjectswererandomlyassignedtothe
varioustreatmentandcontrolconditions,noneofthedemographicinformation
presentedinTable . . isusedinthestatisticalanalysesthatfollow.⁶
Table 3.4.1: Summary Demographic Characteristics of White Respondents
Variable N Mean Min Max SD
  Male      .    .    .    .  
  Democrat      .    .    .    .  
  Republican     .    .    .    .  
  Independent      .    .    .    .  
  Northeast     .    .    .    .  
  Midwest     .    .    .    .  
  South      .    .    .    .  
  West     .    .    .    .  
  HighSchool/GED      .    .    .    .  
   BA      .    .    .    .  
   MA+    .    .    .    .  
   Self-reportedIncome       ,   .    ,   .      ,   .     ,   .  
⁶In a future extension of this paper, I would like to considerably expand the number of subjects and
a empttosubsetthedatabygender,region(i.e. South),incomeandotherpossiblefactorstoseeifother
pa ernsemerge.
    .  C                                                     
                     ?
 evideogameimageexperimentsevaluatetheeﬀectsonwhiteidentityofexposureto
imagesofwhiteandblackarmedandunarmedmen. A ercompletingasurveythat
collectsstandarddemographicinformation,subjectsplayedoneoffourversionsofthe
PoliceOﬃcerDilemmaTask(PODT)(Correlletal.,    ). InthePODT,stillimagesof
whiteorAfricanAmericanmenholdinggunsorotherobjectsappearinfrontofcomplex
backgroundsandparticipantsmustdecideinunderonesecondbetween“shooting”
armedtargetsor“notshooting”unarmedtargets. IntheoriginalPODT,halfofthethe
imagesareofwhitemenandhalfoftheimagesareofblackmenandtheobjectofthe
studyistomeasurediﬀerences,bytheraceofthe“target,”inhowsubjectsrespondto
armedandunarmedmen. SeeFigure . . forexampleimagesofunarmedmen.
Figure 3.5.1: Two sample images from the Police Ofﬁcer’s Dilemma Task of an unarmed white man hold-
ing a cell phone and an unarmed black man holding a wallet in front of a complex background. Images
like these, and those of armed men, are used in both the apolitical and political outgroup violence exper-
iment.
Forthisstudy,thePODTismodi edintwoways. First,subjectsaredividedinto
   Figure 3.5.2: Two sample images of an armed black man. The image on the left is used in the apolitical
outgroup violence experiment and comes from the original PODT. The image on the right includes the
slogan “Fight for Freedom” and comes from the political condition of the modiﬁed PODT.
“apolitical”and“political”conditions. Intheapoliticalcondition,asintheoriginal
PODT,thereisnoexplicitpoliticalcontenttotheinstructionsorimages.  eunarmed
menaredescribedas“goodguys”andarmedmenas“badguys”. Inthepolitical
condition,theinstructionsaremodi edsothatinsteadofshooting“badguys,”subjects
areinstructedtoshootmembersofa“militantpoliticalgroup.” Additionally,theimages
aremodi edtoincludeprotestsignsorgraﬃtiwithpoliticalmessageslike“Ballotor
Bullet”or“FightforFreedom.”⁷ Figure . . showsexampleimagesofanarmedmanin
boththeapoliticalconditionandpoliticalcondition(notethesigninthebackground).
Second,wheretheoriginalPODTpresentsanevenmixofwhiteandblackmen,inthe
modi edPODTsubjectsarerandomlyassignedtoplaythegameseeingimagesonlyof
whitemenoronlyofblackmen.⁸
⁷ erearetwentyslogans,themajorityofwhicharetakenfromh p://www.teapartyslogans.comand
modi ed slightly to be as short as possible. All slogans were selected or edited to be plausibly applicable
to both black and white political activists.  e original PODT images were retouched to incorporate the
slogansinwaysthatwereappropriatetoeachphoto.  elistofsloganscanbeseeninSection . . .
⁸In a future extension, I would like to compare results from single race imagery to no race imagery
and mixed race imagery. In addition, I would like the treatment to incorporate video imagery of actual
protests. While a majority of the video footage might be ambiguous as to key details of the event (i.e.
   Followingexposuretooneofthefourvideogamescenarios(again,seeFigure . . for
thefourPODTconditions)subjectscompletetheWhiteIdentityCentralityImplicit
AssociationTest(WICIAT)tomeasurethedegreetowhichtheyseethemselvesas
membersofawhiteingroup(KnowlesandPeng,    ). Inthecontextofthisstudy,the
WICIATscoreisanindicatoroftheeﬀectsonwhiteidentityofexposuretocuesabout
race,politicsandviolence.  eWICIATisanextensionoftheImplicitAssociationTest
(IAT)developedbyGreenwald,McGheeandSchwartz(    ). KnowlesandPeng
(    )conceptualizewhiteidenti cationas,“thedegreetowhichanindividualhas
incorporatedWhiteingroupmembershipintohisorherself-concept”(p.    ).
Inthetest,subjectsareaskedtosortwordslike“I,me,myself”and“them,other,
themselves”intothecategories“Me”and“NotMe.” Inaddition,subjectsareaskedtosort
imagesofblackmaleandwhitemalefacesintothecategories“White”and“NotWhite.”
Aswithotherimplicitassociationtests,theWICIATmeasuresresponselatencieswhen
subjectsneedtocategorizestimuliintopairsofcategories. Putanotherway,theWICIAT
measuresthedegreetowhichasubjectexhibitsanautomaticassociationbetweenthe
conceptsWhiteandself.⁹
birds-eyeviewsoflargenumbersofpeoplemassing)afewsecondsofthevideoclipcouldcuethesubject
astowhethertheeventwaspoliticalorapolitical,includedviolentornon-violenttacticsandwhetherthe
primary actors were white or black. Another approach might be to use other less visceral but more easily
manipulatedmedia,suchasnewspaperclips,torepresentavarietyofeventswithtextandstillimages.
⁹Knowles and Peng (    ) validate the WICIAT with four other tests. For example, they assess how
exposure to an outgroup changes racial identi cation and  nd, “participants from largely non-White re-
gionsscoredhigherinimplicitWhiteidentitycentralitythandidparticipantsfrompredominantlyWhite
counties.” In a validation test in which subjects are asked to categorize racially ambiguous faces, “partic-
ipants scoring high on the WICIAT tended to exclude racially ambiguous faces from the White ungroup
…morethandidweaklyidenti edparticipants.” Finally,inresponsetoreadingabouttheepidemicofblack
lynchings in American history, Knowles and Peng  nd “high-WICIAT participants experienced higher
levels of negative self-evaluative emotion (i.e., guilt, shame, and embarrassment) than did low-WICIAT
individuals.”
   Table 3.5.1: Summary Statistics of White Identity Centrality
Variable Condition N Mean Min Max SD
  WhiteIdentityCentrality Allimages      .   - .    .    .  
  WhiteIdentityCentrality Whiteimages      .   - .    .    .  
  WhiteIdentityCentrality Blackimages      .   - .    .    .  
  WhiteIdentityCentrality Politicalimages      .   - .    .    .  
  WhiteIdentityCentrality Apoliticalimages      .   - .    .    .  
  WhiteIdentityCentrality White&politicalimages     .   - .    .    .  
  WhiteIdentityCentrality White&apoliticalimages     .   - .    .    .  
  WhiteIdentityCentrality Black&politicalimages     .   - .    .    .  
  WhiteIdentityCentrality Black&apoliticalimages     .   - .    .    .  
Table . . presentssummarystatisticsofscoresontheWICIATforallsubjectsand
forthosesubjectsexposedtowhiteimages,blackimages,politicalimages,apolitical
imagesandthevariouscombinations. AscanbeseeninTable . . ,themeanWICIAT
scorevariessubstantiallyforthoseshownwhiteimagesinthesimplevideogameas
comparedtothoseshownblackimages.¹⁰  emeanWICIATscoredoesnotvarymuch,
however,basedonthepoliticalcontentoftheimages.
Figure . . plotstheestimateddiﬀerenceinmeanWICIATscoresand  percent
con denceintervalsusingWelch’sTwoSamplet-test.  e rstestimateisforthe
¹⁰Unexpectedly, subjects shown the white images exhibit higher mean WICIAT scores than those ex-
posed to the images of black men. In other words, ingroup imagery raised group identi cation and/or
outgroupimageryloweredgroupidenti cation. Onepossibleexplanationforthisoutcomeisthat,indis-
ambiguating armed from unarmed men, the subject is forced to develop a more complicated and sympa-
thetic view of the target group. Another possible explanation is that subjects will inevitably accidentally
“shoot”anunarmedtargetandthismaygenerateafeelingofempathyratherthanantipathy. Itmayalsobe
possiblethatexposuretoracializedimagerycreatessomedegreeofidenti cationwiththeimages. Further
testingisneeded.
   diﬀerenceinmeansforsubjectsexposedtoimagesofwhitemenascomparedwiththose
exposedtoimagesofblackmen.  esecondestimateisthediﬀerenceinmeansfor
subjectsexposedtoimageswithpoliticalslogansascomparedwiththoseexposedto
imageswithnopoliticalslogans.
Figure 3.5.3: Difference in means for White Identity Centrality by white images versus black images and
political images versus apolitical images.
Whateﬀectdoesexposuretoimagesofarmedandunarmedwhitemen(ascompared
withsimilarimagesfeaturingblackmen)haveonidenti cationwithawhiteingroup?
Figure . . suggeststhatexposuretoimagesofwhitemen(ascomparedtoblackmen)
signi cantlyincreasedsubjects’WhiteIdentityCentralitymeasuresbyabout .  units.
 escalefortheWICIATrunsfrom- . to . andtheresultsinFigure . . representa
shi ofabout .  ofastandarddeviationforthesubjectsofthestudy. Insubstantive
terms,anincreaseintheWICIATscoreof .  unitswouldbeenoughtomovesomeone
fromexhibiting“li leorno”implicitassociationbetweenthemselvesandawhite
ingrouptoexhibiting“aslight”association. Or,itwouldbeenoughtoshi manysubjects
fromfrom“aslight”associationbetweenthemselvesandawhiteingroupto“amoderate
   association.”¹¹  oughneithershi isdramatic,bothsuggestthat,atthemargin,itis
possibletomeaningfullyincreaseingroupidenti cation.
Figure 3.5.4: Difference in means for White Identity Centrality by interaction of racialized and politicized
images.
Figure . . disaggregatestheresultsinFigure . . toviewtheinteractioneﬀectsof
raceandpoliticsonWhiteIdentityCentrality.  eresultspresentedinFigure . . 
suggestthatthepositiveandsigni canteﬀectofwhiteimagery(relativetoblackimagery)
onWhiteIdentityCentralityisdrivenlargelybythecombinationofpoliticalcontent
withrace. Subjectsexposedtowhiteimageswithpoliticalslogansascomparedtoblack
imageswithpoliticalslogans,exhibitedapositiveandsigni cantincreaseof
approximately .  intheirWICIATor . ofastandarddeviationwithinthissample.
 emeanWICIATscoresinthethreeotherconditionsofthemodi edPODTarenot
¹¹Conventional interpretation of the IAT suggests scores between   to  .   exhibit “li le or no” au-
tomatic preference. Scores > .   but   .   exhibit “a slight” automatic preference. Scores > .  
but   .   exhibit “a moderate” automatic preference and scores   .   are interpreted to exhibit “a
strong” automaticpreference.
   statisticallydiﬀerentfromzero.
 . .  D   W    I       C                                   ?
Table 3.5.2: Logistic Regression of White Identity Centrality on Favoring Indeﬁnite Detention for Sus-
pected Terrorists without Due Process, by Exposure to Images
White White& White& Black Black& Black&
(All) Political Apolitical (All) Political Apolitical
WhiteIdentityCentrality  :    :     :    :     :    :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
N                    
AIC    :     :     :      :     :     :  
BIC    :      :     :      :     :     :  
logL    :      :      :      :      :      :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
Isthereanysubstantiveeﬀectofanincreaseinasubject’sWICIATscore? Two
additionalresultssuggeststhereis. Followingexposuretothemodi edPODTandthe
ultimatumgame,subjectswereaskedaseriesofsurveyquestions.  e rstquestionwas
“ImaginethattheU.S.governmentsuspectsapersonintheUnitedStatesofbeinga
terrorist. Doyoufavor,oppose,orneitherfavornoropposethegovernmentbeingableto
putthispersoninprisonformonthswithouteverbringingthepersontocourtand
charginghimorherwithacrime?”
Table . . presentstheresultsofsixlogisticregressionsontherelationshipbetween
WhiteIdentityCentralityandfavoringoropposingamorepunitivecriminaljustice
   policyforsuspectedterrorists.¹²  e rstthreecolumnsofTable . . ,presentthe
estimatedrelationshipforsubjectsshownwhiteimages.  efourththroughsixth
columnspresenttheresultsforthosesubjectsshownsimilarimagesofblackmen.  e
regressioncoeﬃcientsforsubjectsshownwhiteimagesarenotstatisticallydiﬀerentfrom
zero.  eresultsinthe“Black(All)”columnpresenttherelationshipforthosesubjects
exposedonlytoimagesofblackmen. Incontrasttotheresultsforthoseexposedtowhite
images,showingsubjectsimagesofblackmencausesasigni cant,positiverelationship
betweenWhiteIdentityCentralityandfavoringinde nitedetention. Forthemedian
subjectexposedtotheimagesofblackmen,aoneunitincreaseinWhiteIdentity
Centralityisassociatedwithanapproximately   percentincreaseintheoddsof
favoringaharshcriminaljusticeapproachtoallegedterrorists.¹³¹⁴
Further,indisaggregatingtheeﬀectofblackimagesbytheirpoliticalcontent,it
becomesclearthatthepositiveandsigni cantresultsforsubjectsshownblackimagesare
drivenentirelybytheeﬀectsofblackandapoliticalimages. AsTable . . presents,the
eﬀectofshowingsubjectsblackandpoliticalimagesisstatisticallyindistinguishablefrom
zero.  eeﬀectofblackandapoliticalimagesishighlysigni cant. Itappearsthatthe
inclusionofpoliticalcontentinthetreatmentsigni cantlya enuatestheeﬀectof
exposuretoblackandapoliticalimages.
 eresultsinTable . . alsooﬀersomeinsightintopossiblemechanismsbywhich
racialthreatmayoperate. First,exposuretoviolencebyaningroupdoesli letolink
¹²AlldatawerecollectedbeforetheBostonMarathonbombingonApril  th,    .
¹³ roughout this paper, I convert the log odds coeﬃcients of of logit regressions into more inter-
pretablepercentagepointchangesinoddsratios.
¹⁴RemovingtheobservationswithlowestandthehighestWICIATscoresa enuatesthisresultslightly
and the coeﬃcient on White Identity Centrality, for subjects exposed only to black images, is signi cant
atthe  percentlevel,notthe percentlevel.
   ingroupidentitytoa itudesaboutdueprocess. Exposuretoviolencebyanoutgroup,
however,appearstocauseasigni cantincreaseinthesalienceofwhiteidentitywith
regardtoissuesofsafetyandjustice. Second,incontrasttothepredictionsofSidanius
andPra o(    ),inthiscaseitappearsthatperceptionsofapoliticalviolencebyan
outgroup,ascomparedwithpoliticalviolence,maybeespeciallycriticalinheightening
thesalienceofwhiteidentitywithregardtopunitiveness.¹⁵
 eresultsinTable . . alsospeaktoalargerdebateinsocialscienceabouthow
violentprotestsarecategorized. Termslike“riot”and“rebellion”conveydiﬀerent
interpretationsaboutwhetheramovementoreventwas“merecriminality”orapolitical
“uprising.” Intheformercase,theresultsinTable . . suggestincreasingWhiteIdentity
Centralityisstronglyassociatedwithfavoringgreaterpunitivenessand,inthela er,no
eﬀectatall.  eseresultsalsohaveimportantimplicationsinthecontextofthepolitical
violenceintheUnitedStatesinthe    sandtherisingpunitivenessofcriminaljustice
policyinthedecadesthatfollowed.  eseresultssuggestthatviolentprotestsbywhites
overissuesliketheVietnamwarmayhavebeenfarlessimportantthanperceptionsof
risingapoliticalviolencebyblacksatmovingpublicopiniononcriminaljusticeissues.
Finally,theseresultsoﬀerinsightintowhyitiso enexpedientforopponentsofa
movementtocon ateviolentprotestswithapoliticalcriminalactivity.
 . .  D   W    I       C                                    ?
¹⁵ at political violence by an outgroup did not increase the salience of white identity in this case
may be an artifact of several distinctive aspects of this study. For example, political slogans like “ ght
forfreedom”or“nototyranny”mayprimesubjectstobemoreconcernedwithissuesofdueprocesswith
suspected terrorists.  e slogans may also be perceived to support right-of-center values and, therefore,
dampen anti-black aﬀect by countering stereotypes of blacks as liberals. In the future I plan to run a sen-
timentanalysisofthesloganstotestwhethertheyareperceivedtohavealiberalorconservativeskew.
    eunfairultimatumgameexperimentsuggestswaysinwhichracialidenti cation,as
measuredbyWICIAT,mightin uenceactionsaswellasopinions. Inaconventional
ultimatumgame,twoplayersdecidehowtosplita xedsumofmoney.  e rstplayer,or
proposer,decideshowtosplitthethemoneyandthesecondplayer,orresponder,
choosestoacceptorrejecttheoﬀer. Iftheoﬀerisaccepted,bothplayersreceivetheir
respectivesplitofthemoney. Iftheoﬀerisrejected,bothplayersreceivenothing. A
rejectionistypicallyunderstoodasacostlywayforthesecondplayerpunishthe rstfor
makinganunfairproposal. Acrossmanyultimatumgameexperiments,themodaloﬀer
madebyproposersistosplitthemoney  –  . Oﬀersoflessthan  percentofthetotal
sumaretypicallyrejectedbyabouthalfoftheresponders(Yamagishietal.,    ;
Camerer,    ).
Intheunfairversionoftheultimatumgame,subjectsbeganbyenteringa rstnameor
aliastouseinthecourseofthegameplay.¹⁶  esubjectswerethenaskedtowaitafew
momentswhileanother“player”wasenrolledintothegameandtherespectiverolesof
proposerandresponderwereassigned. Inactuality,theco-playerwasnotapersonbut
ratheraso warescriptandthesubjectwasalwaysassignedtheroleofsecondplayeror
responder. Inaddition,thecomputerco-playeralwaysmadethesamelowoﬀertosplita
  .  potwith  .  totheproposerand  .  tothesubject.¹⁷¹⁸
HowisWhiteIdentityCentralityassociatedwiththeprobabilityofacceptinganunfair
¹⁶Tomaintaincompleteanonymityofsubjects,this rstnameinformationisnotlinkedtothesubject’s
responses.
¹⁷ ough ten cents is not a lot of money relative to the median American income, it represented a
possible  percentbonusforasinglekeystrokeinataskthatsubjectsknewwouldtakeabout  minutes
andforwhichthey’dbepaidatarateofabout  .  aminute.
¹⁸In a manipulation check presented at the end of the survey,    percent of the respondents indicated
that they found the oﬀer to be unfair,   percent indicated they found the oﬀer to be fair and    percent
indicatedtheywereuncertain.
   Table 3.5.3: White Identity on Accepting an Unfair Offer in an Ultimatum Game, by Exposure to White &
Political, White & Apolitical, Black & Political and Black & Apolitical Images
White White& White& Black Black& Black&
(All) Political Apolitical (All) Political Apolitical
WhiteIdentityCentrality  :    :    :     :    :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
N                    
AIC    :      :      :      :      :      :  
BIC    :      :      :      :      :      :  
logL     :      :      :       :      :      :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
oﬀerinanultimatumgame? IndependentoftheWICIATscore,subjectsacceptedthe
unfairoﬀeronaverage  percentofthetime. Table . . presentstheresultsofsix
logisticregressionsinwhichthepredictorisWhiteIdentityCentralityandtheoutcomeis
whethersubjectsacceptedorrejectedtheunfairoﬀer.  e rstthreecolumnsof
Table . . presenttheresultsforvariousconditionsofexposuretowhiteimages.  elast
threecolumnspresentthesamemodelbutforthoseobservationsexposedtoblack
images. Exposuretoallwhiteimages(butnotthewhitepoliticalorwhiteapolitical
conditionsindependently)causesWhiteIdentityCentralitytobepositivelyand
signi cantlyassociatedwithacceptinganoﬀerintheunfairultimatumgame. Forthe
mediansubjectexposedtowhiteimages,aoneunitincreaseinWhiteIdentityCentrality
associatedwithan   percentincreaseintheoddsofacceptinganoﬀer. Conversely,
exposingsubjectstoblackandapoliticalimages(butnotblackimagesgenerallyorblack
   politicalimages)causesWhiteIdentityCentralitytobenegativelyandsigni cantly
associatedwithacceptinganoﬀerintheunfairultimatumgame. Forthemediansubject
exposedtoblackandapoliticalimages,aoneunitincreaseinWhiteIdentityCentralityis
associatedwitha  percentdecreaseintheoddsofacceptinganoﬀer.
Figure . . presentsaplo edversionoftheresultsincolumn ofTable . . .
Figure . . isasca erplot,forsubjectsexposedtowhiteimages,oftherelationship
betweenWhiteIdentityCentralityandacceptingtheunfairoﬀer.  esmoothedline
indicatesthepredictedprobabilityofacceptingtheoﬀerasWhiteIdentityCentrality
increases(witha  percentcon denceintervalindarkergray). AsinTable . . ,for
subjectsexposedtothewhiteimages,increasingWhiteIdentityCentralityisassociated
withagreaterwillingnesstoacceptanunfairoﬀer. Bycontrast,Figure . . plotsthe
resultsseenincolumnsixofTable . . andshowsthat,forsubjectsexposedtoblackand
apoliticalimages,increasingWhiteIdentityCentralityisassociatedwithasharply
decreasingprobabilityofacceptinganunfairoﬀer. Putsimply,exposuretowhiteimages
causeswhiteidentitytobemoreassociatedwithgenerosityandexposuretoblackand
apoliticalimagescauseswhiteidentitytobeassociatedwithpunishment.
 .  D                                                          
         “                  ?”
Beyondwhiteidentity,whatdirecteﬀectdoviolentandpoliticizedimagesofwhiteand
blackmenhaveonsubjects’propensitytopunishwhenpresentedwithanunfairoﬀerin
anultimatumgame? Additionally,howdothoseacceptancerateschangewhensubjects
receiveacuethattheirco-playerisaco-ethnicoramemberofaracialoutgroup?  ese
   Figure 3.5.5: Among subjects who have been exposed to white images, irrespective of whether the
images are political or apolitical, increasing White Identity Centrality is associated with an increasing
probability of accepting an offer in the ultimatum game. The blue line is a smoothed logistic regression
line estimating the predicted probability of accepting an offer as White Identity Centrality increases. The
grey area around the blue line is the 95 percent conﬁdence interval.
twoquestionsinformthetasteforpunishmentexperiments.
Asmentionedpreviously,intheunfairultimatumgameexperiment,subjectsrespond
toaproposalinwhich  .  issplittwowayssuchthat  .  wouldgototheproposer
and  .  wouldgotothesubject. Undertherulesofthegame,rejectingsuchanoﬀer
resultsinneitherplayerreceivinganypayment. Giventhat  .  isbe erthannothing,a
purelyrationalresponsewouldbeforthesubjecttoalwaysacceptevenaloworunfair
oﬀer.  erejectionofanunfairoﬀeristypicallyinterpretedasawayfortheresponderto
punishanunfairoﬀerfromtheco-playerand,so,isausefulinstrumenttogaugewhether
theexposuretoimageswithcuesaboutrace,violenceandpoliticsin uencessubjects’
punitiveness.
   Figure 3.5.6: Among subjects who have been exposed to black and apolitical images (but not black and
political images), increasing White Identity Centrality is associated with a sharply decreasing probability
of accepting an offer in the ultimatum game.
 . .  T                           ‘T   ’   ‘J    ’
Inadditiontoreceivinganunfairoﬀer,subjectsarerandomlyassignedaco-playerwith
eithera rstnametypicalofwhitemen,a rstnametypicalofblackmen,or,inthe
controlcondition,“yourpartner.” Forexample,onesubjectmightbetoldtheco-playeris
named“Todd,”whileanothersubjectmightbetoldtheco-playerisnamed“Jamal.”¹⁹  e
nameexperimentevaluateswhetherreceivingasignalaboutracechangestheacceptance
andpunishmentratesfor“white,”or“black”co-playersascomparedtoaracially
unidenti edco-player.
¹⁹ e names are taken from Bertrand and Mullainathan (    ). To identify names that signal race,
Bertrand and Mullainathan collect baby name data from Massachuse s birth certi cates between     
and    .  eyde neracially distinctivenamesas, “thosethathavethehighestratio of frequencyin one
racialgrouptofrequencyintheotherracialgroup”(p.    ).  eyfurthervalidatetheracialdistinctiveness
ofthenameswithasmallsurveyinChicago.
   Table 3.6.1: Summary Statistics of Effects of Images and ‘White’ Name as Co-Player on Accepting an
Unfair Offer in an Ultimatum Game
Variable Condition  Condition  N Mean Min Max SD
  Acceptoﬀer Allimages ‘White’name      .    .    .    .  
  Acceptoﬀer Whiteimages ‘White’name     .    .    .    .  
  Acceptoﬀer Blackimages ‘White’name     .    .    .    .  
  Acceptoﬀer Politicalimages ‘White’name     .    .    .    .  
  Acceptoﬀer Apoliticalimages ‘White’name     .    .    .    .  
  Acceptoﬀer White&politicalimages ‘White’name     .    .    .    .  
  Acceptoﬀer White&apoliticalimages ‘White’name     .    .    .    .  
  Acceptoﬀer Black&politicalimages ‘White’name     .    .    .    .  
  Acceptoﬀer Black&apoliticalimages ‘White’name     .    .    .    .  
Table . . presentsthesummarystatisticsoftheeﬀectsofexposingsubjectstosignals
aboutrace,violenceandpoliticsontheirpropensitytoacceptorrejectanunfairoﬀer
fromaco-playerwithatypicallywhitename. AsindicatedinRow ofTable . . ,across
allsubjectsplayingtheunfairultimatumgameagainsta‘white’player,themean
acceptanceratewas  percent.  eremainingrowsofTable . . ,withtheexceptionof
therowfortheblackandapoliticalcondition,showli levariation. Subjectsexposedto
theblackandapoliticalimages(Row )acceptedonly  percentoftheunfairoﬀers.
Table . . presentstheresultsofsixlogisticregressionsinwhichthenameofthe
co-playeristhepredictorvariableandacceptingorrejectinganunfairoﬀerinthe
ultimatumgameistheoutcome. ForallobservationsinTable . . ,halfofthesubjects
wererandomlyassignedtypicallywhitenamesastheco-playerandhalfofthesubjects
   Table 3.6.2: Logistic Regression of Effect of Images and ‘White’ Co-Player on Accepting an Offer in an
Unfair Ultimatum Game (as Compared to ‘Your partner’)
White White& White& Black Black& Black&
(All) Political Apolitical (All) Political Apolitical
WhiteIdentityCentrality  :    :    :     :    :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
N                    
AIC    :     :     :      :     :     :  
BIC    :     :      :      :      :     :  
logL    :      :      :      :      :      :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
playedagainst‘yourpartner.’²⁰ Echoingearlierresults,exposuretowhiteimagesanda
whitenamecausesgreateracceptanceofanunfairoﬀer. Forsubjectsexposedtoblack
imagesanda‘white’name(ascomparedto‘yourpartner),thecoeﬃcientsonthepolitical
andapoliticalconditionsdiverge.  oughnotstatisticallydiﬀerentfromzero,subjects
exposedtoblackpoliticalimagesexhibitmoregenerosityfortypicallywhitenames
relativeto‘yourpartner’andsubjectsshownblackapoliticalimagesare,onceagain,
signi cantlymorepunitive. Tovisualizetheseresults,seeFigure . . intheAppendix.
Howdosubjectsrespondwhentheirco-playeris‘black’? Table . . oﬀerssummary
statisticsfortheeﬀectsofimagesonratesofacceptinganunfairoﬀerwhenasubjectis
presentedwitha‘black’co-player. Table . . presentssixlogisticregressioncoeﬃcients
²⁰Identifyinganappropriatecontrolforcuesaboutraceisdiﬃcultassubjectsinamajoritywhitecoun-
trymayconsciouslyorunconsciouslyassume‘yourpartner’iswhiteand,therefore,projectraceontothe
co-playerevenwhennoexplicitracialcueisprovided.
   Table 3.6.3: Summary Statistics of Effects of Images and ‘Black’ Name as Co-Player on Accepting an
Unfair Offer in an Ultimatum Game
Variable Condition  Condition  N Mean Min Max SD
  Acceptoﬀer Allimages ‘Black’name      .    .    .    .  
  Acceptoﬀer Whiteimages ‘Black’name     .    .    .    .  
  Acceptoﬀer Blackimages ‘Black’name     .    .    .    .  
  Acceptoﬀer Politicalimages ‘Black’name     .    .    .    .  
  Acceptoﬀer Apoliticalimages ‘Black’name     .    .    .    .  
  Acceptoﬀer White&politicalimages ‘Black’name     .    .    .    .  
  Acceptoﬀer White&apoliticalimages ‘Black’name     .    .    .    .  
  Acceptoﬀer Black&politicalimages ‘Black’name     .    .    .    .  
  Acceptoﬀer Black&apoliticalimages ‘Black’name     .    .    .    .  
fortheeﬀectofhavinga‘black’co-playeronacceptinganunfairoﬀer(incontrastto‘your
partner’). Aswiththeearlierresults,whiteimages,particularlywhiteandpoliticalimages,
causehigherratesofacceptance. And,similarly,thesignsontheblackpoliticalandblack
apoliticalconditiondivergewiththeblackapoliticalcondition,onceagain,causinga
negativeandstatisticallysigni cantchangeintheacceptancerate.
Perhapssurprisingly,thediﬀerencesinacceptanceofanunfairoﬀerbetweensubjects
randomlyassigneda‘white’co-playeranda‘black’co-playerarenotstatistically
signi cant. Table . . presentstheestimatedeﬀectsofexposuretovariouscombinations
ofimagesandbeingassigneda‘white’co-playerascomparedwitha‘black’co-player.
NoneofthecoeﬃcientsinTable . . arestatisticallydiﬀerentfromzero.
 ereresultsoftheunfairultimatumgameexperimentsarealsoimportant
theoretically. First,thegreaterwillingnessofsubjectstoacceptanunfairoﬀerwhen
   Table 3.6.4: Logistic Regression of Effect of Images and ‘Black’ Co-Player on Accepting an Offer in an
Unfair Ultimatum Game (as Compared to ‘Your partner’)
White White& White& Black Black& Black&
(All) Political Apolitical (All) Political Apolitical
‘Black’Name  :    :    :     :    :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
N                    
AIC    :     :     :      :     :     :  
BIC    :     :     :      :     :      :  
logL    :      :      :      :      :      :  
Standarderrorsinparentheses
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Table 3.6.5: Effect of Images and ‘White’ Co-Player on Accepting an Offer in an Unfair Ultimatum Game
(as Compared to ‘Black’ Co-Player)
White White& White& Black Black& Black&
(All) Political Apolitical (All) Political Apolitical
‘White’Name  :    :    :    :    :     :  
( :  ) ( :  ) ( :  ) ( :  ) ( :  ) ( :  )
N                    
AIC    :     :     :      :     :     :  
BIC    :      :     :      :     :      :  
logL    :      :      :      :      :      :  
Standarderrorsinparentheses
 indicatessigni canceatp <  :  
   primedwithwhiteimagessupportsargumentssuggestingatleastsomeaspectsofracial
threatmayoperateasingroupbiasoraﬃnityratherthansolelyasoutgroupantipathy.
Second,thegreaterlikelihoodthatsubjectswouldpunishanunfairoﬀerwhenprimed
withblackandapoliticalimagessuggests,nevertheless,thatoutgroupantipathyisstilla
signi cantfactoringroupthreat.  ird,thesigni cantroleofpoliticalslogansin
increasingthepropensitytoacceptforboth‘white’and‘black’namessuggeststhat
politicalmessagingdoesma ersigni cantlyinhowpeopleinterpretwhatisfair(orat
leastacceptable). Fourth,thoughsubjectsweremorelikelytoacceptanunfairoﬀerfrom
a‘white’co-playerthana‘black’co-player,theresultswerenotstatisticallysigni cantly
diﬀerentfromzero. Giventhatsubjectsweresigni cantlymorepunitiveagainsta
co-playeridenti edonlyas‘Yourpartner,’thelackofdiﬀerentiationbetween‘white’and
‘black’co-playerssuggeststhat,atleastinthecontextofthisonlinelabexperiment,the
cueofaracializednameislesspowerfulthanothersortsofoutgroupbias.
 .  D         
Doviolentproteststriggera“circlethewagon”mentality?  eresultsofthisexperiment
oﬀertentativesupportwhileraisingadditionalquestions. First,aspredictedbyWasow
(    ),exposuretoviolentandpoliticalmediacanincreasethesalienceofwhiteidentity.
However,contrarytoprediction,subjectsexposedtoimagesoftheblackoutgroup
exhibitedlower measuresofingroupidenti cationthandidsubjectsexposedtoimagesof
thewhiteingroup. Second,aspredicted,heightenedidentitywasassociatedwithgreater
punitiveness.  eassociationbetweenheightenedidentityandpunitiveness,however,
wasnotuniformacrosstreatmentconditionsandoperatedonlyforthoseprimedby
   apoliticalimagesoftheblackoutgroup.  ird,thoughexposuretoblackimageswas
associatedwithanincreaseinthepercentageofrespondentswhoidenti edthemselvesas
conservative(asopposedtoliberal),contrarytothepredictionofthe“circlethewagons”
model,theeﬀectsofexposuretovariousimagesdidnotshi ideologyatconventional
levelsofstatisticalsign cance(seeFigure . . intheAppendix).
Beyondthecaseoftheviolentprotestsinthe    s,thisexperimentexploreswhether
racialidentityshouldbeseenassomething xedandstaticor,potentially,moredynamic
andresponsivetostimuli. Inthecontextofthispaper,racialidenti cationcanbeviewed
ashavingtwomeanings.  e rst,alreadydiscussedatlength,involvesanindividual’s
senseofbelongingtoagroup.  esecond,moreacademicmeaning,engagesthe
literatureoncausalinferenceandthechallengeofidentifyingacausaleﬀectofrace. A
widelyheldviewinstatisticsisthatraceshouldbeconsideredan“immutable
characteristic”thatcannotberandomlyassignedandthereforecannotbeisolatedor
identi edasa“treatment.”
BuildingonthetheoreticalframeworkoutlinedbySenandWasow(    ),thispaper
demonstratestwoproblemswiththetraditionalviewofcausalinferencewithrace. First,
someeﬀectsofraceoperateasaformofinformationthatsendsasignaltoapersonor
institution.  esignalingeﬀectofrace,asdemonstratedinthisstudywithimagesand
names,isclearlyamenabletoexperimentalresearchdesigns. Second,incontrastto
argumentsthatraceshouldbeconceptualizedasacoherent,monolithicand xedtrait,
thisstudydemonstratesthatanindividual’sdegreeofracialidenti cationchangesin
responsetostimuliandthatthesechangeshavesubstantiveeﬀectsona itudesand
behavior. Inshort,racialidenti cationma ersinpoliticsandispossibleinstatistics.
    .  A       
 . .  S                        PODT         :
 . Fightback
 . RebellionTime
 . RevolutionTime
 . FreedomorDeath
 . DeposeTyranny
 . WakeUp!
 . Don’tTreadonMe
 . ProtectMyPeople
 . LibertyorDeath
  . JointheResistance
  . NotoTyranny
  . FightforFreedom
  . BallotorBullet
  . RevolutionisBrewing
  . DeclareIndependence
  . MyVoiceOrMyGun
  . It’sUsAgainst em
  . Revolt
  . MyPeople,MyNation
  . TakeOurCountryBack
    . .  S       S             E          I          N        C -P         
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Table 3.8.1: Summary Statistics of Effects of Images and ‘White’ names, ‘Black’ Names and ‘Your part-
ner’ as Co-Players on Accepting an Unfair Offer in an Ultimatum Game
Variable Condition  Condition  N Mean Min Max SD
  Acceptoﬀer Allimages Allnames      .    .    .    .  
  Acceptoﬀer Allimages ‘white’name      .    .    .    .  
  Acceptoﬀer Allimages ‘black’name      .    .    .    .  
  Acceptoﬀer Allimages ‘Yourpartner’      .    .    .    .  
  Acceptoﬀer Whiteimages ‘white’name     .    .    .    .  
  Acceptoﬀer Whiteimages ‘black’name     .    .    .    .  
  Acceptoﬀer Whiteimages ‘Yourpartner’     .    .    .    .  
  Acceptoﬀer Blackimages ‘white’name     .    .    .    .  
  Acceptoﬀer Blackimages ‘black’name     .    .    .    .  
   Acceptoﬀer Blackimages ‘Yourpartner’     .    .    .    .  
   Acceptoﬀer Politicalimages ‘white’name     .    .    .    .  
   Acceptoﬀer Politicalimages ‘black’name     .    .    .    .  
   Acceptoﬀer Politicalimages ‘Yourpartner’     .    .    .    .  
   Acceptoﬀer Apoliticalimages ‘white’name     .    .    .    .  
   Acceptoﬀer Apoliticalimages ‘black’name     .    .    .    .  
   Acceptoﬀer Apoliticalimages ‘Yourpartner’     .    .    .    .  
    . .  D           M    P      E       I       I       
Figure 3.8.1: Difference in Mean Plots for Effect of Images on Ideology
    . .  D           M    P      E       I       A           ‘W    ’
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Figure 3.8.2: Difference in Means Plot for Effect of Images on Accepting for ‘White’ Name vs ‘Your Part-
ner’
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